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Bnok 1.AUNCUMNNNINHBI (moaynn)

O6s3aTenibHas 4yacTb

il B NHTENNEKTY. Vi aHanm3 f 1
+
51.0.01 Introduction to Data Science & Data Mining -1

3raTucTUYeckne MeToabl MalMHHOTO 06yyeHuns-1

+ .0. ! o .
51.0.02 “~Mathematics & Statistics for Data Science -1 !
+ 51.0.03 HelipoHHble ceTu-1 *Neural networks —1 1
TMoCTPeNALNOHHbIE MOAENN AAHHBIX 1
+ 51.0.04 npombiwneHHsle CYB/J, —1 *Post-relational Data 1

Models and Industrial DBMS -1

VHTennekTyanbHble cuctembl —1 *Intelligent
+  BLOOS KT o

systems -1
-1 *

. 51.0.06 36paboTka eCTeCTBeHHOI’O A3blka-1 *Natural 5
Language Processing -1

. £1.0.07 anIKI:IaAHbIe a.CrIeKTbI MaLLIMHHOI’O o0byyeHuns -1 2
+Applied Machine learning -1

+ B51.0.08 Fny6uHHoe obyyerune -1 *Deep Learning —1 2

+ B61.0.09 Busyanmsauusa aaHHbix *Data Visualization 2

*

4 51010 I'IporpaMM!/lpofaane Ha MutoHe *Data 2

Programming in Python
-

. 51.0.11 BbICOKOMPOM3BOAUTENbHbIE BLIYVCTEHNS High 3

Performance Computing
YacTk, hopmmupyemas yyacTHUKammn obpasoBaTtesibHbIX OTHOLIEHWI

BBezieHMe B VIHTeNNeKTyanbHbIl aHaN3 AaHHbIX-

+ B1.M.B.01 M *Introduction to Data Science & Data Mining - 2

n

CTaTUCTUYECKNE METO/AbI MALIMHHOMO 06yueHus- 11
*Mathematics & Statistics for Data Science, 2
Advanced track - 11

+ 51.M.B.02

MpuknagHble acnekTbl MaLMHHOTO 06yyeHus - 11

* 51.M1.8.03 *Applied Machine learning - 11 3

+ E51.M.B.04 HeiipoHHbie cetut - Il *Neural networks - 11 3

+ 61.1M.B.05 rny6uHHoe obyueHue - Il *Deep Learning - I 3
O6pa6oTka ecTecTBeHHOro sisbika - 11 *Natural

+ B61.M.B.06 3

Language Processing - 11

TMOCTPENALMOHHbBIE MOAENN AAaHHBIX U
npombilneHHsle CYB/, - 1l *Post-relational Data 3
Models and Industrial DBMS - 11

+ 61.M.B.07

WHTennekTyanbHele cuctemsl - 11 Nintelligent

+
B1.M.B.08 systems - I

OneKTUBHbIE AMCUMNVHBI 1 *Elective

* 51.M.8.218.01 courses 1 3
- .
. B1.M.B.4B.01.0 BBg,qeuwe B CoUManbHbie Meana Introduction to 3
Social Media
BBejieHNe B aHaNN3 UHAYCTPUATbHBIX JaHHbIX
- B1.M1.8.48.01.0 +Introduction to Industrial Data Analytics 3
- -
4 B1.M.B.B.02 OneKTUBHbIE ANCUMNVHBI 2 *Elective 3
courses 2
+ 51.M.B.[B.02.0: AHanu3 coumanbHbix ceTeit *Social Media Analytics 3

. AHaNIM3 MHAYCTPUaIbHBIX AaHHbIX *Data Science

El'I_I'B"H'B'Oz'o'for Industrial Data Analytics
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KomneTeHuun

WYK-1.1; NYK-1.2; UYK-1.3; MOMK-1.1; MOMK-1.2; NOMK-3.2; NOMK-4.1

WNOMK-1.3; VOMK-2.1; VOMK-2.2; UOMK-2.3; NOMK-3.1; NOMK-4.1

WYK-1.1; UYK-1.2; NYK-1.3; NOMK-1.2; NOMK-1.3; NOMK-3.3; NOMK-4.1; UMK-
6.1; UNK-6.2; NMNK-6.3

WNYK-2.1; UYK-2.2; NYK-2.3; NOMK-4.2; UMNK-5.1; UMK-5.2; UMNK-5.3

WYK-1.1; UYK-1.2; UYK-1.3; NOMK-1.1; WOMK-3.1; NOMK-3.2; NOMK-4.1; MOMK-
43

WYK-1.1; UYK-1.2; UYK-1.3; UYK-3.1; UYK-3.2; UYK-3.3; UYK-4.1; NYK-4.2; NYK-
4.3; VYK-5.1; NYK-5.2; UNK-6.1; UMK-6.2; UMK-6.3

WNYK-1.1; UYK-1.2; NYK-1.3; NOMK-1.3; UMK-6.1; UMNK-6.2; UMK-6.3

WNYK-1.1; UYK-1.2; NYK-1.3; NOMK-1.2; NOMK-3.3; NOMKY.1; UMK-6.1; UMNK-6.2;
WNK-6.3

MOMK-4.1; VOMK-4.3; UMNK-1.3

WNYK-2.1; NYK-2.2; NYK-2.3; NOMK-3.1; MOMK-3.2; NOMK-4.1; NOMK-4.3; UMNK-
1.2; INK-1.3

WYK-1.1; NYK-1.2; NYK-1.3; UMK-6.1; UMNK-6.2; UMK-6.3

WYK-1.1; UYK-1.2; NYK-1.3; NOMK-1.1

MOMK-1.1; MOMK-2.1; NOMK-2.2; MOMK-2.3

WNYK-1.1; UYK-1.2; UYK-1.3; NOMK-3.3; UMK-6.1; UMNK-6.2; UMK-6.3

WNYK-1.1; UYK-1.2; UYK-1.3; NOMK-3.3; UMK-6.1; UMK-6.2; UMK-6.3
WNYK-1.1; UYK-1.2; UYK-1.3; NOMK-3.3; UMNK-6.1; WUMNK-6.2; UMK-6.3

VYK-1.1; NYK-1.2; NYK-1.3; NYK-3.1; NYK-3.2; NYK-3.3; UMK-6.1; UMK-6.2; WMNK-
6.3

VOMK-4.2; UMNK-5.1; UMK-5.2; UMNK-5.3

VYK-1.1; NYK-1.2; UYK-1.3; NOMK-1.1

WNK-4.1; NNK-4.2; NMNK-4.3

WMNK-4.1; WNK-4.2; NNK-4.3

WMNK-5.1; UNK-5.2; UMNK-5.3

WMNK-4.1; UNK-4.2; UMNK-4.3

WNK-4.1; UMK-4.2; NMNK-4.3

WNK-5.1; WNK-5.2; UMNK-5.3
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+ 62.0.1.01 Yye6Hasa npakTuka *Educational practice

HayuHo-uccneoBaTensckas pagoTa (nosyueHne
+ 52.0.1.01.01(Y) NepBMYHbIX HaBbIKOB Hay4HO-UCC/Ie/J0BaTEIbCKOI
pa6oTbl) ~Research Work & Research Topics

MpounsBoacTBeHHas npakTuka * Industrial

+ 62.0.1.02 :
practice

HayuHo-uccnegoBaresnibckas pa6ora *Research

+
52.0.1.02.01(n Work & Research Topics

TexHonornyeckas (MPOEKTHO-TEXHO/MOrNYECKasT)

+
62.0.1.02.02(N npakTka ~Research Project

Bnok 3.rocygapcrteeHHas utorosas arrectaums

BbINOSHEHNE ¥ 3aLUTa BbINYCKHOM
KBaNM(UKaLMOHHOW paboTbl *Master Thesis with
Defense

+ 53.01(Q)

OT/[.dPakynbTaTUBHbIE AUCUMUMN/IVHDI

ABanTUBHbIN BbipaBHMBaIOWMI Kypc 6a30B0it

+
&TA.01 matematukn *Adaptive Math Training

Hayka 0 fjaHHbIX 1 TexHonorum VR/AR *Data

* @TA02 Science & VR/AR technologies
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KomneTeHuun

WNYK-2.1; NYK-2.2; NYK-2.3; NYK-4.1; NYK-4.2; NYK-4.3; NYK-5.1; NYK-
5.2; NYK-6.1; NYK-6.2; NYK-6.3; NOMK-1.1; NOMK-1.2; NOMK-1.3;
MOMK-2.1; NOMK-2.2; NOMK-2.3; NOMK-3.1; NOMK-! MOMK-3.3;
MOMK-4.1; NOMK-4.2; NOMK-4.3; UMNK-1.1; UMNK-1.2; UMK-1.3; UMNK-2.1;
WMNK-2.2; UNK-2.3; UMNK-3.1; UNK-3.2; UMNK-3.3; UNK-4.1; UnK-4.2;
WNK-4.3; UMNK-5.1; UMK-5.2; NMNK-5.3; UMNK-6.1; UMNK-6.2; UMK-6.3

VYK-2.1; NYK-2.2; UYK-2.3; NYK-4.1; UYK-4.2; NYK-4.3; NYK-5.1; UYK-5.2; NYK-
6.1; NYK-6.2; NYK-6.3; NOMK-1.1; MOMK-1.2; NOMK-1.3; UOMK-2.1; WOMK-2.2;
MNOMK-2.3; WOMK-3.1; WOMMK-3.2; UOMMK-3.3; NOMK-4.1; NOMK-4.
WNK-1.1; UNK-1.2; UMNK-1.3; UNK-2.1; UNK-2.2; UMK-2.3; UMK-3.1; UMNK-3
WMNK-3.3; UMNK-4.1; UMNK-4.2; UMK-4.3; WNK-5.1; UMNK-5.2; WMNK-5.3; UMNK-6.
WNK-6.2; UMK-6.3

NYK-2.1; NYK-2.2; NYK-2.3; NYK-4.1; NYK-4.2; NYK-4.3; NYK-5.1; NYK-
5.2; NYK-6.1; NYK-6.2; NYK-6.3; MOMK-1.1; NOMK-1.2; NOMK-1.3;
WMOMK-2.1; NOMK-2.2; NOMK-2.3; NOMK-3.1; NOMK-3.2; NOMK-3.3;
MOMK-4.1; NOMK-4.2; NOMK-4.3; NMNK-1.1; NNK-1.2; NMNK-1.3; UNK-2.1;
WNK-2.2; NNK-2.3; UMNK-3.1; UMK-3.2; UMK-3.3; UNK-4.1; UNK-4.2;
WNK-4.3; NNK-5.1; UMNK-5.2; UMNK-5.3; UMNK-6.1; NMNK-6.2; UMK-6.3

WNYK-2.1; NYK-2.2; UYK-2.3; NYK-4.1; UYK-4.2; NYK-4.3; NYK-5.1; UYK-5.2; NYK-
6.1; NYK-6.2; UYK-6.3; NOMK-1.1; MOMK-1.2; NOMK-1.3; NOMK-2.1; NOMK-2.2;
MOMMK-2.3; WNOMK-3.1; NOMMK-3.2; MOMK-3.3; NOMK-4.1; NOMK-4.
WMNK-1.1; UMK-1.. MK-1.3; UMNK-2.1; UNK-2.2; UNK-2.3; WNK-3.1; UMNK-3
WNK-3.3; UMK-4.1; UMK-4.2; UMK-4.3; UMK-5.1; UNK-5.2; WUMNK-5.3; UMNK-6.1;
WNK-6.2; UMK-6.3

WNYK-2.1; NYK-2.2; NYK-2.3; NYK-4.1; UYK-4.2; NYK-4.3; NYK-5.1; NYK-5.2; UYK-
6.1; NYK-6.2; MYK-6.3; MOMK-1.1; MOMK-1.2; NOMK-1.3; UOMK-2.1; NOMK-2.2;
WNOMK-2.3; MOMK-3.1; NOMK-3.2; UOMK-3.3; NOMK-4.1; NOMK-4.2; NOMK-4.
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WMK-1.2
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Cemecrp 1 Cemectp 2 Wroro 3a kypc
AKAEMAHECKIX YacoB AKAEMIYECKYX YacoB AKBAEMIHECKX YacoB 3e.
Ne  sMHgexc HavmeHoBaHne B e « « Kacp. Cemectp
oHTpOme se. Heaens Kourpons se. Heaens Kowtpons Hepens
Beero Kowrakr. flek Nla6 fp Cem KPro KPu  CP  KParr Eg]’:: Beero Kowtakr. flek fNla6 Mp Cem KPo KPu  CP  KParr sg:: a Beeo X nex na6 np Cew KPro kP CP Kparr KOMTPO geerg N
WTOrO (c chakynbTatnamm) 1152 32 1080 2232 62
19 4/6 20 1/6 395/6
MTOrO no O (6e3 tha cynbTatnsos) 1080 30 1080 30 2160 60
O, chakynbTatmesl (8 nepuog TO) 55.6 53.6 54.6
YUEBHASI HATPY3KA, Ofl, chakynbtatussl (B nepuos ak3. cec.) 49.9 54 52
(akapg.uac/ves) AyauTOpHas Harpyska 17.6 17.4 175
KoHTakTHas pa6ota 19.7 19.4 19.6
To: 17 TO: 18 T0: 35
AHeLMN/IMHBI (MO HY/M) U PACCPEA, MPAKTUKM 1080 35625 92 200 16 151 20.25 628.65 129 951 30 112 1080 36515 100 200 16 16 2a25 619.75 129 951 30  1/6 2160 7214 192 400 32 311 405 12484 258 1902 60 23
2216 22 2416
BBe/leHiie & MHTENNEKTYaNbHbII aHANM3
1 BLOOL Aankbix-L introduction to Data Science & % 216 715 20 44 32 1128 43 317 6 % 216 715 20 44 32 1128 43 317 6 182 1
Data Mining ~1
CraT/cTiuecKyie MeTOb! MaLLUMHHOTO
2 51002 06yuenns-1 *Mathematics & Statistics for * 216 715 20 44 32 1128 43 317 6 % 216 715 20 44 32 1128 43 317 6 179 1
Data Science -1
3 61003 Heliponhbie ceTu-1 *Neural networks ~1 * 216 715 20 44 32 1128 43 317 6 % 216 715 20 44 32 1128 43 317 6 182 1
MOCTPENAMOHHSIE MO AGHHbIX U
4 BLOO4 CYBA -1 "Postrelational Data 32 108 3805 12 24 2.05 69.95 3 3 108 3805 12 24 2.05 69.95 3 182 1
Models and Industrial DBMS ~1
5 51005 Z‘y’;;’ff‘lya’“’”b'e cveremst —1 intelligent 30 216 67.45 20 44 3.45 148.55 6 30 216 67.45 20 44 345 148.55 6 182 1
6 51006 OBpacorka ectecTaennoro fizbika-1 *Natural * 180 673 20 40 3 81 43 317 5 * 180 673 20 40 3 8L 43 317 5 182 2
Language Processing -1
MpUKNaHbIE ACTEKTB MALIHHOTO 0GyueHUs -
7 BLoo7 1 *Applied Machine learning —1 % 180 67.3 20 40 3 8L 43 317 5 % 180 67.3 20 40 3 81 43 317 5 182 2
8 51008 Fny6HHHoe oByuenvie -1 *Deep Learning —t % 180 67.3 20 40 3 81 43 317 5 % 180 673 20 40 3 8L 43 317 5 182 2
9 B10.09 AanHbIx *Data 3a 108 3175 10 20 1.75 76.25 3 3a 108 31.75 10 20 175 76.25 3 182 2
10 BL0.10 Mporpaunuposate Ha furone *Data 3 108 3L75 10 20 175 76.25 3 % 108 3175 10 20 175 76.25 3 182 2
Programming in Python
BaepeHue B VIHTE/IeKTya/lbHbI aHann3
11 BLNBOL Aankeix- 11 introduction to Data Science & % 108 3175 10 20 175 76.25 3 % 108 3175 10 20 175 76.25 3 182 2
Data Mining - 11
CraTvcTieckme MeToas! MaLMHHOTO
12 BLNBO2 06yvenns- Il *Mathematics & Statistics for 3 108 3175 10 20 175 76.25 3 % 108 3175 10 20 175 76.25 3 179 2
Data Science, Advanced track - 1l
13 520.1.01 Yue6Has npaxTuka *Educational practice 3a0KP 108  36.25 16 2025 7175 3 30KP 108 36.25 16 2025 7175 3 aka;)(g) 216 725 32 405 1435 6 12

HayuHo-uccnepoBaTenbckas pasora
(NONyUeHNE NEPBUUHbIX HABLIKOB

0. 330 KP . . KP 3a0(2)
1 B0 0LoLY) e aaremcKoR paGOTLY) 108 36.25 16 2025 7175 3 320 108 36.25 16 2025 7175 3 216 725 32 405 1435 6 182 12

KP(2)
#Research Work & Research Topics
AZaNTUBHBI BLIPABHMBAIOLYMI KyPC 623080

15 oTA0L varemaruku *Adaptive Math Training 3a 72 338 16 16 1.85 38.15 2 3 72 3385 16 16 185 38.15 2 179 1

MPAKTUKN | (Mnaw)

FOCY[JAPCTBEHHAS! UTOrOBASI ATTECTALK]  (Mnax)

®OPMbI MPOMEXYTOUHOM ATTECTALIUM () 38(6) 300 K )

KAHUKY /b 1506

8 9 5/6
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Cewmectp 3 Cewmecp 4 Wroro 3a Kype
AKafieMUueckiX 4acos AKajieMIEecKIX 4acos AKafEMU4ECKIX YacoB e
Ne Wupekc HaumeHosaHne . CemecTp
Kotpons Kowr 3€ Hepens KoHTpors Kom Kkowr 3.e. Heaens Kowtpos Ko KoHT Heaens
Beero KowTakr. flek fla6 mp Cem KPro KPu cP kPt O Beero Nex Na6 mp Cem KPTo  KPu cp  kparr OO0 Beero Mk Na6 Mp Cem KPto KPu  CP KParr I Beero
WTOIO (c dhakynbTatusami) 1260 35 1044 29 2304 64
20 3/6 19 3/6 40
NTOrO no O (6e3 hakynbTaTMBOB) 1116 31 1044 29 2160 60
O, chakynbtatmesl (B nepuog TO) 55.5 53.4 54.5
YUYEBHAS! HATPY3KA, Of, chakynibTatuebl (B NepUoA 3K3. cec.) 46.3 232
(akap,uaclHes) AyauTOpHas Harpyska 17.4 15 95
KoHTaktHas pa6ota 19.5 3 11.3
TO: 18 TO: 13 TO: 31
AVCUMNAVHBI (MOAYNN) U PACCPEL, MPAKTUKU 1116 365.65 100 200 16 165 20.25 65525 129 951 31  1/6 720 40.25 20 2025 679.75 20 12 1836 4059 100 200 36 165 405 1335 129 951 51  2/3
2213 3 2213
1 BLOAL B “High 5 180 67.3 20 40 3 81 43 317 5 3K 180 67.3 20 40 3 81 43 317 5 182 3
Performance Computing
TIPUKNAAHbIE ACNIEKTbI MALIMHHOTO O6YUeHUs - 20 2 %
2 BLNB.O3 11 *Apphed Machine learning - I 3a 72 3175 10 1.75 40.25 72 3175 10 20 175 40.25 2 182 3
3 BLNBO4 HeiiponHbie ceTv - 11 “Neural networks - 11 3a 72 3175 10 20 1.75 40.25 2 3 72 3175 10 20 175 40.25 2 182 3
4 BLNBOS Tny6uHHoe o6yuenmte - 11 “Deep Leaming — 11 3a 108 3175 10 20 1.75 76.25 3 3 108 3175 10 20 1.75 76.25 3 182 3
5 BLMBOG Obpacorka ectecraentoro asuia - Il “Natural 5, 158 3175 10 20 175 76.25 3 3% 108 3175 10 20 175 76.25 3 182 3
Language Processing - 11

ToCTPEnALVOHHBIE MOAENM ARHHBIX 1
6 BLNBO7 npombiluneHHbie CYB] - 11 *Post-relational 3a 108 3175 10 20 1.75 76.25 3 3 108 3175 10 20 1.75 76.25 3 182 3
Data Models and Industrial DBMS - 11
cuctems - 11

7 BLMBOS 3a 108 3175 10 20 175 76.25 3 3 108 3175 10 20 175 76.25 3 182 3
systems - 11

BBefieHvie B coumanbHbie Meava “Introduction

. X . . 1 X
8 BLnBgBoLol  pUoAeme s o % 108 358 10 20 15 405 43 317 3 % 108 358 10 20 15 405 43 317 3 182 3
BBeAeHUe B aHaNN3 UHAYCTPUANbHBIXAGHHBIX o 5
9 BLNBABOLO2 trociicion o Induetriol bata Anaivics x 108 358 10 20 15 405 43 317 3 X 108 358 10 20 15 405 43 317 3 182 3
10 BLN.B.AB.O20L ’:::‘y‘;“’c:“‘*”a"”“b'x cereii “Social Media 5 108 358 10 20 15 405 43 317 3 % 108 358 10 20 15 405 43 317 3 182 3
11 BLNBAB0202  ANAMIMHAYCTPHANbHBXAAHHLIX Data K 108 358 10 20 15 405 43 317 3 % 108 358 10 20 15 405 43 317 3 182 3
Science for Industrial Data Analytics
12 620.102 [ponssoAcTEEHHAA NpaKTUka 3a0KP 144 36.25 16 20.25 107.75 4 30 720 40.25 20 20.25 679.75 20 3a0Q2) kP 864 765 36 40.5 787.5 24 34
“Industrial practice
13 20.0201(M) JAyuHo-vceneposatenckas padora 3a0KP 144 36.25 16 2025 107.75 p) 3a0KP 144 36.25 16 20.25 107.7€ 4 182 3
“Research Work & Research Topics
TexHonornueckan
14 B2.0.1.02.02(M)  (MPOEKTHO-TEXHONOTMYECKas!) NPaKTUKa 30 720 40.25 20 20.25 679.75 20 30 720 4025 20 20.25 579.7€ 20 182 4
“Research Project
15 oTa0 Hayka o AakHbix v Texronomm VR/AR “Data x 144 547 16 32 24 57.6 43 317 4 3 144 547 16 32 2.4 57.6 43 317 4 182 3
Science & VRIAR technologies
MPAKTUKM I (Onay
FOCY/JAPCTBEHHAS VITOTOBASI ATTECTALI) (Mnaw) 324 105 105 3135 9 6 324 105 105 3135 9 6
BLINONHEHME 1 3aUMTa BLINYCKHOT
53.0L41) KBAMAMKALUOHHO padoTl *Master Thesis 3 324 105 105 3135 9 6 324 105 105 3135 9 6 182 4
with Defense
®OPMbI MPOMEKYTOUYHOM ATTECTALMM 3K(4) 3a(6) 3a0 KP 320 3K(4) 3a(6) 330(2) kP

KAHUKY bl 1 8 4/6 94/6
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MHaekc CogepxaHue

YK-1 Cnoco6eH OCyLLEeCTBAATL KPUTUHECKNI aHan3 NPOGIEMHbIX CUTyauuii Ha OCHOBE CUCTEMHOTO NoAxoAa, BblpabaTbiBaTb CTpATeruio AeicTeuil
MNYK-1.1 BbISIBAET NPO6MEMHYIO CUTYaLIMIO, HA OCHOBE CUCTEMHOIO MOAX0Ma OCYLUIECTBMAET €€ MHOrO(aKTOPHbIV aHafM3 1 ANarHoOCTUKY.

UYK-1.2 OcylLecTBASET MOUCK, OTGOP U CUCTEMATM3ALMIO MHAOPMALMK [t ONPEAEneHNst aflbTEPHATUBHBLIX BapuaHTOB CTPATErMYECKUX PeLLeHuii B
' Npo6emMHol cUTyauum.
MYyK-1.3 Mpegnaraet 1 060CHOBLIBAET CTPATENMIO [ECTBUI C YUETOM OFpaHWNYeHUli, PUCKOB 1 BO3MOXHbIX MOCIEACTBUIA.

YK-2 Cnoco6eH ynpaBnsTh NPOEKTOM Ha BCEX aTamnax ero XW3HeHHOro LukKia
NyK-2.1 dopMyMpYeT Lieslb NPOEKTa, 060CHOBLIBAET €r0 3HAYMMOCTb U peasim3yemocTb.

NyK-2.2 PaspabatbiBaeT nNporpamMmy 4eicTBuUii N0 PELLEHVIO 3afja4y MPOEKTa C YYETOM MMEILLMXCA PEeCypCoB U OrpaHuyeHuid.
NyK-2.3 O6GecneyurBaeT BbINOIHEHUE MPOEKTA B COOTBETCTBUM C YCTAHOB/IEHHBbIMM LieSIIMI, CPOKaMy 11 3aTpaTamu.
YK-3 Cnoco6eH opraHW30BbLIBaTb U PYKOBOAUTL PaboToli KOMaH/pl, BbipabaTbiBasi KOMaHAHYIO CTpaTernto 41 4OCTUKEHUS NOCTaB/eHHO Lenw
MYyK-3.1 dopmMuUpyeT cTpaTermio KoMaHAHoO paboTbl Ha OCHOBE COBMECTHOIO OGCYXXAEHWs Liefeil 1 HanpasnieHuii AeATeNbHOCTU 4J1S UX peanusauun.
UYK-3.2 OpraHusyeT paboTy KOMaHzbl C y4ETOM 0GBEKTUBHLIX YCII0BUIA (TEXHOMOMMSI, BHELIHME (DAKTOPbl, OrpaHUYeHUsl) U UHAMBUAYAbHbBIX
' BO3MOXKHOCTEli Y/IEHOB KOMaHAbl.

UYK-3.3 O6ecneunBaeT BbINOSIHEHME MOCTAB/EHHbIX 33a4 Ha OCHOBE MOHWUTOPWHra KOMaHAHOU paboTbl 1 CBOEBPEMEHHOIO pearMpoBaHnsi Ha
’ CYLLECTBEHHbIE OTK/IOHEHNS.

yK-4 Crnoco6eH NPUMEHSITb COBPEMEHHbIE KOMMYHVKATUBHbIE TEXHOMOMW, B TOM YMC/Ie HA MHOCTPAHHOM si3blKe, [/151 aKafleMUYEecKoro v
npoeccnoHanbHOro B3aMMoaeicTeus

UYK-4.1 O6OCHOBbIBAET BbIGOP aKTyaslbHbIX KOMMYHUKATUBHBIX TEXHONOTUIA (MH(DOPMaLMOHHbIE TEXHOMOTUM, MOLEPUPOBaHMe, Meauaums u ap.) ans
' o6ecrneyeHnsi aKkaleMU4Yeckoro 1 npogeccMoHasIbHOro B3auMOAeicTBUS.

UYK-4.2 MpUMEHSIeT COBPEMEHHbIE CPEACTBA KOMMYHUKAUMK A1 MOBbILEHUS 3DGEKTUBHOCTM aKaeMUYecKoro 1 npoteccMoHaIbHOro
’ B3aMMOJENCTBUSA, B TOM UKC/Ee HA MHOCTPAHHOM SI3bIKE.

VYK-4.3 OueHuBaeT 3PGPEeKTUBHOCTb NPUMEHEHUS COBPEMEHHbIX KOMMYHUKATUBHbLIX TEXHOMOMUI B aKafeMUYeckom 1 NpoeccuoHaibHOM
’ B3aMMOJelicTBUSIX.

YK-5 CnocobeH aHaM3MpPOoBaTh W yUUTbIBaTb Pa3HoO6pasne KynbTyp B MPOLIECCE MEXKY/IbTYPHOIO B3avMOAeNCcTBS
NYK-5.1 BbISBNISIET, COMOCTAB/SIET, TUMOMOMM3NPYET CBOEOGPpa3ve KynbTyp A8 pa3paboTKu CTpaTeruy B3aMMoAeiCcTBUS C UX HOCUTENSMM.

NYK-5.2 OpraHusyeT 1 MOAEPUPYET MEXKYNbTYpPHOE B3aMMOAENCTBME.

VK-6 Cnoco6GeH onpeaensTb U peasin3oBbIBaTb NMPUOPUTETHI COGCTBEHHOI AEATENBHOCTU W CMOCOGbI ee COBEPLUEHCTBOBAHMSI HA OCHOBE

CaMOOLLEHKM

VYK-6.1 Pa3pabatbiBaeT CTpaTEr1io IMYHOCTHOTO 1 MPO(ECCMOHANLHOMO Pa3BUTUSI HA OCHOBE COOTHECEHUSI COBCTBEHHbBIX Lieneil U BO3MOXHOCTel ¢
' pa3BuTMeM M3bpaHHOW cthepbl MPOdECCHOHaNTbHON AeATENbHOCTH.

NYK-6.2 Peasim3yeT N KOPPEKTUPYET CTPATErMo JIMYHOCTHOTO U NMPOECCUOHAILHOTO Pa3BUTUSI C YUETOM KOHBIOHKTYPbI U NEpPCreKTUB pasBUTUA
’ pbIHKa TpyAa.

UYK-6.3 OueHVBaET pe3ynbTaTbl peasim3aumy CTpaTeruy IMYHOCTHOTO U NMPOGECCHOHANIBHOTO PasBUTUS Ha OCHOBE aHanm3a (pediekcuu) cBoeid
’ [EesITeNbHOCTU W BHELUHWX CYXAEHWIA.

OrK-1 Cnoco6eH peLaTb akTyasbHble 3afaqn (pyHAaMeHTaNIbHON U NPUKNAAHOM MaTeMaTuKu
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CofepxxaHue
AHannsnpyeT Npob6eMbl B 061acTU (hyHAAMEHTA/ILHOW U NPUKNAAHOW MaTeMaTuKu.
dopmynupyeT 3a4aum nccrefoBaHus.
PeluaeT akTyasbHble 3afa4n QyHAAMEHTAIbHON W NPUKNAAHON MaTEMaTUKM.
CnocobeH CoBepLUEHCTBOBATb U peain30BbiBaTbh HOBble MaTeMaTMyeckne MeToAbl pelleHnss NPUKIagHbIX 3a4ad
Mcnonb3yeT pe3ynbTaTbl NPUKIAAHOM MaTeMaTUKU A4/19 OCBOEHUS, afjanTauyu HOBbIX METOAOB peLleHus 3ajay B 061acT CBOUX

npoheccnoHasIbHbIX UHTEPECOB.

PeanusyeT 1 COBEPLUEHCTBYET HOBblE MeTO/bl, PELIEHUs MPUKIaAHbIX 3a4a4 B 06/1aCTV NPOeccMoHasIbHOW AeATENBHOCTU.

Mposoant Ka4YeCTBEHHbIA U KOMMYECTBEHHbI aHanu3 NONTy4EHHOro pelweHnda C uesbko NoCTpoeHuA ONTUMalbHOro BapuaHTa.

CnocobeH pa3pabaTbiBaTb MaTEMATWYECKUe MOLENN U MPOBOAWTL WX aHAM3 MPK pelueHun 3agad B 06/1acTi NpoheccuoHaslbHO
fesTensHoCcTU

Paspa6aTbiBaeT MaTeMaTMyeckue Mogenu B 0671acTi NPUKNaAHON MaTeMaTuK U UHAOPMATUKM.
AHanM3VpyeT MaTeMaTUueckue MOAENN ANs PeLleHnst NPUKIagHbIX 3a4a4y NpodeccuoHasbHoli AedTenbHOCTY.

Paspa6aTbiBaeT 1 aHaM3UpyeT HOBble MaTeMaTUYeCKUe MOLENN ANA pelleHns NpuKnagHbiX 3agad npodieccoHanbHON AeATeNlbHOCTH B
061acT NPUKNagHoOV MaTeMaTVKN U MHGOPMAaTUKU.

Cnoco6eH KOMGVHMPOBATb W afanTNPOBaTh CYLLECTBYHOLLIME MHGOPMALMOHHO-KOMMYHUKALMOHHbIE TEXHONOMMN ANS PELLeHns 3asad B
obnacT npodeccuoHanbHOM AeATENbHOCTU C y4eTOM TpeboBaHWiAi MHAOPMaLMOHHOM 6e30nacHOCTH

AHanusvpyeT 3agauv NpuKNagHon maTeMaTtukm n nHgopmMaTukn cpeacTBaMmn MHGPOPMAaLMOHHBIX TEXHOMNOTMIA.

YuntblBaeT OCHOBHble TpeboBaHUS MHPOPMALMOHHOW 6e30nacHOCTHU.

Mcnonb3yeT coBpeMeHHble MHOPMaLMOHHO-KOMMYHUKALMOHHbIE TEXHOMOMMN AN PelleHns 3a4ay B 06/1acT NPUKNaAHON MaTeMaTuKi 1
MHChOpMaTMKM C y4eToM TpeboBaHW MH(OPMaLMOHHOM 6e30MacHoCTL.

Cnoco6eH pas3pabaTtbiBaTb ¥ MPUMEHATL MaTeMaTUYECKUE METOAbl, a/ITOPUTMbI, MPOrpaMMHOe O6ecreyeHne Ans peleHns 3agad HayuHo-
UCCNEeA0BaTe NbCKOW U NPOEKTHOW AeATelbHOCTM

AHanU3VpyeT 3afaun Hay4yHO-UCCNEeA0BaTENbCKON U NPOEKTHON AESATeNbHOCTY C Le/blo BbIGOPa MAaTEMATUYECKOro U asIrOpUTMUYECKOro
VHCTpYMeHTapusi

MpuMeHsieT cywecTByolWMe MaTeMaTUYeckie MeToAbl, airopuTMbl U MporpaMMHoe obecriedeHne s peleHnst 3aad B 061acTm
npoeccrMoHasbHOM AesiTeNbHOCTM

PaspabaTbiBaeT HOBble MeTOpbl, MOAE/M, aNropuTMbl U NPOrpaMMHoe oGecnedeHre Ana pelleHnst 3a4a4y B 06/1acT NpodheccMoHasIbHO
[esiTenbHOCTH

CnocobeH npoBoAnTb Hay4YHO-UccnenoBaTesibCKne pa3pa60T|<V| npu nccnenoBaHNM CaMoCTOATE/IbHbIX TEM, a TakXXe TeM, onpegensembiX
3aKa3yMkom, nosny4vatb HOBble Hay4dHble U NpUKNagHblie pe3y/ibTaTbl CAMOCTOATE/IbHO U B COCTaBe Hay4HOro Konnektuea

AHaNIM3NPYET TeMATUKY Hay4YHO-UCCnefoBaTeNbCkne pa3paboTKy C Liesibio YETKOTo OnpefenieHnst 3afad UccnefoBanus, UsydeHus
npegMeTHO obnactu

Llekomno3upyeT NpoLecc Hay4YHO-1ccneoBaTe/ibckme pa3paboTku Ha 3Tanbl, yMEeT YEeTKO OMpeaensiTh Lenm 1 3afayun Kaxaoro atana

CnocobeH noslydaTb HOBblE Hay4Hble U NMPUKNagHble pe3y/ibTaTbl CAMOCTOATE/IbHO U B COCTaBe Hay4dHOro Konsektmsa

CnocobeH NpeacTaBNsaTh pe3y/bTaTbl HAyUYHbIX UCCNEA0BaHMA, 0POPMIATL TEXHNUECKYIO LOKYMEHTaLMN Ha Pas/MyHbIX CTaausx paspaboTku

npoekTa
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CopgeprkaHue
YMeeT 4eTKo 1 SCHO onucaTb MOJMTyYeHHble HayYHble pe3ynbTaTbl C MPUBELEHUEM [0Ka3aTeNbCTB, apryMeHToB, NPYMEPOB BHELPEHUS

Cnoco6eH othopMNsiTb TEXHUYECKYHO AOKYMeHTauuo, otyeTsl no HUP, HWOKP, cornacHo AeicTByOLMX CTaHAapTOB 0DOPMIEHNS
TEXHUYECKOW [OKyMeHTauun

CnocobeH K HanucaHuio cTaTeid, 0630pOB, B TOM YMC/Ie Ha aHIINACKOM A3blKe

Cnocob6eH onpeaensitb NPO6IEMHYO CUTyaUuto, CTaBUTb 3a4a4n aHa/im3a AaHHbIX B OOWECTBEHHbIX Haykax, Nogbupatb MaTeMaTMyecKunin u
annapaTHblii UHCTPYMEHTapWin ANa nx peLleHust

[aeT oueHKy noBeseHUs1 OOLLECTBA WU €r0 OTAE/MbHbLIX FPYNM Ha OCHOBE aHa/n3a JaHHbIX
CobupaeT uHdopmaumio 13 cet VHTEpHET, B T.4. U3 couMasibHbIX CETel, 1 obpabaTbiBaeT ee
AHanMsnpyeT NOoNyYEeHHY MH(OPMALMIO U HAXOAUT CKPbITble 3aKOHOMEPHOCTU

CnocobeH Bbl6l/|paTb MeToabl, OQ)OpM}'IHTb TeXHU4YEeCKoe 3afaHune n pa3pa6aTb|BaTb a/IFTOPUTMbI pelleHna 3ajad aHasin3a NMpoMbILLIEHHBIX
AaHHbIX

Mcnonb3yeT coBpeMeHHble TEXHOIOrnn OGpaﬁOTKVI I/IHCbOpMaLU/II/I, BbIYNC/TNTENIbHYHO TEXHUKY MPU pelleHnn 3aay aHam3a NpPoMbILLIEeHHbIX
OaHHbIX

YMeeT npon3BoAnTbL CH0P NMPOMBILLNIEHHBIX AaHHBIX, 3HAET cneunduKy Takmx faHHbIX

OchopmMnsieT TeXHMYECKoe 3afaHune Ansi 3a4a4m npodeccuoHanbHol obnactm

CnocobeH ynpaensATb MNOyYEHNEM, XpaHEHNEM, Nepefadeii, 06paboTKol 60MbLIMX AaHHbIX
OcyLiecTBASET MOHUTOPUHT W OLLEHKY NPOV3BOAUTENLHOCTU 06paboTKM 60MbLUMX AaHHbIX
Mcnonb3yeT MeToAbl U MHCTPYMEHTbI MOyYeHUsl, XpaHeHus, nepefayn, 06paboTKn 60MbLINX faHHbIX

Pa3pabaTbiBaeT NpesoXKeHNs MO NOBbILEHNIO MPOU3BOAUTENBHOCT 06paboTKN 60MbLUNX AaHHbIX
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Wtoro (c hakynbTaTnBamm)
Wtoro no ON (6e3 thakynbTaTNBOB)

OvcumnnaunHel (Mogynwu)
Ob6nA3aTenbHasa YacTb

YacTb, hopMupyemas yyacTHMKaMu
06pa3oBaTe/ibHbIX OTHOLLEHWIA

MpakTuka
Obs3artensHas vacTb

[ocyfapcTBeHHaa utorosas arrecrauums

®aky/bTaTUBHbIE AUCLMANNHBI

YuebHast Harpyska (akag.vac/Hepn)

KoHTakTHas pabota B nepuog TO (akag.yac/Hen)

CymmapHasi KOHTaKTHas paboTa (akag, 4ac)

06si3aTesIbHble (HOPMbI MPOMEXYTOUHON aTTecTauum

MPOLEHT ... 3aHATWIA OT ayAUTOPHbIX (%)

Ntoro

OB(ot 3.e.
ba3.% Bap.%

P Bap.)%  Mun.  Makc.

94

93

65% 35%  21.4% 60

100% 0% 0% 30
3 120
1 120

Oll, chakynbtaTuBbl (B nepviog TO)
On, chakynbTaTVBbl (B NEPUOA 3K3. CECCUIA)
B Nepuos roc. 3K3ameHoB
on
Bnok b1
Bnok B2
Bnok B3
Bnok T/,
WTtoro no Bcem 6/10kam
3K3AMEHbI (3K)
3AYEThI (3a)
3AUETHI C OLIEHKOW (3a0)
KYPCOBbIE PAEOTbI (KP)

NeKUNOHHbIX

B MHTEPaKTMBHOI thopme

O6bEM 06sa3aTENBHON YacTh OT 06LLero o6bLEMa nporpaMmbl (%)

O6BLEM KOHT. paboTbl OT 06LLero 06bEMa BPEMEHU Ha peannsauuio ancumnivH (moayneid) (%)

dakr
126
120
81
53

28

30
30

9
6

54.6
49.9

16.2
978.3
149
10.5
88.55
1226.35

32.74%

4.4%

69.2%

33.55%

Bcero Cem. 1 Cem. 2

62
60
54
48

6

N W o1 o

Kypc 1

32
30

27
27

55.6
49.9

19.7
320
36.25

33.85
390.1

= N
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30
27
21

6

53.6
54

194
328.9
36.25

365.15
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Kypc 2

Bcero Cem. 3 Cem. 4

64

60

27
5

22

24
24

= N O w

35 29
31 29
27
5
22
20
20
9
4
55.5 53.4
46.3
19.5 3
329.4
36.25 40.25
10.5
54.7
420.35 50.75
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