


1. Heab u niiaHupyemble pe3yabTaThbl OCBOCHHS JUCHUIIIMHBI (MOTYJIS)

[{enbto IUCUUIUIMHBI SBJISETCS U3YyYEHHE OCHOBHBIX MMPUHIIUIIOB U METO/IOB

ABTOMATHYECKOH 00pabOTKH TEKCTOB Ha eCTeCTBEHHOM si3bike (EST)

Lenpto ocBOEHUS AUCHUTLINHBI SBISETCS POPMUPOBAHUE CIAEAYIOIUX KOMITETEHIIUI:

IIK-4. Cmocoben pa3pabaTeiBaTh MPOTPAMMHBIA  KOJA MpHU pELICHUH  3ajad
ABTOMAaTHYECKOW 00pabOTKH TEKCTOB

PesynpTaTramMu 0CBOEHUS NUCLUIUIMHBI SBIISIOTCS CIEAYIOLUIME NHANKATOPBI JOCTHKECHUS
KOMIIETECHIINH:

NIIK-4.2. Co3naet mporpaMMHBIN KO € UCIIOIb30BAHUEM SI3bIKOB IIPOIPaMMUPOBAHUS U
MaHHUITYJTUPOBAHMI TAaHHBIMU B c(pepe aBTOMATHUECKOW 00pabOTKU TEKCTOB

2. 3aaa4¥ 0CBOCHUSA TUCIHUIIIHHDI

— N3yuenue METOJIOB o0paboTku €CTECTBEHHOI'O A3BIKA, MpUMEHEHHE
MEXIUCIUTUTMHAPHBIX METOZOB B 00pa00TKE UCCIIEIOBATEILCKHUX JTaHHBIX.

— Hayunthbcsi MpUMEHATh MOHITHIHBIM MAaTEMATHYECKUM anmapart B 00JIaCTH JIMHT BUCTHKHU
JUTSL pEIICHUS TPAKTUYECKHX 33729 MPOo(hecCHOHATLHOU e TEIBHOCTH.

— [IpuoOpecTu HaBBIKM XpaHEHUS, CTPYKTYpU3AlMH, aHATTN3a U BU3YyaIH3aI[l TEKCTOBOTO
MaccHBa JIaHHbBIX

3. MecTo 1UCUMIIMHBI (MOAYJIsl) B CTPYKTYpe 00pa30oBaTeibHOI MPOrpaMMbl

JlucumriimHa OTHOCUTCST K dYacTH 0O0pa3oBaTeNbHOW MPOrpaMMBI, (OPMUPYEMOI
yYaCTHUKAMH 00pa30BaTEIbHBIX OTHOIIECHUH, TIpearacTcsl 00yJaroniuMcst Ha BEIOOD.

4. Cemectp(bl) ocBOeHHS U (GopMa(bl) MPOMEKYTOUHON ATTECTANMH MO JUCUMUILINHE

Cemectp 7, 3auer.

5. Bxoanble TpeOOBaHMs AJ151 OCBOCHUS TUCUMILINHBI

Jljis ycrenHoro oCBOGHHs TUCIUILUIUHBI TPEOYIOTCS KOMIETEHIIUH, COPMUPOBAHHBIE B
XO0JIe OCBOEHHsI 00pa30BaTeIbHBIX MPOTrPaMM NPEAMIECTBYIOLIETO YPOBHS 00pa30BaHusl.

JUia  yCHEIHOTro OCBOEHUS MAMCUUIUIMHBI TpeOyrTCs pe3yibTaTbl OOyuYeHHUs 10
CIeNyIOIMMM JucUuIUTMHAaM: «BBenenue B s3piko3HaHuWe», «OOmas doHeTnkay, «Oomas
Mopdomnorusy, «OO0mmii  cuHTakcuc», «MHPOpPMAaNMOHHBIE TEXHOJOTHHM W  OCHOBBI
UH(GOPMAIIMOHHON KYJIbTYPBHI B IMHTBUCTHKEY, «IH(OpMaTHKa U OCHOBBI IPOTPAMMHUPOBAHUS,
«KBaHTHUTATHUBHBIE METO/IbI TUHTBUCTUKINY, «BeposiTHOCTHBIE MOIETNY, «JIMHTBUCTHYECKHE 0a3bl
JAHHBIX).

6. S3bIk peanu3zanuu

Pyccknii

7. O0beM IUCHUILTHHBI (MOTYJIAA)

OO01ast TpyA0E€MKOCTh AUCLHUIUIMHBI COCTABIISAET 2 3.€., 72 4acoOB, U3 KOTOPBIX:
— nexuu: 0 4.;
— ceMuHapckue 3aHsaTus: 0 4.
— IpaKkTU4YecKue 3auatus: 32 4.;
— nabopaTtopHbie paboThI: 0 U.
B TOM YHCJIE TPaKTHYECKasl MOATOTOBKA: 32 u.
O0Bem caMocTOSITENbHOIN paboThI CTYIEHTA ONpeieieH yueOHbIM Tu1aHoM (38 u.).

8. Coaep:kanue TUCHUILINHBI (MOYJIs1), CTPYKTYPHMPOBAHHOE 110 TeMaM

Tema 1. OcHOBBI si3bIKa IporpaMMupoBanus R



CunTakcuc, 00bEKThI, KJIACChI, IEPEMEHHBIE, CTPYKTYPHI TaHHBIX.
Tewma 2. CioxHbI€ TUITBI JaHHBIX U paboTa ¢ HUMHU. BekTop, maTpuiia, MaccuB
[IpencraBnenne CTPyKTyp HaHHBIX (IIEpeMEHHBIX) B cpene R: BekTop, Mmarpuia,

natadpeiM, JIUCT.

Tema 3. Ynpasunsionye CTpyKTypbl. Y CJIOBHBIE ONEPATOPHI, IIUKIIBI, (YHKIIUN
OCHOBHBIE THUIBI YOPABISIOIUX CTPYKTYp, UX NPHUMEHEHUE B PA3HBIX CTPYKTYypax,

CHUHTAKCHUC U aJITOPUTM HAIIMCAHUA

Tema 4. IlapcuHr W CTPYKTypu3alus TEKCTOBBIX JAaHHBIX C TIOMOIIBIO SI3bIKA

nporpammupoBanus R

[Mapcunr web-cTpaHul], OCHOBHBIE TOJOXEHHS, JIOTMKAa MOCHKA U CTPYKTYypHU3alUH

uHpopmanuu. bubnmmoreka rvest. M3sneuenne nnpopmanuu uepe3 API (bubnuoreka Reurl)

Tema 5. IlpenponeccHr TEKCTOBBIX MAaCCHUBOB: TOKEHHW3AllWs, JIEMMaTU3alUs, €IUHbINA

PErucTp, yAAICHUH «IIyMay

VY nanenue cTon-cioB, IeMMaTH3alUsl TEKCTOB € MTOMOIIBI0 CTEMMEPOB (mystem)
Tema 6. CnoBapnas noanaepxka. Tunel cioBapeii. Co3nanue cioBapeit
Co3nmanne TeMaTUYECKHX CIIOBaped Misl KiaccHuUKaIMu TEKCToB (sentiment analysis,

topic modeling)

Tema 7. Buzyanuzanus TEKCTOBBIX JaHHBIX B R.
YacTOTHBIN aHAIN3, IOCTPOECHUE TUCTOIPAMM,
Tema 8. ABToMaTnueckuit aHanu3 yacteit peun B omdnuorexku UdPipe

[IpuHIMIIBI pa3MeTKH, BUIbI U TUIIBI MOP(OIOTHUECKUX TETTEPOB.
Tema 9. OnucarenbHasi CTATUCTHKA
ITouck u cpaBHEHUE JEeKceM B Kopmycax, MeTpuku cpaBHeHus: [IPM, TF-IDF, LL-score,

koo uuuent XKyiiana. ba3zoBas crarucTuka, GOKCIUIOT, THIT pacrpeieeHus], KOPPEIaLnuu

Tewma 10. Pa3paboTka yaT-00Ta
[TpuHuns! 1 MeTo B! co3ianus yac 60ToB. Pazpabotka yat 6ota uist [10 TenerpamMm
Tema 11. UToroBas npe3eHTanus npoekra.

9. Tekymnii KOHTPOJIb N0 AUCHUILIHHE

Texymuii KOHTPOJb OOpa30BAaTENBLHOW MpPOTrpamMMbl  (TEMBI, pas3jeiia, MOJIYJIS)

TpeOoBaHUAM 00pa30BaTENbHBIX CTAaHAAPTOB MO HAIMPABICHUSM MOArOTOBKH/CHEIMATBHOCTSIM.
Texymuil KOHTPOJIb yCIEBAEMOCTH OOY4YarOIIMXCsl HAMpaBIEH HAa ONPEJCICHUE COOTBETCTBUS
pe3yJIbTaTOB 00YUEHUS MOC]Ie OCBOCHUS 3JIEMEHTA 110 AUCIUILIMHE IPOBOIUTCS ITyTEM KOHTPOJIS
MIOCEIIaeMOCTH, TPOBENCHHUSI KOHTPOJBHBIX pabOT, TECTOB MO JIEKIMOHHOMY MaTepHany,
pa3paboTKU KOJIa, BBHIMOJIHEHUS JTOMALIHUX 3aJaHuil u Qukcupyercs B (opMe KOHTPOJIBHOM
TOUYKHM HE MEHEE OJJHOTrO pa3a B cemecTp. [IpumepHble 3aaHusl TEKYIIEr0 KOHTPOJIS:

HpI/IMepHHC TCCTOBBIC 3aJaHUA I10 2 MOAYIIO



#1.Jlan BeKkTOp LENbIX YrceN. VICKIIOYNTh M3 HEro a) MaKCHUMAabHBIA b)MUHUMAITBHBIHA
3JIEMEHT.

vec <- ¢(2,60,4,10)

#2. JlaH BEKTOp LIEJIBIX YHUCEJ, B KOTOPOM €CTh JIBa HYJEBBIX 3JieMeHTa. VICKIIOUUTH
HYJIEBBIE 3JIEMEHTHI.

vec <- ¢(3,0,7,0,0,3)

#3. Jlan BekTOop X HENBIX YHCEN U 1eNoe Yyucio b. VICKITIOYUTh U3 BEKTOPA JJIEMEHTHI,
paBHbIE b.

#4. Jlan BexTop nenbix uncen u yucia Al, A2 u A3. BKJIIOYUTH 3TH YKClia B MacCUB,
PaCIIOJIOKHUB X TOCIIE BTOPOrO 3JIEMEHTA.

#6. BbIBecTH BCe 3JIEMEHTHI BEKTOPA, CTOALLIME JO MAKCUMAIBLHOTO 3JIEMEHTA

Han Bexktop u3 20-TM yucen u 4uciao A. BBMHUCINTE CyMMY T€X OTpPHIATEIbHBIX
DJIEMEHTOB BEKTOPA, 3HAUCHUS KOTOPHIX Ooubiie, yeM A. [loacuntars Takke KOJTUYECTBO TAKUX
3JIEMEHTOB.

#7. Jlan BexTop u3 10-Tu yncen. Beraucauts cpenHee apudpmMeTndeckoe NOI0KHUTEITbHBIX
3JIEMEHTOB 3TOT'0 BEKTOpa U cpeiHee apupMETHIECKOE OTPULIATEIbHBIX 3JIEMEHTOB 3TOT0 BEKTOPa

#8. HckmounTh W3 BEKTOpPA 3JIEMEHTHI, PACIOJOXKEHHBIE MEX]IY MaKCUMalIbHBIM U
MUHHUMAJIBHBIM.

10. ITopsinok nMpoBeeHUsI M1 KPUTEPUHN OLCHUBAHHUS MPOMEKYTOYHOM aTTeCTAlIUN

3ayeT MPOBOJIUTCS B MMCBMEHHOW M YCTHOW (popMe 1Mo BeIOpaHHOMY MpoekTy. [IpoekT
HepAronaraeT JOrHYECKoe H3JI0KEHHE TEOPETHYECKOro OJIOKa C MPUBSA3KON K MPaKTHYECKOU
JeSITeTbHOCTH
WTOroBbIi MPOEKT MpeacTaBIseT co00i MapCuHT, MPENPOLECCHHT U EPBUYHbIN aHAIN3
MacCHBa TEKCTOB.
1. CoctaBbTe Cl1OBaphb CIOB /JIs MIOMCKA B KOPITyCe
2. OnpenenuTe TUI paclpeneacHus
3. IlocTpoiite KOPPEISILIMOHHBIN aHATU3
W3menuTe CTpyKTYypy KOJa ISl CBOMX JTaHHBIX:
# install.packages("rvest")
library(rvest)
webpage <- read_html("https://news.vtomske.ru/c/tomsk?up=1635835980")
results <- webpage %>% html_nodes(".news-small") %>% html_attr("href™)
page_start <- "https://news.vtomske.ru"
# page_full <- pasteO(page start,results[3])
link <- ¢()
=3
while (i <= length(results)) {
link = append(link, pasteO(page_start, results[i]))
i=i+1
h
webpage <- read_html("https://news.vtomske.ru/c/tomsk?up=1635835980")
pages2 <- webpage %>% html_nodes(".prev") %>% html_attr("href")
page_start <- "https://news.vtomske.ru/c/tomsk"
page full <- pasteO(page_start, pages2)
vec_links <- ¢()
1<-1
page_start <- "https://news.vtomske.ru/c/tomsk"
part_pages <- "?down=1637120100"
page_links <- c()
for (iin 1:139) {
page_full <- pasteO(page start, part_pages)
webpage <- read_html(page full)



part_pages <- webpage %>% html nodes(".prev") %>%
html_attr("href")

page links[i] <- pasteO(page start,part pages)
#page links[i] <- page full
i=i+1

}

page links

link

link[ 1]

scarp_url <- function(url){
url <- read_html("https://news.vtomske.ru/c/tomsk?up=1637118900")
results <- url %>% html nodes(".news-small") %>% html_attr("href")
return(results)

}

scarp_text <- function(url){
txt link = read html(url)
text = txt_link %>% html nodes(".full-text") %>% html_text()
return(text)

H

scarp_head <- function(url){
txt link = read html(url)
text = txt_link %>% html nodes(".material-title") %>% html_text()
return(text)

h

scarp_date <- function(url){
txt link = read html(url)
text = txt_link %>% html nodes(".info") %>% html text()
return(text)

h

scarp_text(link[2])

scarp_head(link[2])

scarp_date(link[2])

df <- data.frame(bodyNws = NA,
titleNws = NA,
dateNws=NA)
i=1
for (i in 1:length(link)) {
bodyNws = scarp_text(link[i])
titleNws <- scarp_head(link[i])
dateNws <- scarp_date(link[i])
df <- rbind(df, cbind(titleNws,bodyNws,dateNws))
}
dff2,3]
grepl("Ceronns", df[4,3])
Sys.Date()
df$bodyNws[2]
df$bodyNws <- gsub("Imurpuii Kanaunckuii / vtomske.ru",
" df$SbodyNws)
i=1
for (i in 1:length(dff,3])) {
grepl("Ceromus", df[i,3])



if (grepl("Ceronns", dffi,3])){
dff1,3] <- gsub("Ceronns",
Sys.Date(), df[i,3])
telse if(grepl("Buepa", dff1,3])){
dffi,3] <- gsub("Buepa",
Sys.Date()-1, df[1,3])
}

}

i=1
for (i in 1:length(df$dateNws)) {
grepl("Ceromus", df$SdateNws|[i])
if (grepl("Ceromus", df$dateNws[i])){
dff1,3] <- gsub("Ceromns",
Sys.Date(), df$dateNws][i])
telse if(grepl("Buepa", df$dateNws[i])){
dff1,3] <- gsub("Buepa",
Sys.Date()-1, df$SdateNws][i])
}

}

i=1
for (i in 1:length(df$titleNws)) {
if (grepl("Ceromus", df$dateNws[i])){
df$dateNws[i] <- gsub("Ceroans", Sys.Date(), df$SdateNws[i])

}
}
i=1
for (i in 1:length(df$titleNws)) {
if (grepl("Buepa", df$dateNws[i])){
df$dateNws[i] <- gsub("Buepa", Sys.Date()-1, dfSdateNws][i])

}
b
grepl("Buepa", df$dateNws[5])
gsub("Buepa", Sys.Date()-1, df$dateNws[5])
if ()
Sys.Date()-1

df <- data.frame(bodyNws = NA,
titleNws = NA,
dateNws=NA)
i=1
link <- ¢()
page_start <- "https://news.vtomske.ru"
Sys.time()
for (i in 1:length(page links)) {
link = append(link, pasteO(page_start, scarp_url(page links[i])))
b



Sys.time()

i=1
Sys.time()
for (i in 1:length(link)) {
if (grepl("news.vtomske.ruNA", link[i])==FALSE){
bodyNws = scarp _text(link][i])
titleNws <- scarp _head(link[i])
dateNws <- scarp_date(link[i])
df <- rbind(df, cbind(bodyNws,titleNws,dateNws))

}

}
Sys.time()

write.csv(df, "vtomske2021.csv")

PesynbTarsl 3aueTa onpenenaoTcs OLEHKAMU «3a4TEHO0», «HE 3aUTEHO».

Kpurepun 3adera 0OyCHOBIICHBI JIOTHYECKOW JIEMOHCTpAIMEd MPUOOPETCHHBIX
KOMIIETCHIIMM B COOTBETCTBHUM C TEKyLIEH NIPOrpamMmou. JleMoHcTpamus IpeaycMaTpuBaeT
YBEPEHHOE HCIOJIB30BAHME TEPMHUHOJIOTUM, IIOHHMAHME W KOPPEKTHOE HCIIOIb30BAHUE
MaTEMaTHYECKOI 0 almnapara, lpelycMaTpuBaeT KOPPEKTHOCTh HAMCAHUS KOJ1a, €r0 TOHUMaHHE
U KOPPEKTHOE MCIOJIb30BAaHUE B HEM MAaTE€MAaTHYECKMX MeTonoB. OTMETKa «3a4TeHO»
BBICTABJIIETCS 332 CYET JEMOHCTpAIMM IOJYYEHHBIX KOMIIETEHIMH B MpPaKTHUKaX, JAOMAIIHHUX
paboTax ¥ WUTOTOBOM 3aJlaHHM: yYBEpEHHOE BJaJieHWE U TMOHUMaHUE paboThl KOJa, 3HAHHUE U
JIEMOHCTpAIMs B TMPAKTUKE TEOPETHUECKUX OCHOB 0a3 JaHHBIX. MHHHUMAaIbHBIA MOPOT 3ayeTa
COCTaBISET 55 OAJIOB, HUXKE 55 — «He 3aUuTeHO)

11. YueOHO-MeTOUIECKOE 00ecIIeueHne

a) DJEKTPOHHBINA YUEOHBIN KypC MO AUCIIUIUTHHE B 3JIEKTPOHHOM yHUBepcuTeTe «Moodle»
- https://moodle.tsu.ru/course/view.php?id=12998

0) OLieHOUHBIE MaTepHalIbl TEKYLIEro KOHTPOJISI M MPOMEXKYTOYHOM aTTecTaluu Io
JUCLUTUIMHE.

B) [Iman ceMuHapCKuX / MPAaKTUIECKUX 3aHATUH 110 TUCIUILIIHE.

Cemunap Nel

1. OcHOBBI si3bIKa ITporpaMMupoBanust R

2. [lepemeHHbIe, CTPYKTYPbI JTaHHBIX

3. ukJiel, mpoBepKa ycaoBUil

Cemunap Ne2

1. COop u CTpyKTypHu3alys TEKCTOBBIX TaHHBIX

2. Pabora ¢ ¢aitnamu

3. Jlemmartu3anusi TEKCTOB IIPU MOMOLIM mystem

Cemunap Ne3

1. bubnmoTeka quanteda juist BEKTOPU3alUK U aHATN3a TEKCTOBBIX MACCUBOB JTAHHBIX

2. Bekropu3anus TekctoB. [IpuHIUIBI, METOIBI

3. CocraBieHue cioBapei, n-rpamsl

Cemunap Ne4

1. CratucTuyeckuil aHaiau3 MaTpULbl CJIOB TEKCTa

2. OnucarenbHasi CTaTUCTHKA

3. KoppensiiinoHHsiii aHamu3

4. ITpoBepka CTAaTUCTUYECKUX TMIIOTE3

5. KnacrepHsbiit ananus3

Cemunap Neb



https://moodle.tsu.ru/course/view.php?id=12998

1. CokpalieHue IpoCcTpaHCTBA IPU3HAKOB

2. Buzyanuzaius U aHaJIn3 TEKCTOBBIX TaHHBIX

[ToaroroBka k mpoBeaeHUIO T1a00PaTOPHBIX PaOOT HAYMHACTCS B HAYAJIe TEOPETUIECKOTO
U3JI0’KEHUS] U3y4aeMOM TeMbl U MPOJOJKAeTCs M0 XOAy €€ M3y4YeHUs IPU OCBOEHUHU MaTepHasa
Ha 3aHATUSX B paMKaX MPAaKTHUYECKHUX 3aJaHui U paboTe HAJl HUM B XOJAE CaMOCTOSATEIHHOU
MOATOTOBKM JIoMa M B OmOnmoTekax. JIJisi Ka4eCTBEHHOTO BBIMTOJIHEHHS J1a0OpaTOPHBIX padoT
CTyZCHTaM HeOOXOINMO:

1) mOBTOPUTH TEOPETUYECKUI MaTepUall M0 KOHCIIEKTY U y4eOHUKaM;

2) 03HAKOMUTBCS C OMUCAHUEM JIAOOPATOPHOU pabOTHI;

3) B crienMagbHOM TETPaIH IJIs1 TA0OpaTOPHBIX PabOT 3anmucaTh Ha3BaHUE U HOMEP padOTHI,
nepeyeHb HeOOXOAMMOT0 IPOrPAMMHOTO 00ECTIeUeHUs, IMOATOTOBUTH ATOPUTM WIIH KOJI;

4) BBIICHHUTH 11€JTb PAOOTHI, YETKO MPEICTABUTH ce0e TTOCTABICHHYIO 3329y M CIIOCOOBI €&
TOCTHXKEHHUS, POTyMaTh 0KUIA€MbIC PE3yJIbTAThI OIBITOB;

5) OTBETUTH YCTHO WM MHUCbMEHHO HAa KOHTPOJIbHBIE BOMPOCHI M0 U3YyYaeMOW TeME WU
PEIINTh Psij 3a/1a4;

6) W3YYUTh TIOPSJIOK BBINONHEHUS J1abopatopHoil pabotel. [loxroroButh cpemy
BBITIOJTHEHHSI KoAa K padore. [lociie mpoBepku MPaBUIILHOCTH aJrOpUTMa paboOThl MPOTpaMMBbl
npenoaaBaTesieM MOKHO HaYMHATh BBITIOJIHEHUE J1TAO0OPAaTOPHON pabOTHI.

1) Meronuyeckue yka3zaHUs 0 OPraHU3aIK CaMOCTOSATEIHHON pabOTHI CTYACHTOB.

DopMBI CAMOCTOATEIILHON PabOTHI CTYACHTOB pa3HOoOOpa3Hbl. OHM BKIIIOUYAOT B CeOs:

— M3yYeHHUE W CHUCTEMATH3aIUI0 TPAKTHYECKUX M TEOPETHYECCKMX NPHUMEPOB B paMKax

BBIMIOJTHEHUSI TEKYIINX 3aJJaHU 10 TPEIMETY;

— U3y4YeHHe y4eOHOM, HayuYHOM U METOINYECKOM JIUTEepaTypbl, MaTEPUAJIOB NEPUOANYECKUX

W3JIaHUH C TPUBJICUCHHUEM DJICKTPOHHBIX CPEICTB O(QUIMATBHON, CTAaTHCTUYECKOM,

TIEPUOINYECKON U HayYHOU HH(pOpMaIuu;

— MOATOTOBKY JIOKJIA/IOB ¥ MIPE3CHTAIN, HATMCAHUE TPOrPAMMHOTO KOJIa M €T0 OTJIAJKA;

— y4yacTHe B paboTe CTyAeHUECKUX KOH(PEPEHIINH, KOMIIEKCHBIX HAyYHBIX UCCIIEOBAHUSIX.

CamocTtosTenbHass paboTa HpUOOIIAET CTYACHTOB K HAy4YHOMY TBOPYECTBY, IMOHCKY U
PEIICHHIO aKTYaIbHBIX COBPEMEHHBIX MPOOIEM.

[IpuMepsr caMOCTOATEHLHON pabOTHI CTYICHTOB:

Coznmanue cnoBaps U UTO YaCTOTHOTO paclpeieNieHUs B TeKCTaX:

library(readxl)

#library(quanteda.sentiment)

library(quanteda)

# install.packages("remotes")

# remotes::install github("quanteda/quanteda.sentiment")

tmp <- read_excel("full word rating_after coding.xIsx", col names = TRUE)

df #head body stem class

mycorp <- corpus(df, text field = "stem", )

dict <- dictionary(list(negative = c(tmp$Sword[tmp$value==-1]),
neg_negative = c(tmp$word[tmpSvalue==-2]),
pos_positive = c(tmp$word[tmp$value==2]),
neutral = c(tmp$word[tmp$value==0]),
positive = c(tmp$word[tmpSvalue==1])))
valence(dict) <- list(negative =-1, neg_negative = -2, pos_positive =2, neutral = 0, positive



dict2 <- dictionary(list(neg = c(tmp$word[tmpS$value < 0]),
neut = c(tmp$word[tmp$value==0]),
pos = c(tmp$word[tmpSvalue>0])))
valence(dict2) <- list(neg = -1, pos = 1, neut = 0)
polarity(data_dictionary LSD2015) <- dict
# list(pos = c("positive", "neg_negative"), neg = c("negative", "neg positive"))
sent_pres <- mycorp vk %>%
corpus_subset(gnd == "{")
sent_pres2 <- mycorp_ vk %>%
corpus_subset(gnd == "m"
summary(mycorp_vk)
x_m <- tokens_lookup(tokens(sent_pres), dictionary = dict2) %>%
dfm()
x_f<-tokens_lookup(tokens(sent pres2), dictionary = dict2) %>%
dfm()
x_m <- dfm_weight(x _m, scheme = "prop")
x_f<-dfm_weight(x_f, scheme = "prop")
x_full <- tokens lookup(tokens(mycorp vk), dictionary = dict2) %>%
dfm()

x_f<-convert(x _f, to = "data.frame")

x_m <-convert(x_m, to = "data.frame")

x_m$gnd <- "f"

x_f$gnd <- "m"

x_full abs vkwall <- rbind(x_f, x_m)

x_full abs vkwall$ComType <- "vkw"
write.csv(x_full abs vkwall, "sentiment vkwall gnd.csv")

ggplot(x_full abs vkwall, aes(doc _id, neut, fill = gnd, group = gnd)) +

geom bar(stat="identity’,  position =  position _dodge(), size =
scale fill brewer(palette = "Setl") +

theme(axis.text.x = element_text(angle = 45, vjust = 1, hjust = 1)) +
ggtitle("Sentiment scores in twelve Sherlock Holmes novels") + xlab("")

Xx_m2 <- convert(x_m, to = "data.frame")

Xx_m2 <- as.data.frame(x_m)

x_f2 <- convert(x_f, to ="data.frame")

x_f2 <- as.data.frame(x_f)

Koppensauuonsslii aHamus:

library(outliers)

grubbs.test(emot_int$neg, type = 10)

grubbs.test(emot_int$pos, type = 10)
grubbs.test(emot_int$neut, type = 10)
library(ggplot2)

p = ggplot(emot_int[,-1], aes(x=self))

(p <- ptgeom_density(aes(fill=gnd), alpha=1/2))

# Sample data

data <- emot_int[, 2:4] # Numerical variables

groups <- as.factor(emot_int[, 5]) # Factor variable (groups)
# Plot correlation matrix

pairs(data)



# Equivalent with a formula
pairs(~ neg+pos+neut, data = emot_int)

pairs(data, # Data frame of variables
labels = colnames(data), # Variable names
pch=1, # Pch symbol

bg = rainbow(2)[groups], # Background color of the symbol (pch 21 to 25)
col = rainbow(2)[groups], # Border color of the symbol

main ="", # Title of the plot

rowlattop = TRUE, # If FALSE, changes the direction of the diagonal
gap=1, # Distance between subplots

cex.labels = NULL, # Size of the diagonal text

font.labels = 1) # Font style of the diagonal text

panel.hist <- function(x, ...) {
usr <- par("usr"
on.exit(par(usr))
par(usr = c(usr[1:2], 0, 1.5))
his <- hist(x, plot = FALSE)
breaks <- his$breaks
nB <- length(breaks)
y <- his$counts
y <- y/max(y)
rect(breaks[-nB], 0, breaks[-1], y, col =rgb(0, 1, 1, alpha =0.5), ...)
# lines(density(x), col = 2, Iwd = 2) # Uncomment to add density lines

}

# Creating the scatter plot matrix
pairs(data,
upper.panel = NULL, # Disabling the upper panel
diag.panel = panel.hist) # Adding the histograms
# Function to add correlation coefficients
panel.cor <- function(x, y, digits = 2, prefix ="", cex.cor, ...) {
usr <- par("usr")
on.exit(par(usr))
par(usr =¢(0, 1, 0, 1))
Cor <- abs(cor(x, y)) # Remove abs function if desired
txt <- pasteO(prefix, format(c(Cor, 0.123456789), digits = digits)[1])
if(missing(cex.cor)) {
cex.cor <- 0.4 / strwidth(txt)
b
text(0.5, 0.5, txt,
cex = 1 + cex.cor * Cor) # Resize the text by level of correlation

}

# Plotting the correlation matrix

pairs(data,
upper.panel = panel.cor, # Correlation panel
lower.panel = panel.smooth) # Smoothed regression lines



fit

# install.packages("gclus")
library(gclus)

# Correlation in absolute terms
corr <- abs(cor(data))

colors <- dmat.color(corr)
order <- order.single(corr)

cpairs(data, # Data frame of variables
order, # Order of the variables
panel.colors = colors, # Matrix of panel colors
border.color = "grey70", # Borders color
gap = 0.45, # Distance between subplots
main = "Ordered variables colored by correlation", # Main title
show.points = TRUE,  # If FALSE, removes all the points
pch =21, # pch symbol
bg = rainbow(2)[groups]) # Colors by group

#install.packages("psych")
library(psych)

pairs.panels(data,

smooth = TRUE, # If TRUE, draws loess smooths

scale = FALSE, # If TRUE, scales the correlation text font

density = TRUE, # If TRUE, adds density plots and histograms

ellipses = TRUE, # If TRUE, draws ellipses

method = "spearman", # Correlation method (also "spearman" or "kendall")

pch =21, # pch symbol

Im = FALSE, # If TRUE, plots linear fit rather than the LOESS (smoothed)

cor = TRUE, # If TRUE, reports correlations

jiggle =FALSE, # If TRUE, data points are jittered

factor =2, # Jittering factor

hist.col =4,  # Histograms color

stars = TRUE, # If TRUE, adds significance level with stars
ci =TRUE) # If TRUE, adds confidence intervals

library(psych)

corPlot(data, cex = 1.2)

library(ggplot2)
# install.packages("ggExtra")

library(ggExtra)

p_base <- ggplot(emot_int,aes(x=neg,y=pos,color=gnd)) + geom_point()
ggExtra::ggMarginal(p_base, groupColour = TRUE, groupFill = TRUE)

library(otrimle)

clus <- otrimleg(emot int[,c(1,2)], G=2:5, monitor=1) # mapameTp monitor MMO3BOJSICT

BUACTH XO BBIITIOJTHCHUA



# Equivalent but using the plot function
plot(data)
library(tidyverse)
cor(w_dict dfm_full[,2:4] %>% w_dict dfm_mycorp vk$gnd=="m"
w_dict dfm mycorp vk %>%

group_by(gnd) %>%

plot(w_dict dfm_mycorp vk$self)
w_dict dfm_full$gnd <- as.factor(w_dict dfm_full$gnd)
w_dict dfm full 01 <-w_dict dfm_full
w_dict dfm_ full 01$gndO1[w_dict dfm fullfgnd=—="m"] <- 1
w_dict dfm full 01$gndO1[w_dict dfm full§gnd=="{"]<- 0

fitglm <- glm(w_dict dfm full 01$gnd01 ~ w dict dfm_full Ol$personal -
w_dict dfm full 01$you +
w_dict dfm_full 01$we +w_dict _dfm_full 01S$self)

B) [1nan mpakTUYeCKUX 3aHATHI MO JUCHUILIIMHE COOTBETCTBYET II. 8.

r) Meroauueckue yka3zaHUS [0 OpraHU3allMU CaMOCTOATEIbHOW pabOThl CTYIEHTOB:
caMoCTOsiTeNlbHAsE paboTa CTYACHTOB BKIIOYAET aHAM3 Marepuala Mo TeMaM C OMOpod Ha
MIPE3EHTALUU 110 TEMaM, IOATOTOBKY K IPAKTUYECKUM 3aHSATHUSM.

12. Ilepeyens y4eOHoOI1 TuTEpaTypshl U pecypcos cetn UHTEepHeT

a) OCHOBHasI IuTepaTypa:

— KabGaxoB P. R B nmefictBuu. AHanu3 u BU3yalu3anus JaHHBIX Ha s3bike R / PoGepr U.
Kabaxos P., — M.: IMK, 2016. — 587 c.

— unynoB A. b. Harnannas cratuctuka. Ucnonssyem R. / A. b. lllunynos, E. M.
bannum, I1. A. Bonkosa, A .U. KopoGeitaukos, C. A. Hazaposa, C. B. [lerpos, B. I'. Cy¢wusHos,
—M.: IMK, 2017. - 296 c.

— Mactunkuit C.O. CTaTHCTHYECKUH aHAIW3 W BH3YyaIU3alus JaHHBIX C TOMOMIBI0 R /
Mactunkuit C.O., Iutukos B.K., - M.: JIMK, 2015. —495c.

0) OMOJIHUTEIbHAS JTUTEPATYpa:

— Thomas Rahlf. Data Visualisation with R. Springer International Publishing, New
York, 2017. ISBN 978-3-319-49750-1.

— Lawrence Leemis. Learning Base R. Lightning Source, 2016. ISBN 978-0-9829174-8-
0

— Matthias Kohl. Introduction to statistical data analysis with R. bookboon.com,
London, 2015. ISBN 978-87-403-1123-5.

— Torsten Hothorn and Brian S. Everitt. A Handbook of Statistical Analyses Using R.
Chapman & Hall/CRC Press, Boca Raton, Florida, USA, 3rd edition, 2014. ISBN 978-1-4822-
0458-2.

— An Introduction to Statistical Learning: with Applications in R (Springer Texts in
Statistics), Corr. 7th printing / G. James, D. Witten, T. Hastie, R. Tibshirani, Springer, 2017

—JurafskyD., Martin J. Speech and Language Processing.An Introduction to Natural
Language Processing, Computational Linguistics and Speech Recognition.Prentice Hall, 2000

B) pecypchl cetu HTepHeT:

— OTKPBITBIE OHJIAH-KYPChI

— Kypnain «kcriep» - http://www.expert.ru

— O¢duunansupiii callt PenepanbHoi CaykObl TOCYAApCTBEHHOM cTatucTuku PO -
www.gsk.ru

— O¢dunmnansHelii caifit Becemuphoro 6anka - www.worldbank.org



— O6mepoccuiickas Cerb Koncynprantllmoc CrpaBouynas mpaBoBas —cHCTEMA.
http://www.consultant.ru
— O¢duumanbHeIi caT A3bIKa MporpaMMUpoBaHus R - www.r-cran.com

13. Ilepeyenb HHGPOPMATMOHHBIX TEXHOJIOTHIA

a) JMLEH3UOHHOE U CBOOOHO pacpoCTpaHsIeMoe IPOrpaMMHOE obecrieueHue:

— Microsoft Office Standart 2013 Russian: maket mporpamm. Bxitouaet npunoskeHusi: MS
Office Word, MS Office Excel, MS Office PowerPoint, MS Office On-eNote, MS Office
Publisher, MS Outlook, MS Office Web Apps (Word Excel MS PowerPoint Outlook);

— IMyOJIMYHO JOCTYIHBIE oOsaynble TexHonoruu (Google Docs, SIHAeKC qUCK U T.IL.).

— 131K MporpamMmupoBanus R (RStudio) u Python;

— IIporpamma Mystem.

0) nHpOPMAITMOHHBIE CIIPABOYHBIC CHCTEMBI:

— DNEeKTpOHHBIN Karajor Hayunoint O6ubnuoTeKH Ty —
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system

— DneKTpoHHas oubnmoTeka (peniozutopuii) Ty —

http://vital.lib.tsu.ru/vital/access/manager/Index
— OBC Jlans — http://e.lanbook.com/
— OBC KoncynbranT cTynenrta — http://www.studentlibrary.ru/
— O6pazoBatenpHas miardopma FOpaiit — https://urait.ru/
— OBC ZNANIUM.com — https://znanium.com/
— OBC IPRbooks — http://www.iprbookshop.ru/

B) npodeccuoHanbHble 0a3bl JAHHBIX (MpU HATUYUL):

— Yuauepcurerckas nHbopmaronnas cuctema POCCUS — https://uisrussia.msu.ru/

— Enunas MexBenoMcTBeHHas: WHGOpMalmoHHO-cTatuctuieckas cucrema (EMUCC) —
https://www.fedstat.ru/

14. MaTepuajibHO-TeXHUYECKOe o0ecnevyeHue

AynuTopun A1l TPOBEICHHS 3aHATUH JIEKITMOHHOTO THIIA.

Aynuropun Ans TPOBENEHHS 3aHATUH CEMHHApCKOTO THIA, WHAWBUIYaJIbHBIX H
TPYTIIOBBIX KOHCYJIBTALNH, TEKYIIETO KOHTPOJIS U IIPOMEXYTOYHON aTTeCTalNH.

[Momemennst Ui caMOCTOSITENBHOM pabOThI, OCHAIIEHHBIE KOMIBIOTEPHOW TEXHUKOU U
JOCTYTIOM K ceTd VHTepHeT, B 3JIEKTPOHHYIO HWH(GOPMAIIMOHHO-00pa30BaTEIbHYIO CPEeoy U K
MH()OPMAIIMOHHBIM CITPABOYHBIM CHCTEMaM.

Jlaboparopuu, o6opynoBaHHBIC KOMITbIOTepamu (He Hinke 13, RAM 8Gb), mpoekTopom

Aynuropun  Ans  TIPOBENEHHS 3aHATHH  JICKIMOHHOTO W CEMHHApCKOro  THIIA
WHIMBUAYAIBHBIX W TPYIIOBBIX KOHCYJBTALMH, TEKYIIETO KOHTPOJS W TPOMEKYTOUHOU
aTTecTallid B CMEIICHHOM opmaTe («AKTPy»).

15. Undopmanus o paspaboTunkax

Crenanenko AHaped AJEKCaHIPOBHY, aCCUCTEHT Kadeapbl oOLIel, KOMIbIOTEpPHONH U
KOTHUTHBHOM JIMHTBUCTHUKHU


http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
http://vital.lib.tsu.ru/vital/access/manager/Index
http://e.lanbook.com/
http://www.studentlibrary.ru/
https://urait.ru/
https://znanium.com/
http://www.iprbookshop.ru/
https://uisrussia.msu.ru/
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