


1. Heab u niiaHupyemMble pe3yabTaThbl OCBOCHHS JUCHUNIMHBI (MOIYJIS)

[{enbto IUCUUIUIMHBI SBJISETCS U3YyYEHHE OCHOBHBIX MMPUHIIUIIOB U METO/IOB

ABTOMATHYECKOH 00pabOTKH TEKCTOB Ha eCTeCTBEHHOM si3bike (EST)

Lenpto ocBOEHUS AUCHUTUINHBI SBISETCS POPMUPOBAHUE CIAEAYIOIIUX KOMITETEHIINI:

[IK-4. Cmocoben paspabaTeiBaTh MPOTPAMMHBIA  KOJA MpHU  pELICHUH  3ajad
aBTOMAaTHYECKOW 00pabOTKH TEKCTOB

OIIK-2. CriocobeH k BeleHUIo MpodeccHOHANIBHON eATeIbHOCTH C OMOPOi Ha OCHOBBI
MaTeMaTHYECKUX TUCIUIUINH, HEOOXOAUMBIX IJs (opMalu3allMy JIMHIBUCTUUECKUX 3HAHUM U
MpOIEAYp aHATN3a U CHHTE3a TUHTBUCTUYECKUX CTPYKTYP

PesynpTaTramMu 0CBOEHUS NUCLUIUIMHBI SBIISIOTCS CIAEAYIOLUIME NHANKATOPBI JOCTHKECHUS
KOMIIETECHIINH:

NIIK-4.1. ITpumensier cnocoObl (hopManu3auy 1 arOpUTMHU3ALNHY TTIOCTABICHHBIX 3324
B c(pepe aBTOMaTHUECKON 00paOOTKH TEKCTOB

NIIK-4.2. Co3naet nporpaMMHBIN KO € UCIIOIb30BAHUEM SI3bIKOB IIPOIPAaMMUPOBAHUS U
MaHHUITYJTUPOBAHMI TaHHBIMU B c(pepe aBTOMATHUECKOM 00pabOTKU TEKCTOB

NOIIK-2.3 [lpumeHseT mMaTeMaTH4eCKUE METOJbl B MPOLEAypax aHajlW3a U CHUHTE3a
JUHIBUCTHYECKUX CTPYKTYP

2. 3agayy ocBOEHUS AUCIHUIITHHEI

— N3yuenune METO/I0B 00paboTKH €CTECTBEHHOI0 SI3bIKA, IIPUMEHEHNE
MEXJUCIUIUTMHAPHBIX METO/I0B B 00paOOTKE MCCIIE0BATENBCKUX JAaHHBIX.

— HayuuThcst puMeHSTh MOHATUHHBIA MaTeMaTHYECKUH anmapaT B 001aCTH TMHIBUCTUKA
JUIS PEeLIeHUs IPAKTUYECKUX 3a/1a4 TPO(ECCHOHATIbHON AEATEIbHOCTH.

— IlpuoOpectd HaBBIKM XpaHEHHs, CTPYKTYpH3allMM, aHalW3a W BU3YJAIH3ALUU
TEKCTOBOI'0 MACCUBA JaHHBIX

3. MecTo AucHUILUINHBI (MOAYJIsl) B CTPYKTYpe 00pa30BaTe/IbHOM NPOrpaMMbl

JlucuuniauHa OTHOCUTCS K 00s13aTENIbHOM YacTH 00pa30BaTeIbHON IPOrpaMMBI.

4. Cemectp(bI) ocBOCHHSA U (popMa(bl) MPOMEKYTOYHOM aTTECTALMHU 1O AUCHHILIMHE

CemecTp 6, 5K3aMeH.

5. Bxoanble TpeGOBaHMs 1)1 OCBOEHUSI AU CHUILIMHBI

Jljig ycrenmHoro oCBOEHMs JUCIUILUIMHBI TPEOYIOTCS KOMIETEHIIMH, COPMUPOBAHHBIE B
X0l OCBOEHHsI 00pa30BaTeIbHBIX MPOTrPaMM HPEAIECTBYIOLIET0 YPOBHs 00pa30BaHusl.

JUia yCHEemHOTro OCBOEHUS MAMCUUIUIMHBI TpeOyrTCs pe3yibTaTbl OOyuYeHHUs 10
CIENYIOUMM JTUCHMIUIMHAM: «BBeneHue B s3blko3HaHue», «OOmas ¢doHetukay, «OO0mas
Mopdomorus», «O0mmid cuHTakcucy, «O0mmas ceManTika», «HpOpMaMmoOHHbBIE TEXHOJIOTUU U
OCHOBBl MH(GOPMALIMOHHOM KYyJIbTYpbl B JIMHIBUCTHKE», «MHpopmMaTuka ©  OCHOBBI
IpOrpaMMUpPOBaHUsA», «KBaHTUTAaTHBHBIE METObI JTUHIBUCTUKWY», «BeposTHOCTHBIE MOAETNY,
«JIuHreuctryeckue 6a3bl JAHHBIX).

6. S3bIk peanu3zanuu

Pyccknii

7. O0beM IUCHUTLTHHBI (MOTYJIAA)

OO61mas TpyA0eMKOCTh AUCHHUIUINHBI COCTaBIseT 4 3.€., 144 yacoB, U3 KOTOPBIX:
— nexuuu: 20 4.;



— ceMHHapcKkue 3aHaTus: 0 4.
— npakTudeckue 3ansatus: 30 u.;
— nmabopartopHsie paboTsI: 0 U.
B TOM YHCJIE ITPAKTHYECKAs MOATOTOBKA: 30 u.
O0BeM caMoCTOSITENBHOIN pabOTHI CTyIEHTa ONpEAEIICH YyUeOHbBIM IIIIAHOM.

8. Conepxxanue qTMCHUIIMHBI (MOAYJIs1), CTPYKTYPHUPOBAHHOE 10 TeMaM

Tema 1. ABTOMaTudeckas 00paboTKa yCTHOU peuun

Lens u 3a1aun aBTOMaTHYECKOW 00paboTKK ycTHOM peun. Meton baiieca. Apxurekrypa
CHCTEM aBTOMATHYECKON 00pabOTKU TEKCTOB

Tewma 2. ABTOoMatsl, OpMaJIbHBIE TPAMMATHKU U S3BIKH

Jluareuctuyeckuii aBromar. YpoHeBoe mnoctpoeHue cuctem AOT u JIA. TloxGriox
OTo3HaHUs JopMaTa TEKCTa U €ro YacTeH, a TAaK)Ke ONpeIesICHNE X KaHPOBOM M TEMaTUUYECKOU
MPUHAIJICKHOCTH

Tema 3. Mopdosoruaeckuii aHaian3 B CHCTEMaxX aBTOMaTHYECKOH 00pabOTKH TeKCTa

Hcnonb3oBanne W 3amyck MOP(OJIOTHYECKOro aHajgu3aTopa mystem B s3BIKE
nporpammupoBanus R. KBaHTUTATUBHBIN aHAIW3 YacTeH Pedu, MX BU3YAJIU3ALUs U aHAJIU3

Tema 4. CHHTaKCUYECKHI aHATN3 B CUCTEMaX aBTOMAaTHYECKOM 00pabOTKU TEKCTa

Hcnons3oBanne wu 3amyck MopdQosiormueckoro a”aim3atopa udpipe B s3BIKE
nporpammupoBanusi R. KBaHTUTaTUBHBIN aHATU3 YacTel peur, UX BU3yalIU3alus U aHaU3

Tema 5. CemaHTHYECKHUN aHAIU3 B CHCTEMaX aBTOMAaTHYECKOr0 aHaJIn3a TEKCTa

dopmasbHBIE TPAMMATHKH, U3BIICYCHUE CYIIHOCTEH M3 TeKCTa (HEMpOHHBIE CETH /WA
dbopmanbHBIerpaMMaTiKn). Tomita parser, Spacy

Tema 6. CnoBapHas noxanepxkka. Tumbl cioBapeil. KommbroTepHble (27€KTPOHHBIE)
CJIOBapH.

Cozmanune TeMaTHYeCKUX CIOBapel s KiaccuuKauy TeKCToB (sentiment analysis)

Tema 7. CuHTE3 TEKCTOB HAa €CTECTBEHHOM SI3bIKE

[TonsiTHe HEWPOHHON ceTH, MPUHIUIBI paboThl. MIckyccTBEeHHBIE HEHPOHHBIE ceTu: keras,
ruGPT-3, seq2seq

Tema 8. Mopdomnoruueckast pazMeTka KOpImycoB TeKCTOB. Kopmyc pycckoro si3bika

[TpuHIHITBI pa3METKH, BHIIBI U TUITBI MOP(OIOTHUECKHUX TETTEPOB.

Tema 9. ABToMaTuueckas 00paboTKa TaHHBIX B KOPITycaX PyccKoro sizbika 1 BNC

[Touck u cpaBHEHME JeKceM B Kopirycax, MmeTpuku cpaBHenus: [PM, TF-IDF, LL-score,
koddurueHt XKyitana.

Tewma 10. UToroBas npe3eHTamus nNpoeKkTa

9. Tekymnii KOHTPOJIb MO AUCHUILIHHE

Tekymmii KOHTPOJb YCHEBAaEeMOCTH OOYYarOIIMXCsS HANpaBlIeH Ha OINpe/IeICHUe
COOTBETCTBUS PE3YJIbTATOB OOYUYCHHS IOCIIC OCBOCHHS DJIEMEHTA IO JUCIUILUINHE TPOBOJUTCS
IMYTEM KOHTPOJIA MOCCIIaCMOCTHU, MPOBCACHUA KOHTPOJIBHBIX pa60T, TECTOB IO JICKIMOHHOMY
MaTepuany, pa3paOOTKH KO, BHIMIOJHEHHs] JOMAlIHUX 3alaHuii U QuKcupyercs B (opme
KOHTPOJIBHOM TOYKH HE MEHEE OJTHOTO pa3a B cemecTp. [IpuMepHbIe 3aaHusI TEKYIIEro KOHTPOJIS:

[TpumepHbIe TeCTOBBIC 3aaHus IO 1 MO0

1. Pazpaborate nmapcep HKPS, Bxitouaromumii kaTeropuu Tekcra

2. Pazpaborats nmapcep caiita «OT30BHK», BKIIOUYAIOLIUI KaTETOPUU TEKCTa

3. IlocTpouTh YaCTOTHYIO MATPHUILy OTHOCUTENBHBIX BEIUUNH

10. ITopsinok nMpoBeeHUs1 1 KPUTEPUH OLCHUBAHHUSA NMPOMEKYTOYHOM aTTeCTALIUN

3adeT NMpPOBOIUTCS B MUCBMEHHOW M YCTHOW (popme O BbIOpaHHOMY NpoekTy. IIpoekt
IpernonaraeT JOrMYecKoe H3JI0KEHHE TEOPETHYECKOro OJIOKa C MPUBSA3KOM K MPaKTHYECKOU



NeSITeILHOCTH U TpoBepsieT chopMUpOBaHHOCTH cienyromux komnerenimii: [1K-4, UTTK-4.1,
NIIK-4.2.

IIpuMepHBIii IepeyeHb IPAKTUYECKUX BOIIPOCOB

1. CocTtaBbTe Cc10Baph CIOB ISl IOMCKA B KOPITYCE

2. OnpenenuTe TUI paclpeneacHus

3. ITocTpoiiTe KOPPENSIIIMOHHBIN aHaN3

N3meHuTe CTpyKTYpy KOAA ISl CBOMX JaHHBIX:

shapiro.test(w_dict dfm mycorp promouns_full$you)

cor(w_dict dfm_mycorp promouns_full[,2:5], method = "spearman")#pearson

cor.test(w_dict dfm mycorp int[,2:5], method = "spearman")

boxplot(w_dict dfm mycorp promouns_full$you ~
w_dict dfm mycorp promouns full$ComType)

summary(w_dict dfm_mycorp_promouns_full$you)

"pearson" - mapam

"sperman/kendall" - Hemapam

help(cor.test)

cor.test(w_dict dfm mycorp promouns_full$personal,

w_dict dfm mycorp promouns_full$we,

method = "spearman")
w_dict dfm mycorp dlgs2 <-w_dict dfm mycorp dlgs
w_dict dfm mycorp dlgs2 <- as.data.frame(w_dict dfm mycorp dlgs2 )
w_dict dfm mycorp dlgs2 <- as.factor(w_dict dfm mycorp dlgs2$ComType)
w_dict dfm mycorp dlgs2$personal <- as.integer(w_dict dfm mycorp dlgs2$)
boxplot(w_dict dfm mycorp promouns_full$personal ~

w_dict dfm mycorp promouns_full$ComType)

n
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colnames(w_dict dfm mycorp promouns_full) <- ¢("doc _id", "sa", "tel" , MBI" |,
"ComType", "gnd")

t.test(w_dict dfm_mycorp promouns_full$s~w_dict dfm mycorp promouns_full$gnd)

w_dict dfm_full2 <- w_dict dfm_full

w_dict dfm mycorp vk2 <-w_dict dfm_mycorp vk

dim(w_dict dfm_mycorp dlgs2)

dim(w_dict_dfm_full2)

dim(w_dict dfm_mycorp vk2)

w_dict dfm mycorp dlgs2$ComType <-"dlgs"

w_dict dfm full2$ComType <- "intv"

w_dict dfm mycorp vk2$ComType <- "wlIVK"

w_dict_dfm_full <-

rbind(w_dict dfm mycorp dlgs2,w dict dfm_full2,w dict dfm mycorp vk2)

summary(w_dict_dfm_full)

tapply(w_dict dfm_mycorp promouns_full$personal,
w_dict dfm mycorp promouns_full$gnd, summary)

tapply(w_dict dfm_full$you, w_dict dfm_full$ComType, summary)

tapply(w_dict dfm_full$we, w_dict dfm_full$ComType, summary)

tapply(w_dict dfm_full$self, w_dict dfm_fullfComType, summary)

boxplot(w_dict dfm_full$personal ~w_dict dfm full$ComType)
boxplot(w_dict dfm fullfyou ~w_dict dfm_full§ComType)
boxplot(w_dict dfm_full$self ~w_dict dfm_full$ComType)
boxplot(w_dict dfm_fullfwe ~w_dict dfm_fullfComType)



myglm <- glm(w_dict dfm full$ComType ~ w_dict dfm_full$personal +
w_dict dfm_fullfyout+w dict dfm_full§we+
w_dict dfm_full$self)

kruskal.test(w_dict dfm_full§personal ~w_dict dfm_fullfComType)
kruskal.test(w_dict_dfm_fullSyou ~w_dict dfm fullfComType)
kruskal.test(w_dict dfm_full$self ~w_dict dfm_ full§ComType)
kruskal.test(w_dict_dfm_fullSwe ~w_dict dfm_full$ComType)

shapiro.test(x_m2$neg)

library(outliers)

grubbs.test(w_dict dfm_full$personal, type = 10)

grubbs.test(w_dict dfm_full$you, type = 10)

grubbs.test(w_dict dfm_full$self, type = 10)

grubbs.test(w_dict dfm_full$we, type = 10)

library(ggplot2)

p = ggplot(w_dict_dfm_mycorp promouns_full[,-1], aes(x=personal))

(p <- ptgeom_density(aes(fill=ComType), alpha=1/2))

w_dict dfm full <- w_dict dfm_mycorp promouns_full

# Sample data

data <- w_dict dfm mycorp promouns_full[, 2:5] # Numerical variables
groups <- as.factor(w_dict dfm_mycorp promouns full[, 7]) # Factor variable (groups)
# Plot correlation matrix

pairs(data)

# Equivalent with a formula
pairs(~ personal + you + self + we, data =w_dict dfm_mycorp vk)

pairs(data, # Data frame of variables
labels = colnames(data), # Variable names
pch=1, # Pch symbol

bg = rainbow(2)[groups], # Background color of the symbol (pch 21 to 25)
col = rainbow(2)[groups], # Border color of the symbol

main="", # Title of the plot

rowlattop = TRUE, # If FALSE, changes the direction of the diagonal
gap=1, # Distance between subplots

cex.labels = NULL, # Size of the diagonal text

font.labels = 1) # Font style of the diagonal text

panel.hist <- function(x, ...) {
usr <- par("usr")
on.exit(par(usr))
par(usr = c(usr[1:2], 0, 1.5))
his <- hist(x, plot = FALSE)
breaks <- his§breaks
nB <- length(breaks)
y <- his$counts

y <- y/max(y)
rect(breaks[-nB], 0, breaks[-1], y, col =rgb(0, 1, 1, alpha =0.5), ...)



# lines(density(x), col = 2, Iwd = 2) # Uncomment to add density lines

}

# Creating the scatter plot matrix
pairs(data,
upper.panel = NULL, # Disabling the upper panel
diag.panel = panel.hist) # Adding the histograms
# Function to add correlation coefficients
panel.cor <- function(x, y, digits = 2, prefix =
usr <- par("usr"
on.exit(par(usr))
par(usr =¢(0, 1, 0, 1))
Cor <- abs(cor(x, y)) # Remove abs function if desired
txt <- pasteO(prefix, format(c(Cor, 0.123456789), digits = digits)[1])
if(missing(cex.cor)) {
cex.cor <- 0.4 / strwidth(txt)
}
text(0.5, 0.5, txt,
cex = 1 + cex.cor * Cor) # Resize the text by level of correlation

nn

, CeX.coft, ...) {

}

# Plotting the correlation matrix

pairs(data,
upper.panel = panel.cor, # Correlation panel
lower.panel = panel.smooth) # Smoothed regression lines

# install.packages("gclus")
library(gclus)

# Correlation in absolute terms
corr <- abs(cor(data))

colors <- dmat.color(corr)
order <- order.single(corr)

cpairs(data, # Data frame of variables
order, # Order of the variables
panel.colors = colors, # Matrix of panel colors
border.color = "grey70", # Borders color
gap = 0.45, # Distance between subplots
main = "Ordered variables colored by correlation", # Main title
show.points = TRUE,  # If FALSE, removes all the points
pch=21, # pch symbol
bg = rainbow(2)[groups]) # Colors by group

#install.packages("psych")
library(psych)

pairs.panels(data,
smooth = TRUE, # If TRUE, draws loess smooths
scale = FALSE, # If TRUE, scales the correlation text font



density = TRUE, # If TRUE, adds density plots and histograms

ellipses = TRUE, # If TRUE, draws ellipses

method = "spearman", # Correlation method (also "spearman" or "kendall")

pch =21, # pch symbol

Im = FALSE, # If TRUE, plots linear fit rather than the LOESS (smoothed)
fit

cor = TRUE, # If TRUE, reports correlations

jiggle = FALSE, # If TRUE, data points are jittered

factor =2, # Jittering factor

hist.col = 4, # Histograms color

stars = TRUE,  # If TRUE, adds significance level with stars

ci=TRUE) # If TRUE, adds confidence intervals

library(psych)

corPlot(data, cex = 1.2)

library(ggplot2)
# install.packages("ggExtra")

library(ggExtra)

p_base <- ggplot(w_dict dfm_full,aes(x=we,y=self,color=gnd)) + geom_point()

ggExtra::ggMarginal(p_base, groupColour = TRUE, groupFill = TRUE)

library(otrimle)

clus <- otrimleg(w_dict dfm full[,c(1,2)], G=2:5, monitor=1) # mapameTp monitor
IIO3BOJIACT BUACTH X0/ BBIITOJIHCHU S

# Equivalent but using the plot function
plot(data)
library(tidyverse)
cor(w_dict_dfm_full[,2:4] %>% w_dict dfm _mycorp vk$gnd=="m")
w_dict dfm mycorp vk %>%
group_by(gnd) %>%
plot(w_dict dfm_mycorp vkS$self)

w_dict dfm_full$gnd <- as.factor(w_dict dfm_full$gnd)
w_dict dfm full 01 <-w_dict dfm_full

w_dict dfm_full 01$gndO1[w_dict dfm_full§gnd=="m"] <- 1
w_dict dfm_full 018$gnd01[w_dict dfm full$gnd=="1"] <- 0

fitglm <- glm(w_dict dfm_full 01$gnd01 ~ w_dict dfm_full Ol1$personal -
w_dict dfm_full 01$you +
w_dict dfm_full 01$we +w_dict_dfm_full 01$self)

summary(fitglm)
anova(fitglm, test = "Chisq")

summary(w_dict_dfm_full)



tapply(w_dict_dfm_full$personal, w_dict dfm_full$gnd, summary)

tapply(w_dict_dfm_full$you, w_dict dfm_full$gnd, summary)

tapply(w_dict _dfm_full$we, w_dict dfm_full§gnd, summary)

tapply(w_dict_dfm_full$self, w_dict dfm_full$gnd, summary)

shapiro.test(w_dict dfm_full$personal)

shapiro.test(w_dict dfm _full$you)

shapiro.test(w_dict _dfm_full$we)

shapiro.test(w_dict dfm_full$self)

wilcox.test(w_dict dfm_full$personal~w_dict dfm_full$gnd)

wilcox.test(w_dict dfm_full$you~w dict dfm full$gnd)

wilcox.test(w_dict dfm_fullfwe~w_dict dfm_full$gnd)

wilcox.test(w_dict dfm_full$self~w_dict dfm_ full$gnd)

wilcox.test(w_dict dfm_full$self+w_dict dfm_full$personal+w_dict dfm full$yout+w
dict dfm_full§we~w_dict dfm_full$gnd)

shapiro.test(c(w_dict dfm_full$self+w_dict dfm_full$personal+w_dict dfm_full$you+
w_dict dfm_full$we))

kruskal.test(w_dict_dfm_full$personal~w_dict dfm_fullSComType)

kruskal.test(w_dict _dfm_fullSyou~w_dict dfm_full$ComType)

kruskal.test(w_dict_dfm_fullSwe~w_dict dfm_fullfComType)

kruskal.test(w_dict dfm_full$self~w_dict dfm_full$ComType)

shapiro.test(c(w_dict_dfm_full$self+w_dict dfm_full§personal+w_dict dfm_full§you+
w_dict dfm_full$we))

boxplot(stacked df$values ~ stacked df$ind,

col = rainbow(ncol(trees)))

boxplot(w_dict dfm_full$personal ~w_dict dfm_full$gnd)

boxplot(w_dict dfm_fullfwe ~w_dict dfm_full$gnd)

boxplot(w_dict dfm_full$self ~w_dict dfm_full$gnd)
boxplot(w_df dict dfm mycorp_int$you ~ norm_df dict dfm mycorp int$gnd)
boxplot(w_df dict dfm_mycorp_int$self ~norm_df dict dfm mycorp int$gnd)
boxplot(w_df dict dfm_mycorp_int$we ~ norm_df dict dfm_ mycorp int$gnd)

boxplot(w_df dict dfm mycorp_ digs$personal ~ norm_df dict dfm mycorp dlgs$gnd)
boxplot(w_df dict dfm mycorp digs$you ~norm df dict dfm mycorp dlgs$gnd)
boxplot(w_df dict dfm _mycorp dlgs$self ~ norm_df dict dfm mycorp dlgs$gnd)
boxplot(w_df dict dfm mycorp dlgs$we ~norm_df dict dfm mycorp dlgs$gnd)

boxplot(w_df dict dfm mycorp vk$personal ~norm_df dict dfm mycorp vk$gnd)
boxplot(w_df dict dfm mycorp vk$you ~ norm df dict dfm mycorp vk$gnd)
boxplot(w_df dict dfm mycorp vk$self ~norm df dict dfm mycorp vk$gnd)
boxplot(w_df dict dfm _mycorp vk$we ~ norm_df dict dfm mycorp vk$gnd)
#Statistica
shapiro.test(norm_df dict dfm_mycorp_int$personal)
shapiro.test(norm_df dict dfm mycorp_int$you)
shapiro.test(norm_df dict dfm_mycorp_int$self)
shapiro.test(norm_df dict dfm_mycorp_int$we)
wilcox.test(norm_df dict dfm_mycorp int$personal ~
norm_df dict dfm mycorp_int$gnd) #W = 3190, p-value = 0.0001323
wilcox.test(norm_df dict dfm mycorp int$you ~ norm_df dict dfm mycorp int$gnd)
#W = 2748, p-value = 0.0548



wilcox.test(norm_df dict dfm_mycorp_int$self ~ norm df dict dfm mycorp int$gnd)
#W = 2709, p-value = 0.08177

wilcox.test(norm_df dict dfm _mycorp int$we ~ norm_df dict dfm mycorp int$gnd)
#W = 2911, p-value = 0.009087

shapiro.test(norm_df dict dfm mycorp vkS$personal)

shapiro.test(norm_df dict dfm_mycorp vkS$you)

shapiro.test(norm_df dict dfm mycorp vk$self)

shapiro.test(norm_df dict dfm_mycorp vk$we)

wilcox.test(norm_df dict dfm mycorp vkS$personal ~
norm_df dict dfm_mycorp vk$gnd) #W = 3190, p-value = 0.0001323

wilcox.test(norm_df dict dfm mycorp vk$you ~ norm df dict dfm mycorp vkS$gnd)
#W = 2748, p-value = 0.0548

wilcox.test(norm_df dict dfm mycorp vk$self ~ norm_df dict dfm mycorp vk$gnd)
#W = 2709, p-value = 0.08177

wilcox.test(norm_df dict dfm mycorp vk$we ~ norm_df dict dfm mycorp vk§$gnd)
#W = 2911, p-value = 0.009087

norm_df dict dfm _mycorp vk$gnd <- as.factor(norm_df dict dfm mycorp vk$gnd)

library(caret)

validation_index <- createDataPartition(w_dict dfm mycorp promouns_full$ComType,
p=0.80, list=FALSE)

# select 20% of the data for validation

test <- w_dict_dfm_mycorp promouns_full[-validation index,]

# use the remaining 80% of data to training and testing the models

train <- w_dict_dfm_mycorp promouns_full[validation index,]

test <- test[,-c(1,7)]

train <- train[,-c(1,7)]

library(rpart)
##Trees

author.tree<-rpart(ComType~.,data=train)
plot(author.tree,margin=0.1,uniform=T)
text(author.tree,use.n=T)
printcp(author.tree)

plotcp(author.tree)

author.predict.train<-predict(author.tree,train,type = "class")
ttreetrain<-table(train$ComType,author.predict.train)
error(ttreetrain)

author.predict.test<-predict(author.tree,test,type = "class")
ttreetest<-table(test$ComType,author.predict.test)
error(ttreetest)

error <- function(err) {
acc = sum(diag(ttreetest))/sum(err)
print(paste("Accuracy=", acc))

}

sum(ttreetest[,1])
confusionMatrix(data = data.frame(author.predict.test), test$ComType)



caretsum(ttreetest[1,])

F1(ttreetest)

table(test$ComType)
LS.train<-subset(train,ComType%in%c("intv","wllVK"))
LS.train$ComType<-factor(LS.train§ComType)
LS.test<-subset(test, ComType%in%c("intv","wllVK"))
LS.test$ComType<-factor(LS.test$ComType)

library(randomForest)

LSRandomForest<-
randomForest(LS.train$ComType~.,data=LS.train,ntree=5000,importance=TRUE)

print(LSRandomForest)

hist(treesize(LSRandomForest))
importance(LSRandomForest)
varlmpPlot(LSRandomForest)

LS.predictrf<-predict(LSRandomForest,LS.train,type="class")
LSrftrain<-table(LS.train$ComType,LS.predictrf)
error(LSrftrain)

LS.predictrftest<-predict(LSRandomForest,LS.test,type="class")
LSrftest<-table(LS.test$ComType,LS.predictrftest)
error(LSrftest)

# Loading package

library(e1071)

library(caTools)

library(caret)

# Fitting Naive Bayes Model

# to training dataset

classifier auth <- naiveBayes(ComType ~ ., data = train)

classifier auth

# Predicting on test data'
y_pred <- predict(classifier auth, newdata = test)

# Confusion Matrix
cm <- table(test$ComType, y pred)
cm

library(MASS)

#HLDA

author.lda<-lda(ComType~.,data=train)
print(author.lda$scaling)

summary(author.lda)
author.ldapredicttrain<-predict(author.lda,train)
tldatrain<-table(train$ComType,author.ldapredicttrain$class)
error(tldatrain)

f1(tldatrain)



author.ldapredicttest<-predict(author.lda,test)
summary(author.ldapredicttest)
tldatest<-table(test$ComType,author.ldapredicttest$class)
error(tldatest)

print(pasteO(c("text: ", 55)))

x1 <-"stringl"

x2 <-"sring2"

pasteO(x1, x2)

f1(tldatest)
plot(author.lda,col=author.train$colour)
plot(author.lda,dimen=1,type="both")
plot(author.lda,dimen=1,type="density")

require(nnet)

##Logistic Regression
Ir<-multinom(ComType~.,data=train)
help(multinom)
Ir.train<-predict(lr,train,type = "class")
error(table(train$ComType,Ir.train))

Ir.test<-predict(lr,test,type = "class")
error(table(test$ComType,lr.test))

##SVM

# author.numtr$colour = NA

# author.numtr$colour[author.numtr$ Author == "Austen"] = 0

# author.numtr$colour[author.numtr$ Author == "London"] = 1

# author.numtr$colour[author.numtr$ Author == "Milton"] =2

# author.numtr$colour[author.numtr$ Author == "Shakespeare"] = 3

# author.numtr <- author.numtr[,-15]

author.numtr$ Author <- as.factor(author.numtr$ Author)

author.svm<-svm(Author~.,data=author.numtr,
kernel="sigmoid")

help("svm")

summary(author.svm)

author.pred<-predict(author.svm,

author.numtr,decision.values=T)
ttrain<-table(author.numtr$ Author,author.pred)
error(ttrain)

author.predtestsvm<-predict(author.svm,author.numte,decision.values=T)

ttest<-table(author.numte$ Author,author.predtestsvm)
error(ttest)

row.names(w_dict_dfm mycorp_promouns_full)
w_dict dfm mycorp promouns_full[,1]

help(dist)
tstat_dist <- dist(w_dict dfm_ mycorp promouns_full[,2:5], method
help("hclust")

manhattan")

<-



clust <- hclust(tstat _dist, method = "ward.D2")
plot(clust, xlab = "Distance", ylab = NULL,hang = -5, cex = 0.2)

plot(as.phylo(clust), type = "unrooted", cex = 0.6,
no.margin = TRUE)

HC = hclust(dist(w_dict dfm_mycorp promouns_full[,2:4], method = "euclidean"))
plot(w_dict dfm mycorp promouns_full[,2:4], pch=20, col=cutree(HC,06))

library(tidyverse) # data manipulation

library(cluster) # clustering algorithms
library(factoextra) # clustering algorithms & visualization
df <- w_dict dfm_mycorp promouns_full[,2:5]

df <- na.omit(df)

df <- scale(df)

distance <- get dist(df, method = "spearman")
help("get_dist")

fviz_dist(distance, gradient = list(low = "#00AFBB", mid = "white", high = "#FC4E07"))
k2 <- kmeans(df, centers = 2, nstart = 25)

str(k2)

k2S$cluster

fviz_cluster(k2, data = df)

# df %>%

# as_tibble() %>%

# mutate(cluster = k2$cluster,

# state = row.names(USArrests)) %>%

# ggplot(aes(UrbanPop, Murder, color = factor(cluster), label = state)) +
# geom_text()

#

k3 <- kmeans(df, centers = 3, nstart = 25)
k4 <- kmeans(df, centers = 4, nstart = 25)
k5 <- kmeans(df, centers = 5, nstart = 25)

# plots to compare

pl <- fviz_cluster(k2, geom = "point", data = df) + ggtitle("k =2")
p2 <- fviz_cluster(k3, geom = "point", data = df) + ggtitle("k =3")
p3 <- fviz_cluster(k4, geom = "point", data = df) + ggtitle("k =4")
p4 <- fviz_cluster(k5, geom = "point", data = df) + ggtitle("k =5")

library(gridExtra)

grid.arrange(p1, p2, p3, p4, nrow = 2)

# Compute k-means clustering with k =4
set.seed(123)

final <- kmeans(df, 4, nstart = 25)
print(final)

fviz_cluster(final, data = df)



set.seed(123)

gap_stat <- clusGap(df, FUN = kmeans, nstart = 25,
K.max =10, B =50)

# Print the result

print(gap_stat, method = "Tibs2001SEmax")

fviz_gap stat(gap stat)

library("ggplot2")
library("ggdendro")

ggdendrogram(clust)
ggdendrogram(clust, rotate = TRUE, theme dendro = FALSE)
# Build dendrogram object from hclust results
dend <- as.dendrogram(clust)
# Extract the data (for rectangular lines)
# Type can be "rectangle" or "triangle"
dend data <- dendro_data(dend, type = "rectangle")
# What contains dend data
names(dend data)
head(dend data$segments)
head(dend data$labels)
p <- ggplot(dend data$segments) +
geom_segment(aes(x = x, y =y, xend = xend, yend = yend))+
geom_text(data = dend data$labels, aes(x, y, label = label),
hjust = 1, angle = 90, size = 1)+
ylim(-1, 2)
print(p)

data <- scale(w_dict dfm_mycorp promouns_full[,2:4])
dist.res <- dist(data)
hc <- hclust(dist.res, method = "ward.D2")
dend <- as.dendrogram(hc)
plot(dend, cex.sub =0.2, # Subtitle size
cex.lab= 0.3, # X-axis and Y-axis labels size
cex.axis = 0.5, cex =0.1)

plot(dend, which.plots=2, cex=0.1)

library(cluster)

data(votes.repub)

agnl <- agnes(w_dict dfm mycorp promouns full[,2:5], metric = "manhattan", stand =
TRUE)

plot(hc, which.plots=2)
plot(hc, which.plots=2, cex=0.1)
saveRDS(w_dict _dfm mycorp_promouns_full, "w_dict_full")

w_dict_dfm mycorp dlgs m <- subset(w_dict dfm mycorp dlgs[,2:7], gnd=="m"
w_dict dfm mycorp dlgs f<- subset(w_dict dfm mycorp dlgs[,2:7], gnd=="1")



pos_table <- sort(colMeans(w_dict_dfm mycorp dlgs m[,1:3], na.rm =
TRUE),decreasing = T)
barplot(pos_table,
main="Most freq. pos",
xlab="POS",
ylab="mean",
border="red",
col="blue",
density=1
)
Busyanusupyiite 1aHHBIE:
Most freq. pos
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Pe3ynbTathl 3a4ueTa onpeensoTcs OIEHKAMU «3aU4TEHOY, «HE 3aYTCHOY.

Kputepun 3adera 0OyCIIOBICHBI JIOTUYECKOW JACMOHCTpamueld TMPUOOPETCHHBIX
KOMIIETCHIIM B COOTBETCTBUU C TEKyIled mporpammoil. JleMOHCTpauus MpeaycMaTpuBaeT
YBepeHHOG HCIIOJIB30BAHUC TepMI/IHOJ'IOFI/II/I, IIOHUMAHUEC u" KOppeKTHOG HUCITIOJIB30BAHUEC
MaTeMaTHYeCKOro arnmnapara, mpeIycMaTpuBaeT KOPPEKTHOCTh HAMMCAHUS KOJIa, €ro MOHUMAaHNe
nu KOppeKTHOG HUCIIOJIB30BAHUEC B HEM MATCMATHYCCKUX MCTOIOB. OTMGTKa «BaYTCHO»
BBICTABIIIETCS 332 CYET JEMOHCTpAIMH TOJTYYCHHBIX KOMIIETEHIIMI B MpPaKTUKaX, JAOMAITHHX
paboTax ¥ WTOTOBOM 3aJlaHWU: YBEPEHHOE BJIAJCHHUE U TOHMMaHUE padOTHI KOJa, 3HAHUE U
JEMOHCTpAIMs B MPAKTUKE TEOPETHUECKUX OCHOB 0a3 MaHHBIX. MUHUMAaNbHBIA MOPOT 3avera
COCTaBISAET 55 OAJIOB, HUXKE 55 — «He 3aUTeHOY

DK3aMeH B ILIECTOM CEMECTpe MPOBOAUTCS B MUCbMEHHOM opMe 1o OueTaM. DK3aMeHalMOHHBIN
OueT cocTouT U3 ABYX 4actel. [IpogomkurenbHOCTh 3k3aMeHa 1,5 yaca.

[lepBas yacTh mpeacrasisieT coboil Tect U3 2 Bonpocos, nposepstomux OIIK-2, ITIK-4, MOIIK-
2.3. OTBeTHI Ha BOIIPOCHI IEPBOM YACTH JAIOTCS IyTEM BbIOOPA U3 CIIHUCKA MPENIOKEHHBIX.

Bropas yacTth cogepxut oAuH npakTuueckuii Bonpoc, nposepstomuii [1K-4, UT1K-4.1, UTTIK-4.2.
U TPEANoJaraeT pelIeHUEe 3aJad U KPaTKyl0 pPa3BEPHYTYIO HHTEPIIPETALMIO IOJYyYEHHBIX
pe3yJbTaTOB.

[IpuMepHBIil nepeyeHb TEOPETUYECKUX BOIIPOCOB

1. Onummre nousrue >HTponuu llleHHoHa, naiite mpuMepsl UCIOIb30BaHUsA. B kakoMm metone
MaIIMHHOTO 00yYEHUS UCTIONB3YETCS SHTPOITHS?

2. YeM OTIIMYAIOTCS LIENTU KJIACCU(PHUKALIMK U PETPECCUU B MALLTMHHOM OOy4eHUH?



3. Kakue MeToabl BEKTOpU3AIMU UCIIOJIb3YIOTCSl B PENPE3EHTALIMHA TEKCTOBOIO MacCUBa JaHHBIX ?
OnuimTe TpeuMyIecTBa U HEIOCTAaTKA METOJIOB

4. B kakux cimyyasx HOpUMEHseTcs MHIEKC npupocTta nHpopmanuu? ONUIIMTE aITOPUTM €ro
paboTEHI.

5. Onummre hopManbHbIe METPUKH TOYHOCTH paboThI KIacCUpUKATOpPOB. B ueM npenmyniecTa
¥ HEJIOCTAaTKH (hOPMATIbHBIX METPUK?

[Tpumepsl 3aaay:

1. 3agaua 1. [TocTpoeHue TMHEHHBIX KJIACCU(PUKATOPOB

Jano: Matpuma 1j1st oOy4eHus ¢ mpu3HaKaMH, UCXOIHBIN KO IBYX KJIacCU(DHKATOPOB:
##LDA

author.lda<-lda(Author~.,data=author.numtr)
print(author.lda$scaling)

summary(author.lda)
author.ldapredicttrain<-predict(author.lda,author.numtr)
tldatrain<-table(author.numtr§ Author,author.ldapredicttrain$class)
error(tldatrain)

f1(tldatrain)
author.ldapredicttest<-predict(author.lda,author.numte)
summary(author.ldapredicttest)

tldatest<-table(author.numte$ Author,author.ldapredicttest$class)
error(tldatest)

print(pasteO(c("text: ", 55)))

x1 <-"stringl"

x2 <-"sring2"

pasteO(x1, x2)

f1(tldatest)

plot(author.lda,col=author.train$colour)
plot(author.lda,dimen=1,type="both")

plot(author.lda,dimen=1,type="density")



PGSYHI:TaTBI 9K3aMCHa OMPCACIIAOTCA OICHKAMUA «KOTJIMYHO», «XOPOIIO0», «yAOBJICTBOPUTCIILHO,
«HEYOOBJICTBOPHUTCIBHO).

Kpurepun sx3ameHa 00yCIOBICHbI JIOTHYECKON JeMOHCTpaIMel MPHOOPETEeHHBIX KOMIIETEHIIU
B COOTBETCTBMM C TEKylleHd mporpamMMoin. JIeMOHCTpamusi MNpenycCMaTpUBaeT YBEPEHHOE
UCIIOJIb30BAaHUE TEPMHUHOJIOTMH, NTOHUMAHUE M KOPPEKTHOE HCIIOJb30BAHUE MAaTeMaTHYECKOI'O
amnmapara, MpeAyCMaTpUBAET KOPPEKTHOCTh HAMMCAHMS KOJa, €r0 IMOHMMAaHHE U KOPPEKTHOE
UCIIOJIb30BAaHUE B HEM MAaTEMAaTHUYECKUX METOM0B. OTMETKAa «XOpOIIO» BBICTABIAETCS 3a CUET
JIEMOHCTPALIMM TIOJyYEHHBIX KOMIIETCHIIMM, BIJIAJICHHE W TOHMMAaHHE KOJA, TEOPETHYECKHUX
ACTEKTOB €ro MPUMEHEHHSI B IPAKTUKE PabOThI ¢ TEKCTOBBIMU MacCHBAaMU JIAHHBIX JOITyCKAIOTCS
HEJI0YEThl B IMOHSATUWHOM armapare MareMaThuku. OTMETKa «yAOBJIETBOPUTEIBHO» IO3BOJISET
JIOMYCTUTh OIIMOKH B pa3pabOTKe KOJa, HO YYUTHIBACT MOCIIEIOBATEIbHYIO JIOTUKY HU3JIOKCHHS
CTPYKTYpbl KOJa, €ro HWHTEPHPETALMIO, CBSI3b TEOPETUYECKHUX ACIEKTOB JIMHIBUCTUKU U
MaTEeMaTHKH, IEMOHCTpPALUS TOHUMaHUA X012 00pa0OTKU TeKCTa. MUHUMAaIIbHBIN TOPOT OLIEHKU
«otaugHOy» cocTasisieT 90-100 6ammoB, xoporo 75-89, ynoBIeTBOPUTEIBHO «55-74» HIKe 55 —
«HEYAO0BJIETBOPUTEIILHOY

11. YyeOHO-MeTOANYECKOE 00€ecIIeUeHHue

a) DIEKTPOHHBIN y4eOHBIN Kypc 110 AUCHUIUIMHE B 2JIEKTPOHHOM yHHBepcuTeTe «Moodle»
- https://moodle.tsu.ru/course/view.php?id=12998

6) OnieHOUHBIE MaTepHabl TEKYIIETO KOHTPOJIS M MPOMEXKYTOUYHOM aTTecTalu 110
JUCLUIUIMHE.

B) [Inan ceMuHapcKuX / MPaKTUUECKUX 3aHATUH 110 TUCIUILIIHHE.

Cemunap Nel

1. OcHoOBBHI s13bIKa TporpamMMupoBanust R

2. IlepeMeHHbI€, CTPYKTYPbI JAHHBIX

3. [ukiel, mpoBepKa yCI0BUI

Cemunap Ne2

1. C60p u CTpYKTypHU3alUs TEKCTOBBIX JAHHBIX

2. Pabora ¢ ¢aiinamu

3. JlemmaTH3anus TEKCTOB MPH MOMOIIM mystem

Cemunap Ne3

1. bubnunoreka quanteda a5 BEKTOPU3aLKMU M aHAJIN3a TEKCTOBBIX MAaCCUBOB JJAaHHBIX

2. Bekropuzanus TekcToB. [IpuHIMIBL, METOABI

3. CocraBieHue ci0oBapei, n-rpamsl

Cemunap Ne4

1. CraTucTHYECKU aHAJIU3 MATPULIBI CIIOB TEKCTa

2. OnucatenbHas CTaTUCTUKA

3. KoppensiuoHHslii aHamu3

4. IIpoBepka CTaTUCTHUECKUX TUIIOTE3

5. KnacrepHhslii ananus

Cemunap Ne6

1. CokparieHue npocTpaHCTBa MPU3HAKOB

2. Busyanuzanuus u aHaJIu3 TEKCTOBBIX JaHHBIX

ITonroToBka K MpoBeEHHIO JIAOOPATOPHBIX pabOT HAYMHAETCS B Hayaje TEOPETHYECKOTO
U3JI0’KEHUS] U3y4aeMOM TeMBbI M MPOJOJKAETC 10 XOAY €€ M3y4YeHUs IPU OCBOEHUHU MarepHasa
Ha 3aHATUAX B paMKaX NPAaKTUYECKUX 3aJaHUM W paboTe HaJ HUM B XOJ€ CaMOCTOSTENIbHOU
NOJTOTOBKM J0Ma M B OnOnmoTeKkax. [ KauecTBEHHOTO BBHIMOJHEHUS JTA0OpaTOPHBIX padoT
CTyZE€HTaM HeOOXOAUMO:

1) NOBTOPUTH TEOPETUUECKUI MaTepUall [0 KOHCIIEKTY U y4eOHUKaM;

2) 03HAKOMUTbCS C OMUCAHUEM JIAOOPATOPHOU pabOThI;



https://moodle.tsu.ru/course/view.php?id=12998

3) B crienanbHOM TeTpaau 1uist 1a00paTOpHBIX padoT 3anucaTh Ha3BaHKUE U HOMEP paboTHI,

MNEPCUYCHDb HCO6XOI[I/IMOFO IporpaMMHOIO O6€CHC‘ICHI/I${, IMMOATOTOBUTH AJITOPUTM HIIN KO,

4) BBISICHUTH 1L1EJTh PaOOTHI, Y€TKO MPECTABUTH ce0e MOCTABICHHYIO 3a7]a4y U CIIOCOOBI €€

OOCTHIXKCHUSA, TPOAYMATE OKUAACMBIC PE3YJIBTATEI OIIBITOB,

5) OTBCTUTH YCTHO HWJIM MHMCbMCHHO HAa KOHTPOJIBHBIC BOIIPOCHI 110 H3yqaeM01‘/'1 TEMEC HJIN

peuuTh psij 3a1a4;

6) W3y4YHTh TOPAJOK BBINOJHEHUS JabopaTopHoil pabotTel. IloaroroBuTh Cpemy

BBIMOJIHEHUs KoAa K padore. [lociie mpoBepku MpaBHIIBHOCTH alropuTMa paboThl MPOrpamMMbl
IpernoaBaTeseM MOKHO HAUMHATH BBITIOJTHEHUE TaO0paTOPHO paboTHI.

1) Meronnyeckue ykazaHus 10 OpraHU3alli CaMOCTOSATEIbHON pabOThI CTYAEHTOB.

@DopMBI CaMOCTOSITEIBHOM paboThI CTYIEHTOB pa3HOOOpa3Hbl. OHH BKIIIOYAIOT B CeO4:

— U3yYEHUE M CHUCTEMATH3alUI0 NPAKTHYECKUX M TEOPETHYECKHX IPHUMEPOB B paMKax
BBITIOJTHEHUS TEKYLIUX 3aJIaHUH 10 IPEIMETY;

— u3y4eHue y4eOHOM, HayYHOH U METOJUYECKOH JINTepaTypbl, MATEPHAJIOB MEPHUOIMUECKUX
W3IaHUK C TIPUBJICUCHHUEM OJICKTPOHHBIX CPEACTB O(HUIIMAIBHOW, CTaTHCTHYECKOM,
MEPUOINYECKON U HAyYHOH HH(OpMAIIH;

— MOATrOTOBKY OKJIAI0B M NPE3EHTALMI, HallMCaHUE MPOrPaMMHOI0 KOZA U €ro OTJa/IKa;

— y4acTtue B paboTe CTyAeHYECKHX KOH(EpEeHIIUI, KOMIUIEKCHBIX HayUHBIX UCCIIEJOBAHUSIX.
CamocrosTenpHass paboTa NPUOOINAET CTYACHTOB K HAYYHOMY TBOPUYECTBY, IOUCKY M

PCHICHUIO AKTYyaJIbHBIX COBPEMCHHBIX HpO6J’I€M.

[Tpumepsl caMOCTOSTETLHON paOOTHI CTY/ICHTOB:

Coznanue cnoBaps U UTO YaCTOTHOTO paclpeieNieHUs B TEKCTaX:
library(readxl)

#library(quanteda.sentiment)

library(quanteda)

# install.packages("remotes")

# remotes::install github("quanteda/quanteda.sentiment")

tmp <- read_excel("full word rating after coding.xlsx", col names = TRUE)

df #head body stem class

mycorp <- corpus(df, text field ="stem", )

dict <- dictionary(list(negative = c(tmp$word[tmp$value==-1]),
neg_negative = c(tmp$word[tmpSvalue==-2]),
pos_positive = c(tmp$word[tmp$value==2]),
neutral = c(tmp$word[tmpS$value==0]),
positive = c(tmp$word[tmpSvalue==1])))
valence(dict) <- list(negative = -1, neg_negative =-2, pos_positive = 2, neutral = 0, positive

dict2 <- dictionary(list(neg = c(tmp$word[tmpS$value < 0]),
neut = c(tmp$word[tmp$value==0]),
pos = c(tmp$word[tmpSvalue>0])))
valence(dict2) <- list(neg = -1, pos = 1, neut = 0)
polarity(data dictionary LSD2015) <- dict
# list(pos = c("positive", "neg_negative"), neg = c("negative", "neg_positive"))
sent_pres <- mycorp_ vk %>%
corpus_subset(gnd == "f")
sent_pres2 <- mycorp_ vk %>%



corpus_subset(gnd == "m")

summary(mycorp_vk)

x_m <- tokens_lookup(tokens(sent_pres), dictionary = dict2) %>%
dfm()

x_f <- tokens_lookup(tokens(sent pres2), dictionary = dict2) %>%
dfm()

x_m <- dfm_weight(x_m, scheme = "prop")

x_f<-dfm_ weight(x_f, scheme = "prop")

x_full <- tokens_lookup(tokens(mycorp vk), dictionary = dict2) %>%
dfm()

x_f <-convert(x_f, to = "data.frame")

Xx_m <-convert(x m, to = "data.frame")

x_m$gnd <- "f"

x_f$gnd <- "m"

x_full abs vkwall <- rbind(x_f, x_m)

x_full abs vkwall§ComType <- "vkw"
write.csv(x_full abs vkwall, "sentiment vkwall gnd.csv")

ggplot(x_full abs vkwall, aes(doc id, neut, fill = gnd, group = gnd)) +

geom_bar(stat="identity’,  position =  position _dodge(), size = 1)
scale fill brewer(palette = "Setl") +

theme(axis.text.x = element_text(angle = 45, vjust = 1, hjust =1)) +
ggtitle("Sentiment scores in twelve Sherlock Holmes novels") + xlab("")

X_m2 <- convert(x_m, to = "data.frame")

x_m2 <- as.data.frame(x_m)

x_f2 <- convert(x_f, to = "data.frame")

x_f2 <- as.data.frame(x_f)

KoppensimoHHblii aHam3:

library(outliers)

grubbs.test(emot_int$neg, type = 10)

grubbs.test(emot_int$pos, type = 10)
grubbs.test(emot_int$neut, type = 10)
library(ggplot2)

p = ggplot(emot_int[,-1], aes(x=self))

(p <- ptgeom_density(aes(fill=gnd), alpha=1/2))

# Sample data

data <- emot_int[, 2:4] # Numerical variables

groups <- as.factor(emot_int[, 5]) # Factor variable (groups)
# Plot correlation matrix

pairs(data)

# Equivalent with a formula
pairs(~ neg+pos+neut, data = emot_int)

pairs(data, # Data frame of variables
labels = colnames(data), # Variable names
pch=1, # Pch symbol

bg = rainbow(2)[groups], # Background color of the symbol (pch 21 to 25)



col = rainbow(2)[groups], # Border color of the symbol

main ="", # Title of the plot

rowlattop = TRUE, # If FALSE, changes the direction of the diagonal
gap =1, # Distance between subplots

cex.labels = NULL, # Size of the diagonal text

font.labels = 1) # Font style of the diagonal text

panel.hist <- function(x, ...) {
usr <- par("usr")
on.exit(par(usr))
par(usr = c(usr[1:2], 0, 1.5))
his <- hist(x, plot = FALSE)
breaks <- his$§breaks
nB <- length(breaks)
y <- his$counts
y <- y/max(y)
rect(breaks[-nB], 0, breaks[-1], y, col =rgb(0, 1, 1, alpha =0.5), ...)
# lines(density(x), col = 2, lwd = 2) # Uncomment to add density lines

}

# Creating the scatter plot matrix
pairs(data,
upper.panel = NULL, # Disabling the upper panel
diag.panel = panel.hist) # Adding the histograms
# Function to add correlation coefficients
panel.cor <- function(x, y, digits = 2, prefix ="", cex.cor, ...) {
usr <- par("usr"
on.exit(par(usr))
par(usr =c(0, 1, 0, 1))
Cor <- abs(cor(x, y)) # Remove abs function if desired
txt <- pasteO(prefix, format(c(Cor, 0.123456789), digits = digits)[1])
if(missing(cex.cor)) {
cex.cor <- 0.4 / strwidth(txt)
b
text(0.5, 0.5, txt,
cex = 1 + cex.cor * Cor) # Resize the text by level of correlation

}

# Plotting the correlation matrix

pairs(data,
upper.panel = panel.cor, # Correlation panel
lower.panel = panel.smooth) # Smoothed regression lines

# install.packages("gclus")
library(gclus)

# Correlation in absolute terms
corr <- abs(cor(data))

colors <- dmat.color(corr)
order <- order.single(corr)



fit

cpairs(data, # Data frame of variables
order, # Order of the variables
panel.colors = colors, # Matrix of panel colors
border.color = "grey70", # Borders color
gap = 0.45, # Distance between subplots
main = "Ordered variables colored by correlation", # Main title
show.points = TRUE,  # If FALSE, removes all the points
pch =21, # pch symbol
bg = rainbow(2)[groups]) # Colors by group

#install.packages("psych")
library(psych)

pairs.panels(data,
smooth = TRUE, # If TRUE, draws loess smooths
scale = FALSE, # If TRUE, scales the correlation text font
density = TRUE, # If TRUE, adds density plots and histograms
ellipses = TRUE, # If TRUE, draws ellipses
method = "spearman", # Correlation method (also "spearman" or "kendall")
pch =21, # pch symbol
Im = FALSE, # If TRUE, plots linear fit rather than the LOESS (smoothed)

cor = TRUE, # If TRUE, reports correlations

jiggle =FALSE, # If TRUE, data points are jittered

factor =2, # Jittering factor

hist.col=4,  # Histograms color

stars = TRUE, # If TRUE, adds significance level with stars
ci=TRUE) # If TRUE, adds confidence intervals

library(psych)

corPlot(data, cex = 1.2)

library(ggplot2)
# install.packages("ggExtra")

library(ggExtra)

p_base <- ggplot(emot_int,aes(x=neg,y=pos,color=gnd)) + geom_point()
ggExtra::ggMarginal(p_base, groupColour = TRUE, groupFill = TRUE)

library(otrimle)

clus <- otrimleg(emot _int[,c(1,2)], G=2:5, monitor=1) # mapameTp monitor MO3BOJSIET

BUJACTH X0/ BBIIIOJTHCHUA

# Equivalent but using the plot function
plot(data)
library(tidyverse)
cor(w_dict dfm_full[,2:4] %>% w_dict dfm mycorp vk$gnd=="m"
w_dict dfm mycorp vk %>%
group_by(gnd) %>%
plot(w_dict_dfm_mycorp_ vk$self)



w_dict dfm_full$gnd <- as.factor(w_dict dfm_full$gnd)
w_dict dfm full 01 <-w_dict dfm_full

w_dict dfm full 01$gndO1[w_dict dfm full§gnd=="m"] <- 1
w_dict dfm full 01$gndO1[w_dict dfm full§gnd=="{"]<-0

fitglm <- glm(w_dict dfm_full 01$gnd01 ~ w_dict dfm_full Ol1$personal -
w_dict dfm_full 01$you +
w_dict dfm_full 01$we +w_dict_dfm_full 01$self)

12. Ilepeyens y4eOHoOI1 TuTEpaTypsbl U pecypcos cetn UHTEepHeT

a) OCHOBHasI TuTepaTypa:

— ABToMatnyeckass 0OpabOTKa TEKCTOB HAa €CTECTBEHHOM S3bIKE W KOMIIBIOTEpHAs
JUHTBUCTHKA: yueO. mocooue / bonpmakosa E.U. u ap.—M.: MUOM, 2011.

— KorautuBHas u komnbioTepHast nuHrsuctuka / Pex.: P.I'.byxapaes, B.J[.ConoBbes,

JI.II.Cyneitmanos. - Kazanb: KI'Y, 1994. - 112 ¢

— bapanoB A. H. Bsenenue B mnpuknaanyro jauHrsuctuxky. M., 2001. URL:
https://dislyget.ru/index.php?r=item/view&id=21065

0) TONOJIHUTENbHAS INTepaTypa:

— bonxoButsnoB A.B., I'yceB A.B., Uenosckuii A.M. Mopdonoruueckue moaenu
KOMITbIOTEPHOM JTMHTBUCTHKH: yuel. mocodbue —M. MI'VII, 2010.

—JleontheBa H. H. ABTOMarmueckoe IOHMMaHHE TEeKCTOB: CHCTEMBI, MOJCIH,
pecypcsl: YauebHnoe mocobue —M.: Axkanemusi, 2006.

—JurafskyD., Martin J. Speech and Language Processing.An Introduction to Natural
Language Processing, Computational Linguistics and Speech Recognition.Prentice Hall, 2000

B) pecypchl cetu HTepHeT:

— OTKPBITBIE OHJIAH-KYPChI

— Kypnain «Okcriept» - http://www.expert.ru

— O¢duumansueiii cailt PenepanbHoi CaykObl TOCYAApCTBEHHOM cratuctuku PO -
www.gsk.ru

— O¢dunmnansHelii caifit Becemupnoro 6anka - www.worldbank.org

— Oobwepoccuiickas  Cetp  Koncynbrantllmoc ChopaBounast mpaBoBas —cHUCTEMA.
http://www.consultant.ru

— OdunmanbHbIil calfT A3bIKa IporpaMMupoBanus R - www.r-cran.com

13. Ilepeyens HH(POPMALIMOHHBIX TEXHOJIOTHIl

a) JINIIEH3MOHHOE U CBOOOIHO PacIpoCTpaHsIeMOe MPOrpaMMHOE 00ECTICUCHHE:
— Microsoft Office Standart 2013 Russian: naket nporpamMm. BxmrouaeT npusnoxenus: MS
Office Word, MS Office Excel, MS Office PowerPoint, MS Office On-eNote, MS Office
Publisher, MS Outlook, MS Office Web Apps (Word Excel MS PowerPoint Outlook);
— myOmyHO JocTymHBIE o0naunbie TexHonoruu (Google Docs, SIHneke AuCcK u T.11.).
— s13bIK IIporpammupoBanus R (RStudio) u Python;
0) UHPOPMALIMOHHBIE CIIPABOYHBIC CHCTEMBI:

— DJNEeKTPOHHBIN KaTajor Hay4noii 6ubnuoTexu Ty -
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
— DNeKTpOHHAs oubsimoreka (penozurtopwuii) Ty -

http://vital.lib.tsu.ru/vital/access/manager/Index
— OBC Jlaus — http://e.lanbook.com/
— OBC KoncynbranT cTyaenTa — http://www.studentlibrary.ru/



http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
http://vital.lib.tsu.ru/vital/access/manager/Index
http://e.lanbook.com/
http://www.studentlibrary.ru/

— O6pa3oBatenpHas miatdopma FOpaiit — https://urait.ru/
— OBC ZNANIUM.com — https://znanium.com/
— 9BC IPRbooks — http://www.iprbookshop.ru/

B) npodeccuoHanbHble 0a3bl JAHHBIX (MPU HATUYUL):

— Yuauepcurerckas nHbopmarmonnas cuctema POCCUS — https://uisrussia.msu.ru/

— Enunas MexBenoMcTBeHHas: WHGOpMalMoHHO-cTatuctudeckas cucrema (EMUCC) —
https://www.fedstat.ru/

14. MaTepuanbHO-TeXHHYECKOe o0ecreyeHue

AynuaTopun 1 NPOBEIEHUS 3aHATUH JIECKIIMOHHOTO TUIIA.

Aynuropun JUisi TPOBEACHUS 3aHATHUM CEMHMHApPCKOTO THIA, WHIAUBUAYAIbHBIX H
IPYIIOBBIX KOHCYJIBTALUM, TEKYLIETO KOHTPOJIS U MPOMEKYTOYHON aTTECTALINN.

[Tomermenust UIsi cCaMOCTOSITENIFHONW pabOTHI, OCHAIIEHHBIE KOMIBIOTEPHOW TEXHUKOH U
JOCTYNIOM K ceTu VHTepHeT, B 3JIEKTPOHHYIO HMH(OPMAILMOHHO-00pa30BaTEIbHYIO CPEeLy U K
UH(POPMALIMOHHBIM CIIPABOYHBIM CUCTEMaM.

JlaGopaTopuu, 060py1oBaHHbIE KOMITbIOTepamHu (He HIKe 13, RAM 8Gb), mpoekTopom

Aynuropun Uil TPOBEICHMS 3aHATUM JIEKIMOHHOTO U CEMUHApCKOro THIA
WHAVBUAYAJIbHBIX M TPYNIOBBIX KOHCYJNBTAllUM, TEKYILEr0 KOHTPOJS M IPOMEKYTOYHOU
aTTeCTalluy B CMEUIaHHOM (hopmaTe («AKTPY»).

15. Undopmanus o pazpadoTyuKax

Crenanenko Anzapeit Anexcanaposud, HM Tomckuii rocygapcTBEHHBIM YHUBEPCHUTET,
ACCHUCTEHT Kadeapbl OOIIETO CIaBIHO-PYCCKOTO S3bIKO3HAHUS M KJIIACCHYECKOW (PUITOTI0THI


https://urait.ru/
https://znanium.com/
http://www.iprbookshop.ru/
https://uisrussia.msu.ru/
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