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Ilesib ocBOEHNS TUCHHMIIIHHBI

Hean — Ilonydenue 3HaHuil B 00NacTH MOJENEH M METOAOB WHTEIUIEKTYaJbHOI'O aHAJIN3a
JTAaHHBIX B 3ajjayax MOMCKa HHpopMalKu, 0OpabOTKU M aHAIN3a JaHHBIX, a TAKXKe PUOOpEeTeHHE
HaBBIKOB HccienoBaress naHHbIX (data scientist) M pa3paboTyvka MaTeMaTHUYECKUX MOJEIEH,
METO/IOB U aJITOPUTMOB aHAJIN3a IaHHBIX.

1. Mecto nucuumiauibl B cTpykType OITOII

JucuunnmnHa «BBeneHue B HMHTEIUICKTYyaJIbHBIA aHAIW3 JIaHHBIX» OTHOCUTCSA K BapUaTHUBHOMU
yactu bioka 1 «/luciumniansb», BXOAUT B MOAYJb «BBelleHNE B HCKYCCTBEHHBIN MHTEIIIIEKT.
[IpepexBU3UTHI TUCHUILIAHBI: HET.

[ToctpexkBu3uThl nquctUIUIMHBL: «HelipoHHble ceTn», «TeXHOJIOruru BBICOKOIPOU3BOAUTEIIHHOM
00paboOTKH OOJBIIUX JTAHHBIX).

2. KomnereHuuu u pe3yabTaThl 00y4deHusi, (opMupyembie B pe3yjabTaTe OCBOECHHS
JUCHUILTHHBI
Tabmuma 1.

Kon u HanmeHoBanue pe3yJbTaTOB 00y4eHUsI

(mIaHUpyeMble Pe3yNIbTaThl 00YUSHHUS 110

JHUCUUIUIMHE, XapaKTePH3YIOIIUe ITaIbl
(bopMHIpOBaHUST KOMIICTEHITHI)

Komnerenuus NuaukaTop KoMneTeHUMU

TIK-3. Ciocoben UIIK-3.1. OcymecTBuseT OP-3.1.1. 3HaTh OCHOBHBIC METO/IBI HAYTHO-

OCYILIECTBIIAITh HAy4YHO- | TIpOBeCHUE PadOT MO 00paboTKe W | MPaKTUIECKOTO MTOMCKA B 3a7a4ax
HCCICIOBATEIbCKUE U | aHanmsy HAyYHO-TEXHHYECKON | MHTEIICKTYaIbHOTO aHAlIn3a JaHHBIX U IPYTHX
OMBITHO-KOHCTPYKTOPCKUE | MHPOPMALUU " Pe3yJabTaTOB | 00JACTSX C UCIIOIB30BAHUEM HH(POPMAIIMOHHBIX
pa3paboTku KakK MpHU | UcCclea0BaHUI. TEXHOJIOTUH.

HCCIIEJOBAHUH OP-3.1.2: 3HaTh CyIIECTBYIOIIHE METONBI U

CaMOCTOSTENBHBIX TEM, TaK
U pa3pabOTKH MO TEMATUKE
OpraHU3aIHH.

HOAXOOBl K  HMHTCIUICKTYaJbHOMY
JIAaHHBIX Pa3IMYHON IPUPOIBI.
OP-3.1.3. YMeTh NPHMEHSTh CYIIECTBYIOLINE
METOJIbl MHTEJUIEKTYaJIbHOTO aHaln3a JaHHbIX,
000CHOBAHHO aJanTHPYs M MOAUGUIMPYS UX C
y4eToM OCOOCHHOCTeH 3aJauyd NpeAMETHOM
obnactu.

aHaJIn3y

3. CTpyKTYypa U coiep:KaHHe AU CHUIITHHBI
3.1. CTpyKTYpa H TPY/10€MKOCTh BH/I0B Y4eOHO# padoThI M0 AUCHHUIINHE

OO6m1ast Tpy0€MKOCTh TUCIUIUIMHBI COCTABIISIET 3 3aueTHbIe eAMHUIBI, 108 qacos.

Tabauna 2.
TpymoeMKOCTh B aKaJJeMHUUICCKHX
Bug yuebHoit paboTh yacax

5 cemecTp BCETO
O0mast TPy10eMKOCTh 108 108
KoHTakTHasi pagora: 50,65 50,65
Jexiuu (JI): 32 32
[paktuku (I13) 16 16
JlaGoparopuslie pabotsl (JIP)
Cemunaps! (C3)
['pynmnoBele KOHCYIBTALMU 2 2
WNHauBuyallbHbIE KOHCYJIBTALUU 0,4 0,4
[IpoMexyTouHas aTTecTarys 0,25 0,25
CamocTosiTeibHAs padoTa 00yUaloerocsi: 57,35 57,35
- uzyuenue yueOHo2o Mamepuaia 20 20




- n0020mosKa K 1aO0pamopHuim pabomam 37,35 37,35

Buji npoMe:kyTOUYHOIi aTTeCTAIUT . 3auer ¢
N 3adeT ¢ OLeHKOI 9

(3a4eT, 3a4eT C OlIEHKOM, IK3aMeH) OLIEHKO#




3.2. Couepmanne U TPYAOEMKOCTb pa3jie/JioB JTUCHUIIINHBI

Tabnuua 3.
Bnu
Ao Ce Yacsl B
y4eOHOI Kox (s1)
Kon M€ | DBJEKTPO Bcero
HammenoBaHme paserioB v TeM U HX COAEpKaHHe paboTsl, . Jluteparypa pe3ynbTaTa(oB)
3aHATH o CT HHOM (dac.)
3aHATHI, o0OyueHHs
p ¢dopme
KOHTPOJIS
Paznaen 1. OcHoBHBIE NPOOJIEeMBbI IOCTPOEHUSI CHCTEM 1 16,4 1 OP-3.1.1, OP-3.1.2
OP-3.1.3.
1.1 AKTyaJbHOCTbh, 0a30Basi TCPMHUHOJIOTHS U TCHICHIIUU pa3BuTUs. OCHOBHBIC 3a1a4H, Jlexkun 1 2
9Tanbl U Kiaccu(UKalusi METOAOB aHaJIM3a JaHHbIX.
1.2. [pensaputensHast 00paboTka qaHHBIX. Kinaccnpukaris. Jlexrim 1 2
1.3. Perpeccus. Accouunaiusi, mocienoBaTellbHasl acCOLMAIMs, aHOMaJIMK U BU3yanu3anus. | jmabortaTtop 1 2
HbIE
14. Bricokonpon3BoauTenbHas 00paboTKa TaHHEIX. [IporpaMMHbBIE Cpembl A maboratop | 1 2
MHTEJUIEKTYaJIbHOTO aHAIN3a JaHHbIX. HBIE
15 dopma CPC CPC 1 8,4
Tekymuii KOHTPOJIb YCIEBAEMOCTHU
Pa3pen 2. Ilpeasapurennnas 00padorka nannbix. Knaccnpuxanus. 18 1,23 OP-3.1.1, OP-3.1.2
OP-3.1.3.
2.1 OCHOBHBIC METO/IbI U TIPEIBAPHUTEIIbHAS 00pabOTKa TaHHBIX. Jlexkun
2.2 OnTuMHu3anus NPU3HAKOBOTO MPOCTPAHCTBA €3 TpaHC(hOopMaUy POCTPAHCTBA Jlexnun 2
MPU3HAKOB.
2.3 KonTtponmpyemas HemmapaMmeTpruieckas HelpoceTeBast KIacCHpUKAITHS. maboratop | 1 2
HBIE
24 Krnaccudukaius no MeToay MallMHbl OIOPHBIX BEKTOPOB. JlepeBbs pelieHu. maboratop | 1 2
HbIE
®opma CPC 10
Texymuii KOHTPOJb yCIIEBaEMOCTU
Pasnen 3. Perpeccusi. Accouuanus, nocjie0BarejbHast acCOUALUA, AHOMAJTUHN U 18 1,23 OP-3.1.1, OP-3.1.
BU3YAJIM3alUs OP-3.1.3.
3.1 [Monsitue perpeccun. OCHOBHBIE 3TAlbl PErPECCHOHHOTO aHANN3A. Jlekuuu 2
3.2 Oncanne aaropuTMa acCoIHaIuu. Jlexruu 2
3.3 AnroputMmel cemeiictBa «Anpuopu». Anroputm GSP. maboraTop
HBIE
3.4 OOHapyXeHHe aHOMAJINH U METO/IbI BU3YaJIH3aLIUH. naborarop | 1 2




HBIC

®opma CPC 10
Tekylmuii KOHTPOJIb yCIIEBAEMOCTHU
Pa3znen 4. Boicokonpoun3sBoauteabHas 00padoTka faHHbIX. [IporpaMMHbIe cpebl 18 1,23 OP-3.1.1, OP-3.1.2
JJIsl HHTEJUIEKTYaJIbHOT0 AHAJIN3A IAHHBIX OP-3.1.3.
4.1 [IpuHIUIEI OpraHU3alui BRICOKOIIPOM3BOIUTENBHEIX BEIYHCICHNH. SMP-cricTeMBI. Jlexmn 11 2
4.2 Moaenu napamnenbHbix Berancinennit MPMD, SPMD. Jlexiun 1 2
4.3 [Tnatdopma nporpaMMHpOBaHUS U BBITIOJIHEHHUS pacIipeAeIEHHbBIX BHIYUCICHUI naborarop | 11 4
Hadoop MapReduce, Mahout, Cassandra, Spark. Hepensunonnsie 6Ga3bl JaHHBIX HBIE
HBase u s361k NoSQL. Cpensl u si3plku iporpaMMupoBanns Python, R. 1
®opma CPC CPC 11 10
KoHcynbTanuu B Nepro TEOPETUIECKOr0 O0YUSHHSI M IPOMEXKYTOYHOM aTTecTalun 3,6
[TpoMexxyToyHas aTTecTanus 3a0 1 2,3



https://ru.wikipedia.org/wiki/NoSQL

4. O0pa3oBaTe/ibHbIe  TEXHOJIOTHH, Y4yeOHO-MeTOoAM4Yeckoe MW  HHGpopMaNMOHHOE
ol0ecrieyeHue 11 OCBOCHHS TUCHHUIINHBI

Kaxnpi  crymeHT — peanus3yeT  MHIUBHUIYAJIbHBIM  WIM  TPYIIIOBOM  IIPOEKT  Kak
II0CJIEI0BATEIBHOCTD J1a00paTOPHBIX paboT. TeMbl IPOEKTOB UMEIOT CIEAYIOIINN 11Aa0I0H:

1. PeanuzoBaTh airopuT™M aHaiau3a JaHHBIX.

2. [IpennoxuTh W  peaJn30BaTh  TEXHOJOTUMM  IOBBILIEHUS  POU3BOJUTEIILHOCTH

BBIUMCJICHHM, BBITIOTHSAEMBIX aJITOPUTMOM.

JlabopaTopuasi pa6ora Nel. MuauBuayanbHOe 3aJaHue IO TeMe «AHaJINU3 IPEIMETHOU
obnactu, popMyIupoBKa LieJieil U 3ajau ucciegoBanus. M3pneueHrne u nepBUYHOE COXpaHEHUE
JAHHBIX.

Leap padoTrbl — HAyYUTh CTYJACHTOB peIIaTh 3a/aydl aHaju3a MNpeJMEeTHON obiacTtu, ee
aJanTalMyd Ui METOJAOB aHaju3a JaHHBIX C YYeTOM MPHHIUIHUAIBHBIX OCOOCHHOCTEH
peIMETHOM 00JIacTH.

JlabopaTopuasi padora Ne2. HWuauBuayanbHOe 3aJaHUE IO TeMe
00paboTKa JaHHBIX: OYUCTKA, HHTETpaIlHs, IPeoOpa3oBaHUEey.

Leanb padoThl — HAYYUTH CTYACHTOB peIIaTh 33Ja4ydl MPEABAPUTEIHHON OOpaOOTKM HAHHBIX,
IpeJoararomeld TpyA0eMKYIO MPOLEAypy OUUCTKH (MCKIIOYEHHE MTPOTUBOPEUUi, CIydailHbIX
BHIOPOCOB M TIOMEX, INPOIYCKOB), HWHTErpanmuu (0ObeAWHEHHE JaHHBIX M3 HECKOIBKHX
BO3MOXXHBIX HCTOYHHUKOB B OJIHOM XpaHWUIUINE), MpeoOpa3oBaHus (MOXKET BKIIIOYATh
arperupoBaHue M CKATHE JAHHBIX, JUCKPETU3ALMIO aTpUOYTOB M COKpAIllEHUE Pa3MEPHOCTH U
T.IL.).

JladopaTopuasi padora Ne3. MnausunyansHoe 3ananue no teme «CoaepKaTesbHbIN aHAIU3
naHHbIX MeTogamu Data Miningy.

Iear paGoTbl — HAy4YUTh CTYACHTOB OOOCHOBAaHHO TPHUMEHSATh 0a30BbIE METOJIBI
MHTEJJICKTYaJIbHOTO aHaN3a JaHHbBIX, YYUTHIBasi 0COOEHHOCTH KaK TEOPETUUYECKOTO MOCTPOSHUS
IPUMEHSIEMbIX METO/I0B, TAK U BHIOPAHHOM MPEIMETHOM 00J1acTH.
JlabopaTtopnass paGora Ned. MunuBunyanpbHOE 3aJaHUE II0 TEMeE
MHTEPIIPETALNS TOJYYEHHBIX PE3YJIbTAaTOB.

Leab paGoThbl — HAYYUTH CTYACHTOB BBINOJIHATh BU3YAIN3ALMIO M MHTEPIPETALUS TOJIyYEHHBIX
pe3yJbTaToOB B BUJE, IPUTOIHOM JIJISl IPUHATHUS YIIPABICHYECKUX PEIICHUH.

CamocrodrenbHas paboTa CTyI€HTOB IO IPeAMETY OPraHUu3yeTcs B CIEAYIOUIMX opMax:

1) camocTOSITeNbHOE HM3Y4YEHHE OCHOBHOTO TEOPETHYECKOTO0 Marepuaya, O3HAKOMIICHHE C
JIOTIOJIHUTEILHON IUTEpaTypol, IHTepHeT-pecypcamu;

2) BBIMOJIHCHUE MHAMBUAYAJIbHBIX MPOEKTOB, PEIICHNE MPOPECCHOHATBHBIX 3a/1a4 U3 peabHOM
MpeAMETHOM 00JIacTH.

B kadectBe y4eOHO-METOAMUYECKOTO OOECIEUYEHUs CaMOCTOSTENbHOW pPabOThl HCMONb3YeTCs
OCHOBHas U JIOTNIOJHUTENbHAs JUTepaTypa 1o npeamery, Marepuer-pecypcbl, MmaTepua JeKIui,
yKa3aHUsl, BbIJTAHHBIE NIPETIOAaBaTEeNIEM IIPU MPOBEACHUN J1a00PaTOPHBIX padoT.

«IIpenBapurenpHas

((BI/I3yaJ'II/133.I_II/IH u

Tembl 1J1 H3YUYEHUS

@DopmMbl BBINOJHEHNSI 32IAHUN

AKTyaJlbHOCTb, 0a30Basi TEPMUHOJIOTUS
U TeHAeHIMM pa3BuTus. OCHOBHBIE
3aJauM, dTanbl M KIacCHU(pUKalus
METOJIOB aHAJIN3a JaHHBIX

CamocTosTeNbHOE H3YyYEHHE TEMBI,
IIPEJI0KEHHON IPETIOAABATEIIEM.
CamocrosiTenpsHOE BBIITOJIHEHUE
nabopaTopHoii paboTsl Nel

[IpenBaputenbHas 00paOOTKa JTaHHBIX.
Knaccugukarus.

CamocTosTENbHOE W3YyYEHHE TEMBI,
IIPEJI0KEHHON IIPETIOAABATEIIEM.
CamocrosiTenpHOE BBIITOJIHEHUE
nabopaTopHoil paboTsl Ne2

Accomuanmusi,
accoumanms,

Perpeccus.
MOCJIEA0BATEIbHAS
AHOMAJIMHW W BU3yaJIU3aluia

CamocTosTeIbHOE H3YyYEHHE TEMBI,
IIPEJI0KEHHON IPETIOAABATEIIEM.
CamocrosiTenpHOE BBIITOJIHCHUE




nabopaTtopHoii paboTbr Ne3

JNAaHHEBIX.

Beicokonpon3BoauTenbHAS
[IporpammMHBIE  cpenbl
MHTEJJIEKTYaJIbHOTO aHAJIN3a JAHHBIX

obpaboTka
JUIS

CaMOCTOSITEIbHOE H3YYCHHE TEMBI,
NPE/ITI0KEHHOM MPEToIaBaTeIIeM.

CamocCTosITebHOE
naboparopHoit paboTel Ne4

BBIITOJIHCHHC

HpI/IMepr TEM JIA CAaMOCTOATEC/IbHOT0 U3YICHUS

oOyueHus,

HeiipoceTeBble METOIbI aHAIN3A JAHHBIX, CBEPTOYHBIC ceTH (convolution neural
networks). riiyounnoe o0y4enue (deep learning).
MeTo1pl HHTEUIEKTyalIbHOTO aHainu3a Meaua (social media data mining).
MeTto1bI MaITUHHOTO 00y4YeHUS B 3a/1a4aX (DMHAHCOBOW aHAIUTUKH.

Meto1bl MaIIMHHOTO 00y4YEeHHSI B 33]]auaX paHHEH METUITMHCKON TUarHOCTUKH.
KomOuHupoBanue Mojieneil B aHaJIn3e JaHHBIX, OYCTHHT.
Merton aHanm3a He3aBUCHMBIX KoMITOHEHT (independent component analysis).
MerTo/ibl BU3yaln3aluu IaHHBIX BBICOKOI pa3MEPHOCTH.
TumnoBbie KOHTPOJILHBIC 3a/IaHUS WM HHBIE MaTePUAIIBI, HEOOXOIUMBIC JIJISl OLICHKH PE3YJIbTATOB

XApaKTCPUIYIOIIUX  ITAllbl

dbopMUpOBaHUS KOMIIETEHIIHH,

n MCTOOUYCCKHUC

MaTepHualibl, OMPEICIAIONIME MPOLEIAYPhl OICHUBAHUSA PE3YIbTAaTOB OOYYEHHsI, MPUBEICHHI B
[Tpunoxxenuu 1 k paboueit mporpamme «DoHI OIIECHOYHBIX CPEACTBY.

4.1. PexomMeHnayeMas JINTepaTypa u yueOHO-MeToAHYeCKOe oDecneyeHne

I'ox uzmanus,

Ne
i ABTOpBI / COCTaBUTENH 3arnaBue N3paTenscTBO KOJINYECTBO
CTpaHHuIl
OcHOBHas JIUTEpaTypa
3amsarua A.B. A.B. Benenue B M3narensckuii oM | 2016
1. I/IHTCJ’IJ’IGKTyaJ'ILHHﬁ aHaJIn3 rocyaapCTB€HHOTO
JAHHBIX YHHUBEPCUTETA
Mohamed Medhat Pocket Data Mining electronic | Springer 2014
) Gaber, Frederic Stahl, | resource : Big Data on Small International
" | Jodo Bartolo Gomes. | Devices Publishing :
Imprint: Springer
3 Max Bramer Principles of Data Mining Springer London : | 2013
' electronic resource Imprint: Springer
JononHuTenbHas IuTepaTypa
Principles of Data Minin Springer London:
4, Max Bramer electrc?nic [BSOUTCE g IrFr)]pri?]t: Springer 2013, 440 c.
Mohamed Medhat
Gaber, Frederic Stahl, | Pocket Data Mining electronic
5. | Jodo Bartolo resource : Big Data on Small Imprint: Springer 2014, 108 c.
Gomes.Gaber, Devices
Mohamed Medhat.
BBeIIeHI/Ie B aHaJIN3 JAaHHBIX:
y4eOHUK U IPAKTUKYM IS
OakanaBpuata u
6. | Mupxun B. T. MaruCTpaTypai: [ Mocksa, [Opaiir 2015, 173 c.

CTYJIEHTOB BY30B,
00yJaronuxcst Mo MHXKEHEPHO-
TEXHUYECKHUM, ECTECTBEHHO-
HAyYHBIM U DKOHOMHUYCCKUM



http://chamo.lib.tsu.ru/lib/item?id=chamo:542339&theme=system
http://chamo.lib.tsu.ru/lib/item?id=chamo:542339&theme=system
http://chamo.lib.tsu.ru/lib/item?id=chamo:542339&theme=system
http://chamo.lib.tsu.ru/lib/item?id=chamo:542339&theme=system
http://chamo.lib.tsu.ru/search/query?match_1=PHRASE&field_1=a&term_1=Gaber,+Mohamed+Medhat.+&theme=system
http://chamo.lib.tsu.ru/search/query?match_1=PHRASE&field_1=a&term_1=Gaber,+Mohamed+Medhat.+&theme=system
http://chamo.lib.tsu.ru/search/query?match_1=PHRASE&field_1=a&term_1=%D0%9C%D0%B8%D1%80%D0%BA%D0%B8%D0%BD,+%D0%91%D0%BE%D1%80%D0%B8%D1%81+%D0%93%D1%80%D0%B8%D0%B3%D0%BE%D1%80%D1%8C%D0%B5%D0%B2%D0%B8%D1%87.+&theme=system

HaHpaBHeHI/IHM nu
CIICITHATBHOCTSIM |

Mertonbl U cpeacTaa
Kynanues A.Il. KOMIUIEKCHOTO aHaJlni3a Mocksa: ®opym 2014, 511 c.
JIAHHBIX: Y4eOHOe 1mocolue

4.2. ba3bl JaHHBIX U HHPOPMAMOHHO-CIIPABOYHbIE CHCTEMbI, B TOM YK CJI€e 3apy0esKHbIe

1. OnexktponHas Oubmmoreka (penosurtopuii) TI'Y [DnekTpoHHBIN pecypc] / DiaeKkTpoHHas
oubmuoreka  (penosuropuii) TI'Y: [caiir]. — [Tomck, 2011-2016]. - URL:
http://vital.lib.tsu.ru/vital/access/manager/Index.

2. Data Mining for Service electronic. Berlin, Heidelberg, Imprint: Springer, Springer eBooks
VI, 291 p. 2014 (edited by Katsutoshi Yada) [Daexrponnsiii pecype]. — Peskum mocryma:
http://dx.doi.org/10.1007/978-3-642-45252-9

3. Data Mining for Geoinformatics electronic resource: Methods and Applications / /edited
by Guido Cervone, Jessica Lin, Nigel Waters. New York, NY: : Springer New York : : Imprint:
Springer, , 2014, 166 p. [Dnekrponsbiii  pecypc]. — Pexum  mocryna:

http://dx.doi.org/10.1007/978-1-4614-7669-6

4.3. TlepeveHb JUUEH3MOHHOIO M MPOrPAMMHOIr0 00ecredeH st
Cpeacrsa u cpensl nporpammupoBanus C, C++, C#, Python, R-Studio, Rapid Miner, MS Azure.

4.4. Ob6opynoBaHHe U TeXHHYECKHE CPeICTBA 00yUeHHs

JUis peanu3anuyd JUCIHMIUIAHBI HEOOXOTUMBI JICKIIMOHHBIE AYAWUTOPHH W ayJUTOPUU IS
MPOBEACHUS TPAKTUYSCKUX 3aHATUH. ChnenualibHble TEXHUYECKHE CcpeaAcTBa (IIPOEKTOp,
KOMIIBIOTEP | T.JI.) TPEOYIOTCS IS JEMOHCTPAIMKM MaTepralia B paMKaX M3y9aeMbIX pa3/IelioB,
IIPOBEJCHUS 3alllMThl IMPOCKTOB B KOHIIC ceMecTpa. Becs OCHOBHas MW JIONOJHHUTEIbHAS
JTUTEepaTypa, HeOOXOAMMAst ISl CAMOCTOSITEIILHOM pa0OThI M MIOJATOTOBKHU K dK3aMEHY, UMEETCS B
Hay4Hoil 6ubmmoreke TI'Y.

5. Meroauyeckue ykazaHusi 00y4aomMMcs 0 0CBOEHHIO TN CHUILIMHBI

I[J'ISI yCHIEUIHOTO OCBOCHUSA AUCHUIIIMHBI CTYJACHTEI JOJKHBI TOCCIIATE 3aHATHA, HpOpa6aTI)IBaTI)
yKa3aHHbIE MaTepHalbl ISl CaMOCTOATEIbHOW pabOThl CTYJAEHTOB, BBIMOJIHATH JIaOOpaTOpHbBIE
paboTHL.

6. IlpenoaBaTe/IbCKMii COCTAB, PeAIM3YIOLIUI TUCHHUIIHHY
3amatuH Aunekcanap BmagumupoBuu, I-p TeXH. Hayk, mpodeccop, 3aBeayromui kadenpoit

TEOpeTU4ECKNX OCHOB MHpopMaTuku TT'Y.

7. S13bIk MpenogaBaHusi — PYCCKUI S3bIK.




