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1. H.nalmpyeMble pe3yabTaTbl 0CBOCHUSA TUCHUIIJINHDI

Pe3ynbTaThl 0CBOEHUSI THCIIUIITHHBI
(UHOUKAMOP OOCMUIICEHUSL KOMNEMEHYUU)

IInannpyemsblie o0pa3oBaresbHbIe pe3yabTarhl (OP)
o0yYeHus 110 JMCUMILIHHE

HNOIIK 2.1 Bnaneet METOIaMU
aJITOPUTMU3ALUN U IIPOTPAMMUPOBAHU

OP 2.1.1 - MWcmnoms3yeT COBpeMEHHBIE aITOPHTMBEI
aHaIM3a MHPOPMAIIMH 1Tl PEIICHHS TIPUKIIAHBIX 3a/1a9
OP 2.1.2 - [TIlpumeHseT COBPEMEHHBIC S3bIKH
NPOrpaMMHUPOBAHUSL [UISl pelIeHus Mpo(eCCHOHaTbHBIX
3a/1a4.

HNOIIK 2.2 3Haer cOBpeMEHHBIE MOAXOMAbI,
METOAbl M TEXHOJOTMH B  o0iactu
WHTEJUIEKTYaJIbHOTO aHaIN3a JaHHBIX

OP 2.2.1 — Ocymectisier 0T60p U aHaIM3 Marepuana
1715 Tpo(heCCHOHANIBHON eATEIbHOCTH.
OP 2.2.2 — TlpuMeHsieT COBPEMEHHBIC TEXHOIOTUH

aHaJIn3a JaHHBIX B HpO(I)eCCI/IOHaJIBHOfI JACATCIIBHOCTHU

NOIIK 2.3 Hcnonpzyer Meronbl | OP 2.3.1 — IIpumeHsieT COBpeMEHHbBIC METO/IbI aHAIN3a U
COBPEMEHHBIX HUHTEJUICKTYAIbHBIX | MPOQECCHOHANBHBIE CPEICTBA aHAIW3a JaHHBIX B
TEXHOJIOTUHN IS peLIcHUA HpO(bCCCHOHElJ'ILHOfI ACATCIBHOCTH
poeCCHOHABHBIX 3a/1ad
2. DJranbl JOCTH:KEHUSI 00pa3oBaTe/IbHBIX Pe3yJabTaToOB B IpoLecce OCBOEHMS
ANCUUILIMHBI
@DOopMBI TEKYILETO KOHTPOJISL U
Ne Paznenst u(mm) TeMBI TUCUUTUINH p yert P
MIPOMEKYTOUYHON aTTeCTallul
OP2.1.1 Texyuii KOHTPOJIb:
1. Tema 1. bonpie naHHbIe (BBEICHHE) yi p
Tect
) Tema 2. Mertoauku aHaiu3a OOJBIIMX OP2.1.1 Texyuiuii KOHTPOJIb:
’ JaHHBIX Tect
OP2.1.1 Texymuii KOHTPOIb:
3. Tema 3. HCTpyMeHTH! bONbIINX TaHHBIX Teci]m p
4 Tema 4. TexHonoruum XpaHeHUI U OP2.1.1 Texyuuii KOHTPOJIb:
’ 00paboTKH OOJBITUX JAHHBIX Tect
OP2.1.1,0P22.2 Tekymuil KOHTPOJIb:
5. Tema 5. Beruucnurensnoe sapo Hadoop ’ vt p

Tect

6. Tema 6. Ckpuntsl Pig

OP2.1.1,0P 2.2.2,

Texymuii KOHTPOJIb:

OP2.3.1 Tect
OP2.1.1,0P2.22, Texyuii KOHTPOIIb:
7. Tema 7. basnbr nanusix Hadoop. OP 231 Tecr
g Tema 8. O36po JAHHbIX OP2.1.1 Texymuii KOHTPOJb:
Tect
OP2.1.1,0P 2.1.2, Texymmmii KOHTPOJb:
0. IMpakruueckas padbora Nel Terminal OP22.2 OT4er 1O  MpaKTHYECKOU

pabore

10. | Ilpakrudeckas pabora Ne2 MapReduce

OP2.1.1,0P 2.1.2,
OP22.1,0P22.2,
OP 2.3.1

Texyuii KOHTPOIIb:
OT4er 1O  MNpaKTHYECKOU
pabore

11. | Ipakruueckas pabora Ne3 Pig Latin

OP2.1.1,0P2.1.2,
OP2.2.1,0P2.2.2,
OP23.1

Texymuit KOHTPOJI:
OT4er 1O  TMpaKTHYECKOU
pabore

12. | Tpakruueckas padbora Ne4 SQL Hive

OP2.1.1,0P 2.1.2,
OP2.2.1,0P2.2.2,

Texyuii KOHTPOIIb:
OTyeT 1O NPAKTHYECKOU




OP2.3.1 pabote

. OP2.1.1,0P 2.1.2, Texyuiuii KOHTPOJIb:
iszTI?eCKaﬂ padora  Nes.  Hrorosoe OP2.2.1,0P2.22, OTyeT 1O  IPAKTHYIECKOU
Jlani OP2.3.1 pabote

13.

3. OuneHouyHble cCpeacTBa /Js NPOBEAEHHS TEKYIIero KOHTPOJS M MeTOAHYecKHe
MaTepHaJibl, ONpeesIIoNIe MPOIeTyPy UX OIleHUBAHUS
TekyImuii KOHTPOJIb TIPOBOIUTCSI B TEUCHHE CEMECTPA C eI OTPENIEIICHUS] YPOBHS YCBOCHHUS
oOyvaromumucs 3HaHWi, (QOpPMHpPOBAHHS YMEHUH U HABBIKOB, CBOCBPEMEHHOTO BBISBIICHUS
IpernojiaBaTesieM HEJ0CTAaTKOB B TOATOTOBKE OOYYAFOIIUXCS W MPUHSTHS HEOOXOIMMBIX MEp IO ee
KOPPEKTHPOBKE, a TakKKe I COBEPIICHCTBOBAHUS METONUKH OOy4YeHUS, OpraHW3aluu y4eOHOM
paboThl, U puKcUpyeTcs B (hopMe KOHTPOIBHOM TOYKH HE MEHEE OJHOTO pa3a B CEMECTP.
Texymuii KOHTPOJIb BKIIOUACT B CeOsi: TECTOBBIE 3aJ[aHMUs, MOCEIAEMOCTh, CAMOCTOSTEIBHYIO
pabory.

J{nst mpoBeEHUSI TEKYIIET0 KOHTPOJISI UCIIOJIb3YETCS:
TunoBsie 3aAaHus A MPOBEACHUS TEKYIIETO KOHTPOJIS YCIIEBAEMOCTH MO AUCIUIUIMHE (TECThI U
BBITIOJTHEHUE MTPAKTUYECKUX 3aTaHHH ).

3.1. Tect Nel

2008 v|
1) BriepBbie TepMuH «OOJbIIME JAaHHBIC» TMOSBUICA B MPECCE B TOAYy, KOTJia PeIaKkTop )
xkypHana Nature Knuddopn JluHu BBIMyCTHI CTaThl0 HAa TeMy pa3BUTUsA OyaylIero HayKd C
IIOMOIIBIO TEXHOIOTHI pa60Tr,1 ¢ OOJIBIINM KOJUYECTBOM JaHHBIX.

2) OcHoBHBIC HCTOUYHUKH MHGOopManmu 71 Big Data. Beioepure onuH Ui HECKOJIBKO OTBETOB:
a.MHTEPHET-KOMMEPLUA

b.TenexoMMyHHUKaIUN
c.puHaHcoBas cepa
d. puteiin

3) CTpyKTypUpOBaHHbIE U HECTPYKTYPHUPOBAHHBIE JAHHBIE OTPOMHBIX 00bEMOB U 3HAUUTEIHHOTO
MHOT000pa3us 3T0...
4) CoorHecure BakHelmue HanpasieHus Big Data u ux onpeneneHus

) OTtBer 1
Variety
| BO3MOXHOCTb O4HOB pPEMEHHO O6pa6aTbIB aTb pa3nnyHble TUNbl JaHHbIX. j
. Ortset 2
Velocity
| CKOPOCTb npupocTa n HeOﬁXO,EWIMOCTI/I 6bICTp0l7I OGDaﬁOTKVI AaHHbIX ONA Nofly4YeHua pe3ynbTaToB. j
OTBet 3
Volume
| BENUYMHa pranyeckoro oobLEma j

5) CootHecure MCTOIWKHU aHaJIn3a OOJIBIINX AAaHHBIX U UX OIPCACIICHUSA

Genetic algorithms

OtBet 1




B 3T0i1 MeTOnMKe BO3MOXKHBIC PEIICHHS MPEIACTABISIOT B BUJIE «XPOMOCOM», KOTOPBIC MOTYT
KOMOMHHUPOBAThCS © MyTUpOBaTh. Kak 1 B mporecce eCTeCTBEHHOH YBOJIOLIH, BEDKHBACT Hanbosee
MPUCIIOCOOIICHHAs 0COOb.

Machine learning
Ortser 2

HaHpaBHeHI/Ie, KOTOpPOC IIPECICAYCT LCJIb CO3JaHUA aJITOPUTMOB CaMOO6y‘l€HI/IH Ha OCHOBC
aHaJIn3a SMIIMPHUYCCKHUX JAHHBIX

Visualization
OtBeT 3

Metoasl rpaduyeckoro MNpeACTaBICHUs pe3yJIbTaToOB aHalu3a OONbIIMX JAHHBIX B BHJE
JyarpamMm Wid aHUMHPOBaHHBIX U300paykeHUI

Crowdsourcing
Ortser 4

Mertoauka c6opa JaHHBIX M3 OOJIBIIIOrO KOJIMYECTBA HCTOYHUKOB.,

Data mining
Otset 5

HaGop Meromuk, KOTOpBIM TO3BOJSET ONpeneianuTh Hauboiee BOCHPUUMYUBBIE IS
MIPOJIBUTAEMOTO TMPOAYKTa WM YCIYTH KaTeropuu MOTpeOHuTesei, BEISIBUTh 0COOCHHOCTH Hanbomee
YCHEUIHBIX paOOTHUKOB, MTPE/ICKa3aTh MOBEIEHYECKYI0 MOIENb OTpeduTenei

6) TexHomaorus BbISIBICHUS CKPBITBIX B3aMOCBS3CH BHYTPH OonpIINX 0a3 JaHHBIX 3TO...

Tect Ne2

1) Mogens  pacnpenenéHHBIX  BBIYMCICHHH, TpeAcTaBieHHas kommanuei  Google,
UCTONb3yeTcs KOMIAaHUEH B KOMIBIOTEPHBIX KJacTepax JUlsl MapajljielbHbIX BBIYMCICHUN
HaJ OYCHb OOJBIINMHU, TaXKE HECKOJIBKO MeTa0aiT, HabopaMu JaHHBIX 3TO...

2) Coornecute maru MapReduce u ux aelictsue

Reduce

Otser 1

[TpoucxonuT cBEPTKA NpeABAPUTEIHLHO OOPaOOTaHHBIX JaHHBIX.

Shuffle



OtBert 2

B »o10it cragum BeBoxm (yHKIMH map «pa3Oupaercs MO KOp3uHaM» — Kaxkaas KOp3WHa
COOTBETCTBYET OJJHOMY KJIFOUY BBIBOZIA CTaJIMU map.

Map
Ortser 3

[Tpoucxonut npenBapuTenbHas 00padoTKa BXOIHBIX JIAHHBIX.

3) IIpoext ponma Apache Software Foundation, cBoO0mHO pacpocTpaHsieMblii HAOOp yTHIIUT,
oubmoTexk u (HpeHMBOPK I pa3paOOTKH U BBIOJHEHUS PACIPENCIEHHBIX MPOTPaMM,
paboTaronx Ha KjlacTepax U3 COTeH U ThICSY Y3JIOB 3TO...

CootHecute ocHOBHBIE koMoHeHTHI Hadoop u ux mpenHa3zHaueHue
Hadoop YARN
OtseT 1

GpeiMBOpPK JUIS YIpaBICHUS pecypcamMH KiacTepa M MEHEDKMEHTa 3aJad, B TOM YHCIIEe
BKIIOUaeT (pperimBopk MapReduce.

Hadoop Distributed File System
Otser 2

pacnpenenénHas (QaiioBas cucTeMa, MO3BOJSIONIAsS XPaHUTh HHPOPMALMIO MPAKTUYECKU
HEOr'paHUYEHHOTo 00BEMA.

Hadoop Common
Otser 3

OnbIMoTeKN ympaBieHus (GaioBBIMH CHCTEMaMH, ToaepkuBaeMbiMi Hadoop, u crieHapuun
CO3J1aHHs HEOOXOIMMON MHPPACTPYKTYPHI U YIIPABICHUS pacpeaeéHHON 00paboTKOiA.

4) basa naHHBIX, B KOTOPOW B OTJIMYHE OT OOJILITUHCTBA TPAIUIIMOHHBIX CUCTEM 0a3 JTaHHBIX
HE MCIOJIb3YETCs TaOJMYHasl CXeMa CTPOK M CTONOOB. B 3THX 0a3ax MaHHBIX MPUMEHSIETCS
MOJIeNIb XpaHEHUs, ONTUMHU3UPOBAHHAS TOJ] KOHKPETHbIE TPEOOBAHUS THIIA XPAHUMBIX
JIQaHHBIX.

BriOepute onuH OTBET:
a. PCHHHI/IOHHa}I 68.33. JaHHBIX
b. Hepensuuonnas 6a3a JTaHHBIX

c. basa maHHpIX B namMsaTH



Cootnecure tumsl 6a3 nanabix NoSQL ¢ ux npenHazHayeHUEM
JIOKyMEHTO-OpUEHTUPOBAHHbIE
Otser 1

[IpennazHaveHbl 1151 XpaHEHUSI HEPAPXUUECKUX CTPYKTYP JAaHHBIX.

I'padoBbie
Otser 2

[Ipennasnavensl i o0ecriedeHrs: ynoOCTBa CO3MaHUS M 3allycka MPHUIIOKEHUI ¢ Habopamu
CJIO’KHO CBSI3HBIX JAHHBIX.

Cronb1oBbIe (KOTOHOUHBIC)
Ortser 3

JlaHHbIE XpaHATCS B BUJAE PA3PEKECHHON MATPUIIbl, CTPOKH U CTOJIOIBI KOTOPOM UCIIONIB3YIOTCS
KaK KJIFOUH.

Xpanunuuie «Knrou-3HaueHue»
Otser 4

Tun 6a3 JaHHBIX, B KOTOPOM [JisI XpaHCHUA [OAaHHBIX HCIOJb3YCTCA HpOCTOﬁ METOA
CKIIOY-3HAYCHHUCH .

5) In-memory database - 3T0 THII HEPEIAIMOHHOMN 0a3bl JaHHBIX, KOTOPAsi OMUPACTCS TIaBHBIM

| onepatuBHylo ¥

06pa30M Ha MMaMsThb JJIA XPpaHCHUSA JaHHBIX

4. OneHoOYHbIE CPeICTBA JJIA MPOBeAeHUS MPOMEKYTOYHOM aTTecTAlNU

TeMbl U colep:KkaHMe PAKTHYECKHUX PadoT
IIpakTnyeckas padora Nel Terminal

1. Briienure v onummTe OCHOBHBIC TIPEUMYIIIECTBa pa3BEépThiBaHus kiaactepa Hadoop B
«obmake». CocTaBbTe KpaTKU OTYET.

2. Ckauaiite 06pa3 BuptyanbHoi MamuHbl Cloudera QuickStart
(CKa4are) MpeaoCTaBICHHBIH CIOHCOPaMH Il 00pa30BaTeIbHbIX IIeeH.

3. YcranoBuTe U 3amycTuTe BUpTyanbHyro MamuHy Cloudera QuickStart. CoctaBbTe

KpPaTKHUM OTYET.
4. Cosnatite B HDES pa6ouyto manky "labl1".

5. ITpoussenute 3arpy3ky B HDES Bcex ¢aitnoB u3 apxusa data_labl.zip B co3nannyio
paHee aupekTopuio. BeiBenuTe Ha sKpaH nepBbie 15 cTpouek daiina.
6. Nzyuute kox mkdir.java u3 Bnoxenus hdfs mkdir.zip. Ucnone3ys

CKOMITMJIMPOBaHHBIN jar-rakeT hdfs client.jar ¢ momonisto komauas! «hadoop jar hdfs client.jar
mkdir [Directory Path]» co3naiite padouyto aupexroputo labl _files. Onummre BbIBOI pabOTHI
jar-makeTa Impy ero KOppeKTHOM U HEKOPPEKTHOM HCIIOIb30BaHNH, a TAKXKE B CITydasx, KOraa
TUPEKTOPHS y’KE CYIIECTBYET.


https://moodle.tsu.ru/mod/glossary/showentry.php?eid=66431&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41866&displayformat=dictionary
https://keybase.pub/alexsofter/Big_Data_lit/cloudera-quickstart-vm-5.13.0-0-virtualbox.zip
https://keybase.pub/alexsofter/Big_Data_lit/cloudera-quickstart-vm-5.13.0-0-virtualbox.zip
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41866&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary

IIpakTnyeckas padora Ne2 MapReduce

1. 3anycture ckomnmnrpoBanHbiii WordCount.jar maket ucronb3yss YARN.

2. 3amyctute python ckpuntsl mapper.py u reducer.py B Buae hadoop-streaming 3aiauu
JUIsl JaHHBIX NIPUJIOKEHHBIX B apXUBE.

3. Onuire kKakuM o0pazom HeoOxonumo u3MeHuTh kog WordCount.java, 4ToObl
CKOMITMJIMPOBAHHBINA NTAKET MOXHO OBLIO 3aITyCKaTh C apryMEHTaMU BXOJHAsI U BBIXO/IHAsS
JUPEKTOpUs?

4. OnumuTe Kakum o0pa3omM HeoOxomuMo u3MeHnTh koa WordCount.java, 4ToObI

pe3ym>TaT ImoacyeTra 4actoT OH_II/I60LIHO ITOKa3bIBAJI YI[BOGHHBIC 3HAUYCHUSI. HpC,Z[JIO)KI/ITe 2 BapI/IaHTa
MpaBoK: JiyIs aTana Map u jyist atana Reduce.

IIpakTnyeckas padora Ne3 Pig Latin
1.  Ilpomssenute 0b6pabotky daiina 2018.txt mimm 2019.txt u3 apxusa, data_lab3.zip c
nomonibio ckpunra Pig latin:
1. TlpousBenute 3arpysKy.
N3Bnekute nepsoie 30 cTpok daiina.
BriBequTe nx Ha 3KpaH.
[IpousBenure rpynnupoBky no npusHaky DATE.
[Tpon3BennTe aHaNM3 YCPEAHEHUS 110 BBIACICHHBIM IPYTINaM.
[TpousBenuTe COPTUPOBKY PE3YIBTATOB.
7. BoiBeaute Ha 3kpad 10 cTpok pesynbrara.
2. TloBropute onepauuu A (aiiinoB u3 apxusa lab3 variant.zip coracHO Baliemy
BapuaHTy. COBMECTHO C yCpEIHEHHEM UCTIONB3YHTE TaKXKe arperupyromue GyHKIuI
MUHUMYMa U MaKCUMyMa.

SARNANE Sl el

IIpakTnyeckas padora Ne4 SQL Hive

1. [TpousBenute 006paboTky daitna 2018.txt, u3 apxuBa NPUIOKEHHOTO K 33/1aHUIO, C
oMol ckpunta Pig latin:

- Co3naiiTe HOBYIO 06a3y TaHHBIX

- Co3znaiite cxeMmy pesIIHOHHON TaOIUIIbI

— IIpounsBenuTe 3arpy3Ky JaHHBIX

- N3Bnexure nepseie 10 cTpok daitna

- Co3zpnaiite view ¢ rpynnupoBkoii no npusHaky DATE u ananuzoM ycpenHeHus 1o
BBIJICJICHHBIM IpyIIIIamMm

— Crenaiite 3anpoc K view 1 IPOU3BEIUTE COPTUPOBKY PE3yJIbTaTOB

— CoxpaHute pe3yabpTar B Ta0IuIe

2. [ToBropuTe onepauuu ajst Ipyrux (aiioB apxuBa, COINACHO CBOEMY BAPHAHTY.
CoOBMECTHO € yCpEJHEHHUEM HCIIONb3YyHTE TAKKE arperupyomue GyHKIu MUHUIMyMa 1 MaKCUMyMa.

Ilpakmuueckan paboma Ne5. Hmozoeoe 3ad0anue

B sTOM 3amaHNM BaM HY>KHO MPOJIEMOHCTPUPOBATh YMEHHUE UCIIONb30BaHUS
komrnoHeHT Hadoop:

—~ HDFS

—~ MapReduce

—~ Pig

- Hive

1. Bri6epute HaOop TaOIMYHBIX JaHHBIX U COXPAHUTE €T0 (HampuMep, ¢ MOMOIIbio MS
Excel) B TekctoBsbiii popmar (CSV). D10 MOTYT OBITH TaHHBIE, CBA3aHHBIC C Bameil nesTensHOCThIO,
OTKPBITHIE TaHHBIE, MOJICIbHBIE TaHHBIC.

2. [IpownsBenuTe Mccaea0BaHUE MO IUIAHY:

—  BwibGepure Bapuant undpactpykrypsl Hadoop


https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41866&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41866&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41868&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41865&displayformat=dictionary
https://moodle.tsu.ru/mod/glossary/showentry.php?eid=41866&displayformat=dictionary

—  IIpousBeaure 3arpy3Ky AaHHBIX
[TpoBenute 06pabOTKy naHHBIX cpeacTBamu Hadoop
—  IIpennoxure BapuaHTHI 10 00OTALICHUIO (pPaCIIMPEHUI0 Hab0pa MPU3HAKOB) MMEIOLIHXCS
JTAHHBIX.
[Ipunoxure KpaTKuil OTUET, COACPKALIUMN OMMCaHUE TAaHHBIX, TPOOIEMATUKy UX HAKOIUICHHUS
1 00paboTKH, IIary UCCiae0BaHus (110 TUTaHY BHIIIIE), BHIBOI.

K'pumepuu OUeHueanus zauema c 0l{€HKOﬁ.’

OneHka «OTJIMYHO» BBICTABISIETCS, MPH YCIOBUU ITyOOKOTO M MPOYHOIO 3HAHWS Marepuasa
Kypca, MCUEPIBIBAIOIETO, MOCIEI0BATEIbHOIO, YETKOTO U JIOTUYECKU BBICTPOEHHOro oTBeTa. [Ipn
OTBETE Ha BOIIPOC CTYJEHT HE TOJBKO M3JIaraeT MaTepHall, HO yMEEeT yBSA3bIBATh TEOPUIO C MPAKTHKOM,
NPUBOIUTH  TPUMEpPHl  WUTIOCTpupytomme  orBeT.  CTyaeHT CcBOOOJHO  CIpaBisieTcs  C
BBIYMCIIMTENIBHBIMU  33/1a4aMH, HE 3aTpPyAHSETCSs C OTBETOM NP BHUJIOM3MEHEHHMM 3aJlaHUU,
UCTIONB3YEeT B OTBETE MaTepual U3 pa3IMYHbIX UCTOYHHKOB JIUTEPATYPHl, IPABUILHO 0OOCHOBHIBAET
CBOM DEIICHMs, BIIAJEET PA3HOCTOPOHHMMHM HABBIKAMH M NPHUEMAMH BBIIIOJHEHHS 3aJaHUM 1O
(opMHPOBaHUIO POPECCUOHATBHBIX KOMITETEHIINH.

OneHka «XOpOILIO» BBICTABISETCS CTYAEHTY, NPU YCIOBUM TBEPAOrO 3HAHUS MaTepHaa.
OtBeyas, CTyEHT I'paMOTHO U IO CYILECTBY, U3JIaraeT MaTepuall Kypca, He I0IIycKasl CyIlleCTBEHHbIX
HETOYHOCTEH B OTBETE Ha BOIPOC, NMPABWIBHO IMPUMEHSET TEOPETHUECKUE 3HAHMUS NPHU PEIIECHUU
MPAaKTUYECKUX 3aJa4, pelraeT THIOBbIE 3a7aud 0e3 OMIMOOK, MOXKET 3aTPYIHSATHCS C OTBETOM IPH
BHUJIOM3MEHEHUH 33JJaHUM, UCIIBITHIBAET TPYAHOCTH B PUBEICHUS IPAKTUYECKUX IPUMEPOB.

OneHka «yIOBJIETBOPUTENBHO» BBICTABIISETCS CTYAEHTY, KOIZa OH HMMEET 3HAHHUS TOJIBKO
OCHOBHOTO MaTepuajia, HCIONb3yeT B OTBETaX HETOYHbIE (HOPMYIUPOBKH, MPU OTBETE €CTh
HapylLIeHHUs JIOTUYECKOW IIOCJIEOBATEIbHOCTH B M3JIOKEHUS BOIPOCA, CTYAEHT MCIBITHIBAET
CIOKHOCTH IpU BBIOJIHEHUM TPAKTHUYECKUX 3aJaHUM, 3aTpydHSETCs CBA3aTb TEOPUI C
MIPAKTUYECKUMU IPUMEPAMHU.

OneHka «HEyJOBIETBOPUTEIILHO» BBICTABISETCS CTYIEHTY, KOTOPbIH HE 3HAeT OOJbIIeH YacTu
MIPOrpaMMHOTO MaTepuaia, HEYBEpPEHHO OTBEYAET Ha BOMPOC, AOMYCKAET rpyOble OMMOKH, HE MOXKET
pELIUTh TUIIOBBIE 3aa4u.
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