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Evaluation tools (ET) are an element of the system for assessing the formation of competencies among students in general or at a certain stage of its

formation.
The ET is developed in accordance with the work program (WP) of the discipline.
1. Competencies and training outcomes, obtained upon the discipline mastery

Code and name of

planned training outcomes that
characterize the stages of
competency formation

Competencies Competence indicator

Kpurepuu oueHuBaHus pe3y/jibTaToB 00y4eHUs

Excellent

Good

SatisfactOly

Unsatisfactory







UK-2
Able to manage a project at
all stages of its life cycle

OPK-4 Able to combine
and adapt existing
information and
communication
technologies to solve
problems in the field of
professional

PC-5 Able to select
methods, draw up

CP - 2.1 Formulates the goal of
the project, substantiates its
significance and feasibility

ICM - 2.2 Develops an action
program to solve project
problems, taking into account
available resources and ICP - 2.3
Ensures project implementation
in accordance with established
goals, deadlines and costs.

IOPK-4.2 Takes into account the
basic information security
requirements

IPK-5.1 Uses modern
information processing
technologies and computer
technology when solving
problems of industrial data
analysis

IPK-5.2 Able to collect industrial
data, knows the specifics of such
data

IPC-5.3 Draws up technical
specifications for a task in a
professional area

As a result of mastering the discipline, the
student will Know: - modern tools for
long-term data storage Be able to: - select
tools for long-term data storage for their
practical application Possess: - skills in
using in-depth theoretical and practical
knowledge in the field of constructing
post-relational databases

Know: - approaches and methods for
designing relational and post-relational
database models Be able to: - design
relational and post-relational database
models.

Has a formed
understanding of
modern tools for
long-term data
storage; Has a
formed
understanding of
how to select tools
for long-term data
storage for their
practical
application; Ability
to correctly apply
the skills of using
in-depth theoretical
and practical
knowledge in the
field of constructing
post-relational
databases; Ability
to correctly design
models of relational
and post-relational
databases.

Has a general
understanding of
modern tools for
long-term data
storage; Ability to
correctly apply
skills in using in-
depth theoretical
and practical
knowledge in the
field of
constructing post-
relational
databases; Ability
to correctly
design models of
relational and
post-relational
databases.

Has a weak
understanding of
modern tools for
long-term data
storage; Generally
successful, but not
systematically
implemented
ability to apply
the acquired skills
in using in-depth
theoretical and
practical
knowledge in the
field of
constructing post-
relational
databases;
Generally
successful, but not
systematically
implemented
ability to apply
the skills of
designing a model
of relational and
post-relational
databases.

Has no idea about
modern tools for
long-term data
storage; Does not
know how to apply
skills in using in-
depth theoretical and
practical knowledge
in the field of
constructing post-
relational databases;
Does not know how
to apply skills in
designing models of
relational and post-
relational databases.







1. Oransl q)OPMI/IpOBaHI/IH KOMIIeTEHIIMIi M BUbI OIIEHOYHbBIX Cpeacre

N OTanbl popMUPOBAHKS KOMIETEHIMI Buja oueHo4HOro cpencrpa (TeCThl, 3aIaHUS, KEHCHI,
(]
(pa3neJibl AU CUMILIMHBI) BOMIPOCHI U JIP.)

Wcropus pa3Butus u craHoBiieHus: |OIPOC Ha 3aHATHUAX, IIOATOTOBKA K TAOOPaTOPHEIM 3aHATHSAM,
1. |xoHuenmMK 6a3 TaHHBIX. nyOaMyHast 3amura jaboparopHoit padoTst Ne 1.

PensimmonHbie 6a3bl JaHHBIX.

OOBEKTHO-OpUEHTHPOBAHHBIE
) CYB. [To-cTpensimonnbie 6a3bl

" |marabIX (NoSQL). TemmopansHbIe Onpoc Ha saHATAX

0a3bl JaHHBIX

JOKyMEHTHO-OpUEHTUPOBAHHbBIE Ormpoc Ha 3aHATHAX, HOATOTOBKA K JJa0OPaTOPHBIM 3aHATHSM,
3. |6asbl nannbIX. I'padosbie Gasbl myOaudHas 3anmTa J1adopatopHoi padboTsl Ne 2,3

JTaHHBIX.

2. TunoBble KOHTPOJIbHBIE 3aJaHHS WJIH HHbIE MATEPHAJIbI, HEOOXOAUMbIE /TSI
OLIEHKH 00pa30BaTe/IbHBIX Pe3yJIbTATOB 00y4eHHs

2.1. TunoBeie 3amaHus Ui MPOBEJACHUS TEKYIIETO KOHTPOJIS
YCIIEBAEMOCTH IO TUCIUILINHE

3.1.1. TunoBoe 3ajjanue A 1a60paTOpHON pabOTHI.
1.Cxayatph U yCTaHOBUTH TpeOyeMoe MporpaMMHOe obecrieueHre 0aszy TaHHBIX.
2.Co3natb 6a3y JaHHBIX.
3.0t1paborarts crannaptasie CRUD omneparuu 6a3e JaHHBIX.

3.1.2. TecToBble 3aAaHMs 1)1 TEKYILET0 KOHTPOJIs o TemaMm: [ e
BCPHO CO3daHa KOJ'IJ'IGKL[I/ISI?
« createCollection("Cars");
+ db.collection("Cars ");
» db.create("Cars ");
+ db.createCollection(Cars); O db.createCollection(**Cars *).

['e BepHO ynaneHa KOJUIEKIHS?
» some.drop();

db.drop(Cars) ;
db.drop("Cars ");

db. Cars.delete();

db. Cars.drop().

Uro nenaer cinenyromas KOMaHAa B KOJUleKuuH, coiepxameid 100 mouToBbIX
nokymeHntoB? db.posts.find().skip(7).limit(7) 0O Ilponyctutb W OrpaHUYUTH
OTMEHSIOT Apyr Apyra. Clie1oBaTeIbHO, BO3BPAIIAEM IIEPBbIE CEMb JOKYMEHTOB;

* IIpomyckaeT nepBble ceMb JOKYMEHTOB M BO3BpAIIAET IECTON JOKYMEHT CEMb pas;



* IIponyckaeT nmepBble ceMb JOKYMEHTOB M BO3BpallaeT cieaylomue cemb; [
OrpaHuymBaeT MepBble CeMb JOKYMEHTOB, a 3aT€M BO3BpAIlaeT MX B 00OpaTHOM
TOPSIIIKE.

3.1.3.lHauBuAYyanbHOTO 3a/IaHuUS.
NunuBuayanbHOe 3a7aHue MpeAcTaBiseT co0oil o3HakomieHue ¢ ogHoi noSQL 6a3oif
JTAHHBIX, OTHOCSIIIUXCS K OJTHOMY M3 OCHOBHBIX THUIIOB U TIPEATIONAraeT CIEAYIONINe TCHCTBHS:

1.CkauaTh U yCTaHOBUTH TpeOyeMoe mporpaMMHoOe obecnieueHue 6a3y JaHHBIX.
2.Co3nath 06a3y TaHHBIX.
3.0t1padotats crangaptasie CRUD omeparuu 60aze JaHHBIX.

4. Ortpabotath onepanuy BEIOOPKH JaHHBIX U arperarui.

5.  IloaroroBky otdyera M Npe3eHTALUU

6.  IlyOnmunast 3amuTa paOoOTHl B KOHIIE ceMecTpa. ba3y NaHHBIX CTYICHT
BBIOMPAET CaMOCTOSITETIBHO M COTJIACOBBIBACT C MPEIOJaBATEIICM.

3.2. TunoBsIe 3a1aHMsI 7151 TPOBEACHHS IPOMEKYTOUYHOM aTTECTAIMH 110 JUCITUTITMHE

buner JJI1 OK3aME€Ha COCTOUT U3 IBYX TCOPCTUUCCKHUX U OAHOI'O MPAKTUYICCKOTO BOIIPOCa

buner Nel Bomnpocsr:

1. CpaBHuTEe penALUOHHBIE U TOCTPENSAIUOHHbIE 0a3bl AaHHbIX. Omnumute chepsl
MIPUMEHEHUS MTOCTPEIISIIIMOHHBIX 0a3 TaHHBIX.

2. HazoBuTe OCHOBHBIEC TUIIBI U CTPYKTYpHI JaHHbIX B DB Redis.

3. Co3paiite kouteknuio B MongoDB. MmnopTupyiite naHHBIE W3 BHENIHET0 Habopa
JaHHBIX.(PAcIIOIaraeMoro 1o CChUIKE..)

1. MeToanueckue MaTepHaJbl, ONpee/silolIHe npoueaypbl OLEHNUBAHUS

00pa3oBaTeIbHBIX Pe3ya1bTATOB 00y4eHUsI

PeiiTuHroBas cucrema /Jjisl OleHKHU TeKyLel ycneBaeMOCTH
00y4YarLIMXCS

Tabnuua — bamibHbIEe OIIEHKH IS 2JIEMEHTOB KOHTPOJIS

. MaxkcuMalLHBIA 0allI ¢ OrnenuBaemMas
DJIeMEHTHI yu4eOHOU 1eITeTbHOCTH
Hayajia cemecTpa KOMIIETEHITUS
11*5=55 IIK-4

[ToaroroBka k 1a0OpPaTOPHBIM 3aHATUSAM U
3aIuTa OTYETa 1Mo JJabopaTopHOU paboTe

[1K-4

3amuTa UHANBUYalIbHBIX IPOEKTOB 25




Dx3amMeH

20

[1K-4

Ilepecuer 0a/110B B OLICHKHU IIPOMEKYTOYHOH yCIIeBAEMOCTH

bayel Ha 1aTy KOHTPOJIBHOM TOYKH

Orenka

>90% 0T MakCHUMaJbHOM CyMMBI OaJIJIOB

5 (3auTeHo)

Ot 70% 10 89% OT MakcUMaJIbHOM CyMMBbI OaJIJIOB

4 (3auTeHO)

Ot 60% 1o 69% ot MakcUMaIbHOW CyMMBI OAJIIOB

3 (3auTeHO)

< 60% oT MaKCUMabHOIN CyMMBbI OaJIJIOB

2 (He3a4TEeHO)






