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Y4ueOHblii nniaH maructpatypsl '01.04.02 Big Data and Data Science 2024.plx', kog HanpaBneHus 01.04.02, rog Havana noArotoBku 2024

CopepxaHne

Cnoco6eH OcyLLecTBsATL KPUTUYECKMIA aHA/IM3 NPOGIEMHbIX CUTYaLMii HA OCHOBE CUCTEMHOrO NMoAxoAa, BbipabaTbiBaTb CTpATeruio AeicTBuit

BbISIBNSIeT NPO6/EMHYIO CUTyaLMI0, HA OCHOBE CUCTEMHOrO MOAX0Aa OCYLLEeCTBNsIeT eé MHOro(aKTOPHbIA aHaN3 U ANArHOCTHKY.

OcyLLEeCTBMSIET MOUCK, 0T6OP U CUCTEMATU3ALMIO MH(OPMALIUM AN ONPEeAeNieHUs aflbTepHATUBHLIX BApUAHTOB CTPATErMUECcKUX peLleHuii B
npo6/emMHoli cuTyaumu.

MpefnaraeT 1 060CHOBLIBAET CTPATErMIO AelCTBUIA C yUeTOM OrpaHUuYeHuii, PUCKOB 1 BO3MOXHbIX MOCNeACTBUIA.
Cnoco6eH ynpaBnaTb NPOEKTOM Ha BCEX 3Tarnax ero XM3HeHHOro LuKa
dopMynMpyeT Lefb NpoekTa, 060CHOBLIBAET €ro 3HAUNMOCTb U Peain3yeMocTb.

Pa3pa6atbiBaeT Nporpammy AeiicTBUiA N0 peLLeHnto 334a4 NPOeKTa C y4eTOM UMEIOLLMXCS PECYPCOB U OFPaHUUYEHWIA.

Ob6ecneunBaeT BbINOHEHVE NPOEKTa B COOTBETCTBUM C YCTAHOB/IEHHbLIMWU LENAMN, CPOKaMKU U 3aTpaTamMin.

Cnoco6eH opraHnW3oBbIBaTL U PYKOBOAUTL paboToii KOMaHzbl, BblpabaTbiBas KOMaHAHYO CTpaTeruio Ans AOCTUXEHWUs NOCTaBNeHHoOl Lenm

dopMUpyeT cTpaTernio KoMaHaHol paGoTbl Ha OCHOBE COBMECTHOIO 06CYXAeHUs Leneil U HanpaBneHuil AesiTeNbHOCTU AN UX Peann3aLum.

OpraHusyeT paGoTy KOMaHfpl C y4EeTOM OGBLEKTUBHbIX YCNOBUIA (TEXHOMOMMS, BHELUHME (PAKTOPbl, OFPaHUYeHNsT) U UHAMBUAYANbHbBIX
BO3MOXHOCTEl UNEeHOB KOMaHApbI.

Ob6ecneunBaeT BbINOHEHME MOCTaB/IEHHbIX 3ajay4 Ha OCHOBE MOHUTOPUHra KOMaH,qHOI\/'I pa6OTbI U CBOEBPEMEHHOrO pearnpoBaHnA Ha
CyulleCTBEHHbIE OTK/IOHEHUA.

Cnoco6eH MPUMEHSITb COBPEMEHHbIE KOMMYHUKATVBHbIE TEXHOMOTMN, B TOM YKC/e Ha UHOCTPAHHOM sA3biKe, A/s1 aKafeMUYecKoro U
NpogeccMOHaNILHOTO B3aVMOAENCTBUS

OG6OCHOBbLIBAET BbIGOP aKTyaslbHbIX KOMMYHUKATUBHbIX TEXHOMOMMA (MH(hOPMALMOHHbIE TEXHOOMMI, MOAEPUPOBaHVe, Meauauus u ap.) ans
o6ecrneyeHns akaleMMyYeckoro U NpogeccOHaNbHOTO B3aVMOAENCTBYS.

MpVMEHSIET COBPEMEHHbIE CPEACTBA KOMMYHMKALWMW [/ MOBbILEHUs 3PhEKTUBHOCTY aKageMnyeckoro n npogeccmoHanbLHoro
B3aMMOZENCTBUS, B TOM YMC/e HA UHOCTPAHHOM Si3bIKe.

OueHuvBaeTt Sfbd)eKTMBHOCTb NPUMeHEeHNA COBPEMEHHbLIX KOMMYHUKaTUBHbIX TEXHOJIOTUiA B akageMmyeckom u I'IpO('bECCI/IOHaJ'IbHOM
B3aVIMO,CI|eI7ICTBVIFIX.

Cnoco6eH aHaNM3MpoBaTh 1 yUUTbIBaTL PasHOO6pa3ve Ky/bTyp B MPOLEecce MEXKY/blypHOro B3aumoaeicTBus

BbisiBnsieT, conocTtasnseT, TUMNOIorn3npyeTt csoeoﬁpasme KynbTyp Ana pa3pa60TKM CTpaTternun BSaI/IMO,D,eVICTBI/Iﬂ C NX HOCUTENAMMU.

OpraHusyeT 1 MOAEpUpPYeT MEXKY/bTYpHOe B3aumogelicTeue.

CnocobeH onpeaenaTb U pean3oBbiBaTb MPUOPUTETHI CcO6CTBEHHOM AeATeNbHOCTN U crnocoo6sl ee COBepLUIEeHCTBOBaHNA Ha OCHOBe
camMOoOLEeHKN

Pa3pabatbiBaeT CTpaTeruio JIMYHOCTHOTO U MPOJECCUOHANILHOTO Pa3BUTHSI HA OCHOBE COOTHECEHWUsl COBCTBEHHbIX Lienieil U BO3MOXHOCTEN ¢
pasBuTUEM M36paHHOl chepbl NPOECCUOHALHON AeaTeNbHOCTH.

PeannayeT U KOPPEeKTUPYeT CTPATEruio JIMYHOCTHOTO U NPOECCUOHAILHOTO Pa3BUTUS C YUETOM KOHBLIOHKTYPbI U MEPCneKTB pasBuTus
pblHKa Tpyaa.

OueHMBaeT pesy/bTaTbl peann3aluum CTpaTeruy TMYHOCTHOTO U NPOECCHOHAILHOTO Pa3BUTUSI HA OCHOBE aHanm3a (pediekcumn) cBoeld
[eTeNbHOCTU U BHELUHUX CYXXAEHWIA.

CnocobeH pellaTb akTyasibHble 3aa4n PyHAAMEHTAIbHON 1 NPUKIaAHOM MaTeMaTuKu
1un33
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YuebHbih nnaH maructpatypbl '01.04.02 Big Data and Data Science 2024.plx', kog HanpasneHus 01.04.02,

CopepxxaHne
AHanuaunpyeTt npobaemMbl B 0651acTV yHAaMEHTa/IbHOW 1 NPUKNaaHOW MaTemMaTuKu.
PopmMynupyeT 3agaun uccnefoBaHus.
PewwaeT akTyanbHble 3afayun hyHAaMeHTa/IbHOM U NPUKNALHON MaTeMaTuKW.
CnocobeH COBEPLLEHCTBOBATL 1 Peasin30BbIBATL HOBble MaTeMaTuyeckue MeToAbl PeLleHns NPUKIagHbIX 3ataq
Wcnonb3yeT pe3ynbTaTbl NPUKIaAHOM MaTeMaTuky 41s OCBOEHWS, afanTauuy HOBbIX METOAOB pelleHns 3agady B 061acTy cBouX

NpoheccMoHaIbHbIX MHTEPECOB.

Peanu3yeT 1 COBEpLUEHCTBYET HOBble METOAbI, PELIEHVs NPUKIaAHbLIX 3afa4 B 06/1aCT NPO(ECCUOHANBHON AeaTeNbHOCTH.

MposoguTt Ka4YeCTBEHHbIA U KOIMYECTBEHHbIN aHanu3 Nosly4eHHOro pelweHna ¢ uesbko NocTpoeHns onTUMaslbHOro BapuaHTa.

CnocobeH pa3pabaTbiBaTb MaTEMaTUUECKME MOAENM U NPOBOAUTL UX aHa/IM3 NpK peLleHun 3afady B 06/1acTi npoeccroHabHol
[esiTeNnbHOCTU

Pa3pa6aTtbiBaeT MaTemMaTMUyeckue Moenn B 0671acT NPUKNaAHOM MaTeMaTUKL U MHEOPMATUKN.
AHanM3npyeT MaTeMaTu4eckue MOAE/N /s peLleHus NPUKNagHbIX 3aaad NpodeccMoHaibHol AesTenbHOCTH.

Pa3pa6atbiBaeT 1 aHaIM3NPYeT HOBblE MaTeMaTUYeckue MOLENN ANl PelleHns NPUKNaAHbIX 3a4a4y NPodeccMoHabHON AeaTensHOCTU B
o651acTy NPUKNaAHON MaTeMaTUKU U UHAOPMATUKN.

Cnoco6eH KOM6UHMPOBATL ¥ aAanTMPOBaTh CYLLECTBYIOLIME UHAOPMALMOHHO-KOMMYHUKALMOHHbIE TEXHOMOTUW AN PELLeHns 3afad B
06/1acTy NPOIECCUOHANBHON AeATENLHOCTY € yYeToM Tpe6oBaHuii MH(OPMALMOHHOK Ge30MacHoCTM

AHanM3npyeT 3afjaun NpuUKIagHoli MaTeMaTuKM U UHAOPMATUKA CPescTBaMy UH(OPMALMOHHBIX TEXHOMOTUIA.

YUnTbIBAET OCHOBHbIE TPEGOBaHNS UH(OPMALMOHHOK 6e30MacHOCTY.

Mcnonb3yeT coBpeMeHHble MHOPMaLYOHHO-KOMMYHUKaLMOHHbIE TEXHOMOMMN AN pelleHns 3a4a4y B 061acTi NPUKIaHOM maTemaTuki v
MH(OPMATUKUN C YH4ETOM TpeboBaHWUiA MHhOpMaLMOHHOK 6e30MacHoCTU.

Cnoco6eH paspabaTbiBaTh U MPUMEHSTb MaTeMaTUYECKUe MEeTOAbl, alrOpUTMbl, MPOrpaMMHOe o6ecrneyeHre ANs PeLleHns 3aaad HayuHo-
1ccnefoBaTeIbCKo N NPOEKTHOW AesTeNnbHOCTH

AHaNM3MpyeT 3aJaun HayuyHO-UCCNe0BaTE/IbCKOM W NPOEKTHON AeATEIbHOCTY C Lie/blo BbIGopa MaTeMaTMyeckoro 1 aropuTMUYecKoro
VHCTPYMeHTapus

MpUMEHSIET CyLLecTBYIOLLME MaTeMaTUYeckme MeTofpl, anropuTMbl U MPOrpaMMHoe 0GecneyeHre ANs PeLleHns 3a4a4 B 061acTv
NpoeCcCHOHANLHON fesTeNbHOCTH

Pa3pabatbiBaeT HOBble MeTOfbl, MOZE/NMN, aNropuTMbl U NporpaMmMHoe obecnedeHue Ans pelleHust 3a4ad B 061acTyi NpodeccuoHanbHow
fesiTenbHoCTH

CnocobeH npoBoAnUTb Hay4HO-UccnenoBaTebCKkme pa3pa60TK|/| npu nccnefgoBaHMM CaMOCTOATESIbHBIX TEM, a TaKXe TeM, onpeaensaemMbix
3aKa34yMkom, nony4vyatb HOBble Hay4dHble W NMpUKNaaHble pe3y/ibTaTbl CAMOCTOATE/IbHO M B COCTaBe Hay4YHOro KOJI/1eKTuBa

AHaNM3npyeT TEMATUKY Hay4HO-UCCNefoBaTeNbCKME Pa3paboTKM C Le/blo YETKOro onpesesieHnst 3a4ay UCCnefoBaHus, usyyeHus
npeaMeTHol o6nacTu

Llekomno3vpyeT npoLecc Hay4yHo-/CcCneaoBaTebckue paspaboTky Ha aTarbl, yMEeT YeTKO OMnpefensaTh Leu 1 3afadun Kaxaoro atana

CnocobeH nosy4vyarb HOBblE Hay4Hble U NPUKNaAHble pe3y/bTaTbl CAMOCTOATE/IbHO N B COCTaBe Hay4YHOro Ko/11IeEKTUBa

Cnoco6eH NpeaAcTaBnsiTb pe3ynbTaTbl HAYYHbIX UCCEA0BaHWIA, O(hOPMISATL TEXHAUECKYHO AOKYMEHTAUUN HA Pa3/NYHbIX CTaAusX paspaboTku

npoekTta
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YuebHblii nnaH marnctpatypbl '01.04.02 Big Data and Data Science 2024.plx', kog HanpaneHunsa 01.04.02, rog Havana noarotoBku 2024

CopgepxxaHne
YMeeT YeTKO 1 AACHO onucaTb MoJlyYeHHble HayyHble pe3ysnbTaTbl C NPUBEAEHUEM [0Ka3aTeNbCTB, apryMeHToB, NpUMepoB BHEAPEHUS

CnocobeH 0hopM/IATbL TEXHUYECKYO AOKYMeHTauuo, otueTsl no HP, HVIOKP, cornacHo AencTByrOWMX CTaHAApTOB 0hOpPMIEHMS
TEXHUYECKON JOKYMeHTauun

CnocobeH K HanucaHuto cTartei, 0630pOB, B TOM YMC/IE Ha aHT/INACKOM SA3bIKe

Cnoco6eH onpefensaTs NPo6IeMHy0 CUTyaLuIo, CTaBUTL 334adn aHan3a JaHHbIX B OGLECTBEHHbIX HayKax, NoA6mpaTb MaTteMaTuyeckuii u
annapaTtHbIii MHCTPYMEHTapUiA ANs NX peLueHnst

[aeT oLeHKy noBefeHNst 06LLEeCTBa UM ero OTAE/bHbLIX FPYMn Ha OCHOBE aHanM3a AaHHbIX
Co6vipaeT MHOPMALIMIO U3 CeTU VIHTEpHET, B T.4. N3 coLMaNbHLIX ceTell, 1 o6pabaTbiBaeT ee
AHaIN3MPYET NOJYyUYEHHYH0 UH(HOPMALMIO N HAXOAUT CKPbIThble 3aKOHOMEPHOCTH

CnocobeH Bbl6|/|paTb MeToAbl, OCpOpMI'IFlTb TeXHU4YecKoe 3aaHne n pa3pa6aTb|BaTb a/IrfoOpUTMbl pelleHna 3agady aHasn3a npoMbILLNEHHbIX
AaHHbIX

Vicrnonb3yeT coBpeMEHHbIE TEXHOMOMNN 06pa6OTKI/I I/IH['bOpMaLl'I/IVI, BbIHNC/IUTENIbHYKO TEXHUKY MPU pelleHnn 3aaa4y aHa/i3a NPOMbILWIEHHbIX
AaHHbIX

YMeeT Npou3BoanTb C60p NMPOMBILLEHHBIX AaHHbIX, 3HAET CNeLudUKy Takux faHHbIX

OdhopMAsieT TEXHNUECKOe 3aaaHune 418 3aaun NpodecCroHabHON 06nacTu

Cnoco6eH ynpaensiTb NojyyYeHveM, XpaHeHeM, nepegayeil, 06paboTKoi GOMbLINX AaHHbIX
OCyLLECTBNSAET MOHUTOPUHT U OLEHKY NPOU3BOAUTENILHOCTY 06pa6oTKM GOMbLUMX AaHHbIX
icnonb3yeT MeTofbl U UHCTPYMEHTbI MOMYUYEHUs, XpaHeHuUs, nepegayn, o6paboTku GOMbLUMX AaHHbIX

Pa3pab6atbiBaeT NPeanoXeHnsi Mo MNOBbILLEHUIO NPOU3BOAUTENBHOCTY 06pa6oTKM 6OMbLUMX AaHHbIX
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CBOJAHbIE OAHHBIE  Y4yebHbIi nnaH marnctpatypsbl '_01.04.02_Big_Data_and_Data_Science_2024.plx', ko HanpasneHus 01.04.02, rog Hayana noarotosku 2024

Wtoro Kypc 1 Kypc 2
ba3.% Bap.% AB(or e Bcero Cem. 1 Cem.2 Bcero Cem.3 Cewm. 4
Bap.)% MuH.  Maxkc. dakT
WToro (c dhakynbtatmsamm) 94 126 62 32 30 64 35 29
Wtoro no ON (6e3 thakynbTaTMBOB) 93 120 60 30 30 60 31 29
Ovicumnnuubl (Mogynn) 65% 35%  21.4% 60 81 54 27 T 27 27
ObsasarenbHas YacTb 53 48 27 21 5 5
oGpasonaTen e 2 ; s oz oz
MpakTnka 100% 0% 0% 30 30 6 3 3 24 4 20
Obs3aTefnibHas 4acTb 30 6 3 3 24 4 20
[ocypapcTBeHHaA UTorosas arrectaums 3 120 9 9 9
dakynbTaTvBHble ANCLUMNINHbI 1 120 6 2 2 4 4
Oon, dhakyneTtatmesbl (B nepuog TO) 54.6 - 55.6 53.6 - 55.5 53.4
YyebHan Harpyska (akaf.yac/Hen) On, thakynbTaTMBbl (B NEpMOA 3K3. ceccuit) 54 - 54 54 - 54
B Nnepwog, roc. 3K3aMeHoB - -
KoHTakTHas pabota B nepuog TO (akag.yac/Hep) on 16.2 - 19.7 19.4 - 19.5 3
Bnok b1 978.3 - 320 328.9 - 329.4
Bnok b2 149 - 36.25 36.25 - 36.25 40.25
CymmapHasi KOHTaKTHasi paboTa (akag, 4ac) Bnok B3 10.5 - - 10.5
Bnok ®Th 88.55 - 33.85 - 54.7
Wtoro no scem 6/10kam 1226.35 - 390.1 365.15 - 420.35 50.75
9K3AMEHbI (3K) 6 3 3 3
. 3AYETHI (3a) 5 1 4 6 6
O6s3atesibHble hOpPMbl MPOMEXYTOUHOI aTTecTaumm 3AUETBI C OLIEHKOIA (320) 3 ) . ) . .
KYPCOBbIE PABOTbI (KP) 2 1 1 1 1
NEKUMOHHbIX 32.74%
MPOLEHT ... 3aHATWIA OT ayauUTOpHbIX (%)
B MHTEpPaKTUBHON thopme 4.4%
O6bLEM 06513aTeNIbHOM YacTu OT 06Lero o6bLEma nporpammsl (%) 69.2%

O6BLEM KOHT. paboTbl OT 06LLero o6bLma BpEMEHM Ha peanmsauuio ancumnimH (moaynei) (%) 33.55%



