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Evaluation tools (ET) are an element of the system for assessing the formation of competencies among students in general or at a certain stage of its

formation.
The ET is developed in accordance with the work program (WP) of the discipline.
1. Competencies and training outcomes, obtained upon the discipline mastery

Code and name of

planned training outcomes that
characterize the stages of
competency formation

Competencies Competence indicator

Kpurepuu oueHuBaHus pe3y/jibTaToB 00y4eHUs

Excellent

Good

SatisfactOly

Unsatisfactory




OPK-4 Able to combine
and adapt existing
information and
communication
technologies to solve
problems in the field of
professional

PC-5 Able to select
methods, draw up

IPK-5.1 Uses modern
information processing
technologies and computer
technology when solving
problems of industrial data
analysis

IPK-5.2 Able to collect industrial
data, knows the specifics of such
data

IPC-5.3 Draws up technical
specifications for a task in a

professional area

As a result of mastering the discipline, the
student will Know: - modern tools for
long-term data storage Be able to: - select
tools for long-term data storage for their
practical application Possess: - skills in
using in-depth theoretical and practical
knowledge in the field of constructing
post-relational databases

Know: - approaches and methods for
designing relational and post-relational
database models Be able to: - design
relational and post-relational database
models.

Has a formed
understanding of
modern tools for
long-term data
storage; Has a
formed
understanding of
how to select tools
for long-term data
storage for their
practical
application; Ability
to correctly apply
the skills of using
in-depth theoretical
and practical
knowledge in the
field of constructing
post-relational
databases; Ability
to correctly design
models of relational
and post-relational
databases.

Has a general
understanding of
modern tools for
long-term data
storage; Ability to
correctly apply
skills in using in-
depth theoretical
and practical
knowledge in the
field of
constructing post-
relational
databases; Ability
to correctly
design models of
relational and
post-relational
databases.

Has a weak
understanding of
modern tools for
long-term data
storage; Generally
successful, but not
systematically
implemented
ability to apply
the acquired skills
in using in-depth
theoretical and
practical
knowledge in the
field of
constructing post-
relational
databases;
Generally
successful, but not
systematically
implemented
ability to apply
the skills of
designing a model
of relational and
post-relational
databases.

Has no idea about
modern tools for
long-term data
storage; Does not
know how to apply
skills in using in-
depth theoretical and
practical knowledge
in the field of
constructing post-
relational databases;
Does not know how
to apply skills in
designing models of
relational and post-
relational databases.




1. Oransl q)OPMI/IpOBaHI/IH KOMIIeTEHIIMIi M BUbI OIIEHOYHbBIX Cpeacre

OTanbl GOpMUPOBAHMS KOMIETEHUMIA |  Bu/ 0LEHOUYHOI0 cpeacTBa (TECTHI, 3a0aHNUs, KEHChI, BOIPOCH U

(pa3neJibl AU CUMILIMHBI)

ap.)

Bbasnl JaHHBIX «KJIIOY-3HAYCHUCH.

. |Komonounsle 6a3bl JaHHBbIX.

Ornpoc Ha 3aHATHSX, TOATOTOBKA K Ta00PATOPHBIM 3aHSATHSIM,
myOJIMYHas 3a1uTa JadopaTopHoil padoThl Ne 4,5

[Ipomexxyrounast arrectanus (1o
pe3yabTaTaM BhIOIHEHHS
nabopaTopHbIX padboT (min 70%) u
Npe3eHTaluU HHANBUIYaIEHOTO
MpOeKTa -2-3 MHUH/4eI.)

[Ty6nuuHOe Mpe/cTaBlIeHHUE U 3AIUTA PE3yIbTATOB UHANBUIYATLHOTO
MPOEKTa.

2. TunoBbie KOHTPOJIbHBIE 32JaHUSI WJIM MHbIEe MATEPHAJIbI, HE00X0MMBbIe 11
OLICHKH 00pa30BaTeJIbHBIX Pe3yJIbTATOB 00yUeHUs!

2.1.

Tumnossie 3aaHusa [JId MMPOBCACHHUA TCKYIICTO KOHTPOJIA

yYCII€BAEMOCTHU 110 JUCHUIIIINHE

3.1.1. TunoBoe 3ananue A 1a00paTOPHOI pabOTHI.

OTtpaboTath onepanuu BBIOOPKHU TAaHHBIX U arperamuu.

Ocy1ecTBUTh UMIIOPT U SKCIIOPT JAHHBIX.

[TonkmounThes K 6a3e naHHBIX U3 cpeasl Python ¢ ncnons3oBanueM ApaiiBepa
COOTBETCTBYIOIIEH 0a3bl JAHHBIX.

3.1.2. TecToBbIe 3aaHUs 17151 TEKYILIETO KOHTPOJIS 10 TeMam: [ e
BEPHO CO3/1aHa KOJUIEKLINA?

db.collection("Cars ")
db.create("Cars ");

createCollection("Cars");

db.createCollection(Cars); O db.createCollection(**Cars ™).

I'ne BepHO ynaneHa KoyuieKus?

» some.drop();
+ db.drop(Cars) ;
* db.drop("Cars ");

« db. Cars.delete();
+ db. Cars.drop().

Yro nenmaeT cieayrouuii 3apoc Npyu BHIIIOTHEHUN HAJl KOJUIEKIUEH cOO0IeHu?
db.posts.update({_id:1},{Title:This is post with ID 1'})

*  (OOHOBJAET 3ar0JOBOK COOOIICHU,

¢ (OOHOBIIEHHUE JAOKYMCHTA BO3MOXXHO TOJIBKO € ITIOMOIIBIO $set;




* 3aMeHsieT MOJIHbIN JOKYMeHT _id Kak 1 JOKyMeHTOM, YKa3aHHbIM BO BTOPOM
napamerpe;

¢ CHHTakcu4ecKas OmunoKa .

B cooTBeTcTBMM ¢ KOHLENIMAMHU ONTHMHU3ALMKA KOHBEHEpa arperaiuu, €clii y Bac
ectb $sort cnenyromuii 3a $match:

* S$match BbinoJsiHsieTcs nepen $sort;

* S$sort BemonHseTcs nepe $match;

* MongoDB no ymomyaHuio He BBITIOTHICT HUKAKUX JICHCTBUIA;

* IlpemocTtaBneHne OJTUX MApaMeTPOB B JIOOOM TMOpSAIKE HE BIMACT Ha
MIPOU3BOIUTEILHOCTb.

3.1.3.lHauBUAYyaIbHOTO 3a/IaHUS.
WupuBuayanbHOE 3alaHUe MPEICTaBIseT co00il o3HakomiieHHe ¢ ogqHOW noSQL Ga3zoii
JTAHHBIX, OTHOCSIIIUXCS K OZTHOMY M3 OCHOBHBIX THUIIOB U TIPEATIONAraeT CIeAYIONINe JeHCTBHS:

1.Cxavath U yCTAaHOBUTH TPEOyeMOe MPOrpaMMHOE oOecrieueHre 0asy TaHHBIX.
2.Co3natp 6a3y JaHHBIX.
3.0t1paborarts crannaptasie CRUD omneparuu 6a3e JaHHBIX.

4.  OrpaboTtaTh onepaiiy BEIOOPKH JaHHBIX U arperaum.

5.  TloaroroBky oT4eTra W Mpe3eHTAIIUU

6.  IlyOnmunast 3amuTa pa®oThl B KOHIE ceMecTpa. ba3y NaHHBIX CTYICHT
BBIOMPAET CaMOCTOSITEIBHO M COTJIACOBBIBACT C MPENOIaBaTEIICM.

3.2. TunoBsic 3alaHusA IJId IIPOBCACHUA HpOMCX(YTOHHOﬁ arTeCTaluy 1o JUCIUIIINHC

buner JJIs1 OK3aME€Ha COCTOMUT U3 IBYX TCOPCTUUCCKHUX U OAHOI'O IIPaKTHYECKOI'O BOIIPpOCa

Bbunet Nel Bompocsr:

1. OcHOBHbBIE TOJIOKEHUSI JOKYMEHT-OPUEHTHPOBAHHBIX 0a3 AaHHBIX JlocTOMHCTBa U
Henocratku Mongo DB..

2. Ha3oBuTe OCHOBHBIE THIIBI MOCTPCIIAIUMOHHBIX 6a3 JaHHBbIX.

3. Coznmaiite 6a3y nmanHbIx B Neodj. MmmopTtupyiiTe aHHBIE W3 BHEIIHETO HabOopa
JAHHBIX.(PacIoIaraeMoro 1o cchbuike.) CBSIKUTE Y3IIbI.

4. Meroanyeckue MaTepHaJibl, ONpeaessouue npoueaypbl OUEeHMBAHUSA

o0pa3oBaTe/IbHBIX Pe3yabTATOB 00y4eHH s

PeliTUHroBas cucreMma JJisl OleHKU TeKylleil ycneBaeMOoCTH
00y4Jaroummxcs

Ta6Jmua — bannsHbIC OLCHKHU AJIA 9JIEMCHTOB KOHTPOJIA



. MaxkcuMalIbHBINA 0ajlI ¢ OuneHuBaeMas
DJIeMEHTHI yu4eOHOU 1eITeTbHOCTH
Hayajia cemecTpa KOMITETSHITHS
*5— -
[ToaroroBka k 1a6OPaTOPHBIM 3aHATUSM U 117%5=55 TK-4
3aIuTa OT4eTa 1o jJaboparopHoil padore
IK-4
3amuTa MHAUBUYyalIbHBIX IPOEKTOB 25
DK3aMeH 20 TK-4

ITepecyer 6a/1JI0B B OLICHKH NIPOMEKYTOYHOM yCIIEBA€MOCTH

bayel Ha 1aTy KOHTPOJIBLHOM TOYKH

Orenka

>90% 0T MakCHUMaJIbHOM CyMMBI OaJIJIOB

5 (3auTeHo)

Ot 70% 10 89% OT MakcUMaJIbHOM CyMMBbI OaJIJIOB

4 (3auTeHO)

Ot 60% 10 69% OT MakCHUMaJIbHOM CyMMBI OaJIJIOB

3 (3auTeHO)

< 60% OT MakCUMaJIbHOI CyMMBI OaJIIOB

2 (He3a4TEeHO)






