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1. leab ¥ nIaHUpYyeMble Pe3yJabTAaThl 0CBOEHUS THCIUILIMHbI

[enbto 0OcBOEHUS AUCHUILINHBI SBIsETCS (POPMUPOBAHUE CIEAYIOIUX KOMITETEHIIUH:

— OIIK-3 — CnocoOeH MpUMEHSATh U MOAUGPHUIIUPOBATH MATEMATHYECKUE MOJCTH JUIS
pelieHus 3aaa4 B 06J1acTi npogecCHOHATbHON AeITeIbHOCTH.

PesynbpraramMu 0CBOEHUS NUCHIUTUIMHBI SIBISIFOTCS CICIYIONINE WHANKATOPBI JOCTHKCHUS
KOMIIETCHIINH:

NOIIK-3.1. J/IleMOHCTpUpYET HABBIKM MPUMEHEHHS COBPEMEHHOTO MaTeMaTH4YeCKOTO
anmapara ISl TOCTPOCHHS aJeKBATHBIX MaTeMaTHYeCKHUX MOJIeJe peaJbHBIX IPOIECCOB,
00BEKTOB M CHCTEM B CBOCH MPEAMETHOI 001acTy.

NOIIK-3.2. JlemoHCTpUpYyeT yMeHHE coOuparh M 00padaThiBaTh CTAaTHCTHYECKUE,
OKCIIEPUMEHTAIbHBIC, TCOPETHUYECKUE W T.I. JAHHBIC [UIsI TIOCTPOSHUS MATEMATHUECKUX
MoJieJIel, pacueTOB U KOHKPETHBIX MPAKTUYECKUX BBHIBOIOB.

2. 33}13‘[“ OCBOCHUA TUCHHUIIIMHBI

- I/ISYLII/ITB OCHOBHBIC MOJCJIN U MCTOAbI pa3pa60T1<H JaHHBIX,

- HayLII/ITBCﬂ IMPUMCHATHL YKa3aHHbBIC MOJACIM KW MCTOJbI, a TaKXE IPOrpaMMHBIC
CpCACTBA, B KOTOPBLIX OHU PCAJIU30BAHBI,

- HpI/I06p€CTI/I OIIBIT aHAJIM3a PCAJIbHBIX JAaHHBIX C TIOMOIIBIO U3YYCHHBIX METOJ0B.

3. MecTo AuCHMILINHBI B CTPYKTYpe 00pa3oBaTeibHOM MPOrpaMMbl

I[I/ICIII/IHJII/IHa OTHOCHUTCA K (1)21Ky.HI)TaTI/IBHBIM JAUCHUITIIIMHAM u BXOOUT B
q)aKy.]'ILTaTI/IBHHﬁ MOAYJIb ITO BLI60py ((BBG,I[@HI/IG B HCKYCCTBGHHLIﬁ HHTCIIICKT».

4. Cemectp(bI) ocBOeHMS U (popMa(bl) MPOMEKYTOYHON aTTECTALMH 110 AUCHHUIINHE

[IaThIi1 cemecTp, 3a4eT C OLICHKOM.

5. BxoaHblie TpeﬁoBal—[l/Iﬂ AJIsi OCBOCHHUA JUCHUIIJINHBI

JUis  yCHEIIHOro OCBOCHMsI JUCLUIUIMHBI TpPeOYIOTCS pe3yiabTaTbl OOyYeHHUs 10
clenyromuM qucuuminHam: «HTennekTyanbHble THPOPMAIIMOHHBIE CUCTEMBDY.

6. SI3bIK peanuzanun

Pyccknit.

7. O0beM TUCHUILINHBI

OO6m1ast Tpy10€MKOCTh TUCIMIUIUHBI COCTABIIAET 3 3.€., 108 yacoB, U3 KOTOPHIX:
-JIeKIuu: 32 4.

-naboparopusie: 16 u.

O06beM caMOCTOSTENNbHON pabOThI CTYIEHTA OTNpeAeNieH YIeOHbBIM IIIaHOM.

8. Conepma}me AUCHUIIJIMHBI, CTPYKTYPUPOBAHHOC 110 TEMaM

Tema 1. OcHOBHBIE TPOOJIEMBI IOCTPOCHHUSI CHCTEM

Kpatkoe conmepxkanue Tembl. AKTyalbHOCTh, 0a30Bas TEPMHUHOJOTHS W TEHACHIIUU
pasBuTHs. OCHOBHBIE 3alaud, OdTanbl M KIacCU(UKALUsA METOJOB aHAlW3a JIaHHBIX.
[IpenBaputenbHas  oOpabotka  nmaHHbIX. Kmaccudukamms.  Perpeccus.  Accormarus,
nocjenoBaTeNbHas accolyanys, aHOMAJIMUM M BHU3yalu3aluus. BbICOKONpoOM3BOAUTENbHAS
o0OpaboTka gaHHbIX. [IporpaMMHBbIe cpenibl 17151 HHTEJUIEKTYalIbHOTO aHaIN3a TaHHBIX.

Tema 2. IIpenBapurenbHas 00padorka nanubix. Knaccupukanus

Kpatkoe conepxanuie TeMbl. OCHOBHBIE METO/IBI U MIpe/IBapUTeNbHAs 00paboTKa JaHHBIX.
OnTuMuzanusi TPU3HAKOBOIO MPOCTPAaHCTBAa 0e3 TpaHChOpMalMK MPOCTPAHCTBA MPU3HAKOB.



KonTtponupyemass Hemapamerpuueckas HedpocereBas kinaccudukarnus. Kmaccudukamms mo
METOJly MallIMHbI OIOPHBIX BEKTOPOB. JlepeBbs peIICHHIA.

Tema 3. Perpeccusi. Accouuanmsi, mocje0BaTeJbHAsE aACCOUMAINUSA, AHOMAJIUN H
BU3YyaJIHU3aIUs

Kpartkoe conepxanue tembl. [lonstue perpeccun. OCHOBHBIE ATalbl PErpecCHOHHOTO
aHanuza. OnucaHue aJropuTMa accolraluui. AJITOPUTMBI CEMENCTBa «ATpUOPU». AJITOPUTM
GSP. ObHapyxeHre aHOMAJTUK U METO/Ibl BU3yaIU3alliHy.

Tema 4. BbICOKONIPOU3BOAUTEIbHASL 00Pad0TKA JTaHHBIX

Kpatkoe conepxkanue Ttembl. [IpuHIMIBI OpraHU3aluy  BBICOKOIIPOU3BOAUTEIIBHBIX
BblunciaeHuii. SMP-cucrembl. Mogenn mnapaiienbHblx —BbluMcieHud MPMD, SPMD.
[IporpammubIe Cpe/ibl 1711 MHTEUIEKTYalIbHOTO aHAIN3a JAHHBIX.

9. Tekymuii KOHTPOJIb MO AUCHUIIIHHE

Texymuii KOHTPOJIb MO JAUCHUIUIMHE POBOJUTCS HA OCHOBE KOHTPOJIS MOCEIAEMOCTH,
COCTaBJICHUS U 3alUThI pedepaToB, padOThI HaJl IPYNIIOBBIM POEKTOM U (puKcupyercs B opme
KOHTPOJIbHOM TOYKM HE MEHEE OJJTHOI'O pa3a B CEMECTP.

Tunossle 3aaHus U1 IPOBEIEHUS TEKYILLEr0 KOHTPOJIS YCIIEBAEMOCTH 10 AUCLUIIUHE:

Pedepar (Ha cornmacoBannyro temy). K pedepary HeoOXoauMO cienaTh Mpe3eHTAIHIO.

[Ipumeps! Tem:

CoBpeMeHHBIE HEHpOHHBIE ceTH B 00pabOTKe MJaHHBIX (M300paKeHUH, BHIEO,
TEXHOJIOTUYECKUX CUTHAIOB, MY3bIKH U T.IL.);

CoBpeMeHHbIE aNrOPUTMbI KJIaccuPUKauu (U300paxeHuil, TEKCTOB U T.I1.);

WnTemnekryanbHast 00paboTka JaHHBIX B ... (IPOMBILUICHHOCTH, MEIUIMHE, OU3HECE,
UHAYCTPUHU Pa3BJI€UEHU, 1ocyra u ap.);

W3Bnedenune 3HaHUH U3 TEKCTOB;

JleTekTupoBaHHE aHOMAJIUH;

PazHOBUIHOCTH CBEPTOUYHBIX HEMPOHHBIX CETEH;

WHTennexryaibHble aITOPUTMbI B paHHEH 1MarHOCTUKE 3a00JI€BaHU;

WHTemnekTyanbHble aIrOPUTMBbI B IEPCOHAIN3UPOBAHHON MEIUIMHE;

NHuTennexryanbHble aITOPUTMbI B pOOOTOTEXHHUKE, TPAHCIIOPTHBIX CUCTEMAX U T.IL.;

WHTennekTyanbHble alTOPUTMBI B OAHKOBCKOM JIeie/CTpaxOBaHUM/ .. .;

[Ipoexkt (Ha corjmacoBaHHyr0 TeMy). Peanm3zoBarb HEOONBIIOW MPOEKT IO
MHTEJUIEKTYyaJIbHOM 00paboTKe MaHHBIX C MCHOJb30BaHHEM cpeabl RapidMiner win oxHoro us
A3BIKOB MporpammupoBaHust (Hanpumep, Python, R), ¢ BO3MOXHBIM HCHOJIB30BaHUEM
00IIeTOCTYMHBIX 0a3 JaHHBIX (MM JAHHBIX U3 UHBIX UCTOYHUKOB).

Oransl peaqu3alinuy MpoeKTa:

ITouck n moAroToBka Habopa JaHHBIX;

Pa3paboTka TeXHMUECKOTO 3aJaHMUs;

[TunoTHas peanusanus OJHOW MOJENHU, BBIOOP METPUKU U OLEHKA TOUYHOCTH ((ukcarus
MOJIyY€HHOM TOYHOCTH Ha 3TOM JTarie);

Peanuzanus BceX NMyHKTOB TEXHUYECKOIO 3aJaHMs, HACTPONKa MapaMETPOB MOJEIEH,
OIICHKa TOYHOCTH (TOYHOCTb, MOJY4YEHHAss Ha 3TOM JTame JoJDKHA ObITh OOJbIIE YeM Ha
MPEbIIYIIEM):

[ToaroroBka otyera (C OmMMCaHHEM MPEIMETHON 00JIACTH, BBHIOPAHHBIX AJITOPUTMOB U
napaMeTpoB MoJieNel), Mpe3eHTalluH, TyOInYHas 3alUTa MPOEKTa;

Kaxnpi CTymeHT peanu3yer WHAMBUAYAJIbHBI WJIM TPYIIOBOM IPOEKT Kak
MI0CJIEI0BATENBHOCTD J1a00PaTOPHBIX PadoT:

JlabopaTtopHas pabora Nel. NHauBHayanbHOE 3alaHHE MO TeMe «AHAIW3 MPEIMETHOMN
oOmnacty, (GopMyIMpOBKa LieJIel U 3a7au uccieqoBanus. M3BieueHue u nepBUYHOE COXpaHEHHE
JAHHBIX.



Lenp paboThl — HAY4YUTh CTYJCHTOB peLIaTh 3a/Ja4d aHajIu3a NpeAMETHOW obiacTu, ee
ajanTauyyd JUis METOJOB aHaliM3a JaHHBIX C Y4YeTOM MPUHIUIHAIBHBIX OCOOEHHOCTEH
MpPEeIMETHOM 00JIacTH.

JlaGopaTopHass pabora Ne2. MumuBunayanpHoe 3amanue 1o teme «lIpeaBaputenbHas
00paboTKa JAHHBIX: OYMCTKA, HHTETPaLHs, TPEOOPa3OBAHHE.

Lenp paboThl — HaydyuTh CTYAEHTOB peIIaTh 3a/Jaydl MpeaBapUTEIbHOW 00paboTKU
JAHHBIX, MPEANOJararwLel TPyIOEMKYI0 IPOLEAYPY OUYHUCTKHU (HMCKIIOYEHHE MPOTHUBOPEUMIA,
CIIy4ailHBIX BBIODOCOB U TIIOMEX, IPOMYCKOB), HHTErpauuud (OObEIMHEHUE [aHHBIX W3
HECKOJIbKUX BO3MOJKHBIX MCTOYHHMKOB B OJHOM XpaHWIULIE), NpeoOpa3oBaHus (MOMKET
BKJIIOUATh arperupoBaHUE U CXKaTHE AAHHBIX, IUCKPETH3AlUI0 aTpUOYTOB M COKpalleHUE
pPa3MEpHOCTH U T.I1.).

JlaGopaTopHas pabora Ne3. MumuBuayanbHoe 3amaHue mo Teme «CopeprkareabHbIi
aHanmu3 JaHHBIX MeTonamu Data Miningy.

Lenp paboTbl — HAay4yuTh CTYACHTOB OOOCHOBAaHHO TPUMEHSTH 0a30BbIE METObI
MHTEJUICKTYaJIbHOTO aHaJIM3a JaHHBIX, YYUTHIBAsi OCOOCHHOCTH KaK TEOPETUYECKOTO ITOCTPOCHU S
MPUMEHSIEMbIX METOJI0B, TaK U BHIOPAHHOM MPEeIMETHOM 00J1acTH.

JlaboparopHast pabota Ned4. MumumBuiayanbHOe 3amanue 1o Teme «Busyanmmzanus u
MHTEPIIPETALNS [TOJYYEHHBIX PE3yIbTaTOBY.

Lenp paboTbl — HAyyUTh CTYJACHTOB BBINOJIHATH BU3YaJIU3aLUI0 M HUHTEpIpETaLus
MOJIYYEHHBIX PE3YyJIbTATOB B BUJIE, IPUTOIHOM I IPUHSATHS YIPABICHUYECKUX PEIICHUH.

HpI/IMepH TEM IJIsI CAMOCTOATCIIBHOTO U3YUYCHUS:

. HeiipocereBpie MeTOBI aHANIN3a JTAaHHBIX, CBEPTOUHBIE ceTH (convolution neural
networks). rimyounnoe ooydenue (deep learning).

. MeTtoibl HHTEUIEKTYIILHOTO aHan3a Meaua (social media data mining).

. Mertoibl MalIMHHOTO 00y4YeHHS B 3a7a4axX (PMHAHCOBOW aHAJTUTHKH.

. MeTto1bl MalIMHHOTO 00YYEHHUS B 3a/la4aX PaHHEW MEAUIIMHCKONW JUarHOCTUKH.

. KomOuHupoBanue Moieneil B aHaJIn3e JaHHBIX, OYCTHHT.

. Merton aHaym3a He3aBUCHMBIX KoMIToHEHT (independent component analysis).

. MeTo/1bl BU3yaln3aliu IaHHBIX BRICOKOH pa3MEepHOCTH.

10. HOpﬂI{OK MPOBCACHUSA U KPUTCPUHU OLICHUBAHUSA l'[pOMC)KyTO‘IHOifI aTTeCTallumn

3ayer ¢ OLIEHKOM B MATOM CEMECTpe MPOBOJIUTCS B MUCHBMEHHOM (popme mo Ouieram.
buiter conepxkuT aBa TeopeTnyecKux Bompoca. [IponomkurensHocTs 3auera 1,5 gaca.
IIpuMepHBIH NepedYeHb TEOPETHYECKUX BOIIPOCOB:

1. OCHOBHBIE TIOHSTHS, TEPMUHOJIOTHS;

2. Data Mining / Data Science;

3. Big Data (ocHOBHBIE OHSITHS U CBOICTBA);

4. Jenykuust u uHIYKIUS;

S, WHTennexTyanbHbli aHaau3 JaHHBIX B OM3HECe MpUMepbl IPUMEHEHUS;

6. NHTennexTyalbHbI aHATU3 JAHHBIX B PEIICHUH CJIOKHBIX MPUKIAAHBIX 33/1a4;

7. WNHTemiekTyanbHbli  aHAIM3 JAHHBIX B PaHHEH JIHArHOCTUKE OMAaCHBIX
3a00JICBaHHUI;

8. VMHTEenneKkTyalbHbId  aHAJIM3 JAHHBIX B  WHAYCTPUAIBHOM MPEAUKTUBHOU
aHAJIUTHUKE;

9. OcHOBHBIE 3371a4H U KJacCU(UKAIUsI METOI0B aHaIN3a JIaHHbIX;

10.  IlpuHnunuasbHbIE OCHOBBI MAIIMHHOTO OOYYEHUS;

11.  TlpeaBapurenbHast 00pabOTKa TaHHBIX;

12,  Onrumu3zanus NpU3HAKOBOT'O MPOCTPAHCTBA,

13.  TlocraHoBKa 3a7a4M KJIACCH(HUKAIINN;

14.  Kontponupyemas HenmapaMmeTpuieckas Kiaccupukanus;

15. KonTtponupyemas HemapameTpuueckasi HelipocereBast KiiacCupuKaIus;



16.  Knaccudukamus no MeToy MalliHbl OTIOPHBIX BEKTOPOB;

17.  JlepeBbs pelIcHHII;

18.  Hexontpomupyemas kinaccuduraius (KiiacTepu3arwsi);

19.  Perpeccusi (MOHSTHE pErpeccud, OCHOBHBIE ATallbl PErPECCHOHHOTO aHaln3a,
METO/IbI BOCCTAHOBJICHUS PEIPECCUN);

20. Acconmanus;

21.  IlocnenoBarenbHas accolManus (QITOPUTMBI CEMECTBAa «ATPUOPU», aITOPUTM
GSP);

22.  MHOroypoBHEBOE€ MalIMHHOE OOydeHue (OYTCTPANNIMHT, OATTHHT, CTEKHUHT,
OyCTHHT);

23.  OOHapyxeHUE aHOMAJIHIA;

24.  Bwusyammsanus B Data Mining;

25. OYHKIUU aKTUBALIUY;

26. OCHOBHBIE TUITBI HCKYCCTBEHHBIX HEUPOHHBIX CETEH;

27.  CBepTOYHbIC HEHPOHHBIE CETH;

28.  Cpenpl u GpeiiMBOPKHU TIIYOMHHOTO OOYyYCHHS;

29.  OcHOBHEIC 32/1a4U 00PAOOTKHU TEKCTA,

30.  Drambl mpenBapUTENbHON 00pabOTKH TEKCTa;

31. Metpuku KauecTBa KjiacCU(UKAIUH;

32. I'unoresza A/B, Kanma-unaexc cornacusi, ROC-kpuBas;

33. Merpuka KauecTBa MPOTHO3a BPEMEHHOTO PSJIa;

34.  Merpuku KauecTBa KJIacTepH3aIuH;

35.  IIpuHIUIIEI BRICOKOTIPOU3BOIUTEIHHBIX BEIYHCICHUMH;

36.  OcobGeHHOCTH MOCTPOCHUS BEIUMCIUTENHLHOTO KIIACTEPA;

37.  Cpenbl © HHCTPYMEHTHI BEICOKOITPOU3BOIUTEIIBHBIX BEIYHCIICHHH;,

38.  Hncrpymentsl data mining.

PGSYJ'IBTaTbI 3a4€Ta C OHGHKOﬁ OonpeACIAIOTCA OLCHKAMHU «OTJIMYHO», «XOpOoLIOo»,
«YHAOBJICTBOPUTCIBHOY», KHCYAOBJICTBOPHUTCIBHO.

HJ’IH OLCHKHU 3JSTallOB OCBOCHUA KOMIICTCHIHWU HUCIIOJB3YCTCs 6aHHLHO'pCﬁTHHFOBaﬂ
CHCTEMA OLICHUBAHUA:

DneMeHThI y4eOHOM MakcumasibHBIN 6ai ¢ OuenuBaemast
NEeATENbHOCTH Hayajia ceMecTpa KOMIIETEHIUS
Pedepar o reme ¢
dep : 20 OIIK-3
Mpe3eHTaluein
Peanuzamus npoekra 40 OIIK-3
Omnpoc Ha 3aHATUAX 10 OIIK-3
3a4er ¢ OLEHKOM 30 OIIK-3

Cymma 6GanioB, HaOpaHHas CTYJAEHTOM B TEUEHHME CeMecTpa M Ha 3aueTe C OLCHKOMH,
NEPEBOJUTCS B OLIEHKY IMPOMEXYTOYHOW aTTECTAllMK YCIEBAEMOCTH CTYJEHTa MO MPUBEACHHOMN
HIWKE LIKaJIe.

IlepecueT OanIoB B OLIEHKH JUIsl MPOMEKYTOYHON aTTeCTallUu:

bauibl Ha 1aTy KOHTPOIBHOM TOYKH Ouenka

> 90% OT MakCUMaJIbHON CyMMBbI OaJlJIOB 5

Ot 70% 1o 89% ot MakCUMaJIbHON CyMMBbI OaJIJIOB

4
Ot 60% 10 69% OT MaKCUMaJIbHON CyMMBbI OaJIJIOB 3
2

< 60% OoT MakcHMaJIbHOW CyMMBbI 0aJIOB




11. YyeOHO-MeTOOAMYECKOE 00ecIIeUeHHue

a) DNEKTPOHHBI YYEOHBIH KypC MO JUCHHMIUIMHE B JJICKTPOHHOM YHHUBEPCUTETE
«Moodley - - https://moodle.tsu.ru/course/view.php?id=22102

0) OLieHOYHBIE MaTepHalibl TEKYLIEro KOHTPOJIS M MPOMEKYTOYHOW aTTECTalluH I10
JUCIIMIIIIMHE.

12. Ilepeyennb yueOHOiIi JJuTepaTypbl U pecypcoB ceTu UHTepHeT

a) OCHOBHas JUTEparypa:

— 3amsatuH A.B. BBeneHue B MHTEIUICKTYaIbHBIN aHATU3 TaHHBIX : yueOHOe mocobue /A.
B. 3amsarun. - Tomck : U3parensckuit Jlom Tomckoro rocyapcTBeHHOTO yHUBepcuTeTa , 2016. -
118 c. — URL.: http://vital.lib.tsu.ru/vital/access/manager/Repository/vtls:000529594.-1

— Pocket Data Mining electronic resource : Big Data on Small Devices / by Mohamed
Medhat Gaber, Frederic Stahl, Jodo Bartolo Gomes. - Cham : : Springer International Publishing
. - Imprint: Springer, , 2014. - 108 p. — URL: http://dx.doi.org/10.1007/978-3-319-02711.-1

- Principles of Data Mining electronic resource /by Max Bramer. - London : Springer
London : Imprint: Springer, 2013. - 440 p. — URL: http://dx.doi.org/10.1007/978-1-4471-4884-5

0) JOTIOJIHHUTEIbHAS JINTEPATypa:

— Principles of Data Mining electronic resource /by Max Bramer.Bramer, Max. London :
: Springer London :: Imprint: Springer, 2013, XIV, 440 p. [DnekTpouHslii pecypc]. — Pexum
nocryma: http://dx.doi.org/10.1007/978-1-4471-4884-5.

— Pocket Data Mining electronic resource : Big Data on Small Devices / /by Mohamed
Medhat Gaber, Frederic Stahl, Jodo Bartolo Gomes.Gaber, Mohamed Medhat. Cham : : Springer
International Publishing : : Imprint: Springer, , 2014. 1X, 108 p. [OnekrponHsiii pecypc]. —
Pexxum noctyma: http://dx.doi.org/10.1007/978-3-319-02711-1.

— Mupkun b. I'. BBegenue B aHanu3 1aHHBIX | yUeOHUK U MPAKTHKYM JUIsl OakaiaBpuara
U MarucTpatypbl : [[Ji1 CTYIEHTOB BY30B, OOYyYalOUIUXCS [0 HWHXEHEPHO-TEXHUYECKHM,
€CTECTBCHHO-HAYYHBIM M SKOHOMHUYECKHM HAIIPaBJICHUSM U crienuanbHocTsM| /b. I'. MupkuH ;
"Briciias mkona 3koHOMUKHM" HalnoHanbHBIN KccaeaoBaTelIbCKuil yHUBEpCUTET. — MockBa :
FOpaiir , 2015. - 173 c.

— Kynanues A.Il. Metoasl M cpeacTBa KOMIUIEKCHOTO aHaiM3a JAHHBIX @ yd4eOHOe
nocobue. — Mockga : @opywm [u 1p.] , 2014. — 511 c.

13. llepeyenb HHGOPMALMOHHBIX TEXHOJIOTUI

a) JIMIIEH3UOHHOE U CBOOOJIHO PACTIPOCTPAHSIEMOE MPOTPAMMHOE 00ECTICUCHHE:
— C, C++, C#, Python, R-Studio, Rapid Miner, MS Azure;

0) npodeccuoHanbHbie 6a3bl JAHHBIX:

— Data Mining for Service electronic. Berlin, Heidelberg, Imprint: Springer, Springer
eBooks VIII, 291 p. 2014 (edited by Katsutoshi Yada) [Dmnexkrponmusiii pecypc]. — Pexum
noctyna: http://dx.doi.org/10.1007/978-3-642-45252-9

— Data Mining for Geoinformatics electronic resource : Methods and Applications /
/edited by Guido Cervone, Jessica Lin, Nigel Waters. New York, NY : : Springer New York : :
Imprint:  Springer, , 2014, 166 p. [DnekrponHblii pecypc]. — Pexum mocryma:
http://dx.doi.org/10.1007/978-1-4614-7669-6

14. MaTepuaibHO-TeXHHYECKOe odecrieyeHmne

AYJII/ITOpI/II/I AJi1 TpOBCACHU A 3aHATHH JICKOMOHHOT'O THUIIA W 3aHATHUA I IPOBCACHUA
J'Ia60pElTOpHLIX pa60T, OCHaIlICHHBIC KOMHBIOTCpHOfI TEXHHUKOMH C YCTAaHOBJICHHBIM
COOTBETCTBYIOIIMM IIPOTpaMMHBIM oOecreyeHneM | 060py)1013aHI/1eM, noaAACPpKUBAOIITNM
IMPOBCACHUC Hpe3eHTaI_II/II>'I, MMOCTPOCHUC HpOCKTHOfI JOKYMCHTAIlMU, BBIXOIA B CCTh I/IHTepHeT.


https://moodle.tsu.ru/course/view.php?id=22102

Aynutopuu Ui IPOBEACHUS UHIMBUYaIbHBIX U IPYIIIOBBIX KOHCYJIbTALMH, TEKYIIETO
KOHTPOJISI U TPOMEXYTOYHOM aTTECTaLNH.

[Tomerienust Iss CaMOCTOSITENNFHONW pabOTHI, OCHAIEHHBIE KOMIBIOTEPHON TEXHUKOH U
JOCTYNIOM K cetu MHTepHeT, B 3JIEKTPOHHYI0 HMH(POPMAalLMOHHO-00pa30BaTEIbHYO CpEly U K
UH(POPMALIMOHHBIM CIIPABOYHBIM CUCTEMaM.

15. Uudopmanusi o pa3padoTunkax

3amaTtuH AJjekcaHnp BmagumupoBuy, A-p TEXH. HaykK, Opodeccop, 3aBeayrOIUi
kadeapor teopernueckux ocHoB mH(popmatukun HU TI'Y, mupekTop MHCTUTYTa MPUKIATHON
MaTE€MaTHUKHU U KOMIIbIOTEpHbIX Hayk HU TT'Y.



